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ABSTRACT
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education also appear. The paper also finds evidence that immigrants crowd natives out of
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1. Introduction

Immigration can heavily influence the way in which a country’s labor force
evolves over time. Recent American experience bears this out. The proportion of
immigrants in the adult population, aged 24-64, rose from 4.7% in 1970 to 6.2% in 1980
and 7.9% in 1990. At the same time, there is a general perception that the educational
composition of the immigrant population has changed over the last two decades, with
immigrants becoming less skilled relative to native-born Americans. In a string of
articles, Borjas has shown that such “cohort” effects are crucial in explaining the rising
wage gap between immigrants and natives. (See for instance Borjas, 1985 and 1990.)

This paper has two broad goals. The first is to present a detailed portrait of the
educational attainment of immigrants relative to native born Americans. We will
examine the extent to which immigrants’ level of education has changed, both in an
absolute sense and relative to that of natives, between 1970 and 1990. We also study the
dynamics of educational attainment, by comparing and modeling the enrollment behavior
of immigrants relative to natives over time.

The second broad goal of the paper is to examine the implications of these trends
for both immigrants themselves and for natives.

For immigrants, the central question we address is how trends in immigrants’
educational attainment have affected their earnings relative to earnings of native-born
Americans. We focus on modeling the returns to education, allowing for non-linearities
that have not always been addressed in the earlier literature on immigration. For instance,

we study the relative size of “sheepskin” or graduation effects for immigrants and natives,



and test the idea that the returns to education depend in part on whether the education was
obtained abroad or in the United States. We find these non-linearities to be of some
importance. We also extend the work of Bratsberg and Terrell (1997) by studying the
role that traits of the country of origin play in determining the returns to education among
immigrants.

Finally, we also study the impact of recent immigration on the educational
attainment of natives. While several studies have examined whether inflows of
immigrants have altered the wage structure facing natives, there are good reasons to
believe that immigration can also affect the level of education that natives acquire. If the
arrival of less skilled immigrants lowers the wages of high school dropouts, it may
provide an incentive for natives to acquire more education. But on the other hand,
immigrants may “crowd out” natives from education, in part by making schools less
effective when many of the students have limited proficiency in English. At the college
level, there is the additional possibility that immigrants compete with native minorities
for admissions under affirmative action programs. Betts (forthcoming) and Hoxby
(forthcoming) provide evidence that immigrants have “crowded out” native minorities at
both the high school and college levels. We present further evidence of the extent to
which the ratio of immigrants in the local population induce natives to acquire more or

less education, using a greater time span than was used in the two existing studies.

2. Data

In this paper we use the 1970, 1980 and 1990 U.S. Censuses of Population and
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Housing. Given the extremely large data-set that results from this pooling across three
Censuses, we extracted a 20% randomly selected sub-sample of native-born Americans
from the 5% Sample of the 1980 and 1990 Censuses. All native-born Americans and
immigrants from the 1% 1970 Census are included. Since the 1990 Census is not a
random sample of the population, sampling weights were used. These were set to the
appropriate constants for the 1970 and 1980 Censuses. All weights were then adjusted
accordingly since not all observations for natives were used. Furthermore, there is a
slight variation in the samples used for the tables and analysis presented here. In the first
two tables we present summary statistics of educational attainment for males and females.
This is the least restrictive sample in which all individuals between the ages of 16 and 64
from the sample described above are included. For the remainder of the paper, only
observations for males are included. Also, wage regressions festrict the sample to include
males aged 24 to 64 who worked the year prior to the Census and earned at least $50 in
1989 dollars. Workers for whom Census data on age, sex, immigrant status or education
were allocated were deleted. Section 5, which examines the impact of immigration on the
educational attainment of natives, uses a similar three-Census pooled data-set that we will

describe more fully in that section.

3. Trends in Educational Attainment and Enrollment Among Natives

and Immigrants

We begin by presenting evidence on the distribution of educational attainment

among natives and immigrants derived from the 1970, 1980 and 1990 Censuses. Table 1



shows the mean, 25th, 50th and 75th percentiles of years of schooling among both
groups, for males aged 16-64.!

This table reveals some complex patterns. In terms of the mean level of
education, it does not appear that immigrants became steadily less well educated over
time. The mean level of education of immigrants rose slightly from 1970 to 1980, but fell
slightly by 1990. Overall, for the 1970-1990 period, immigrants became slightly more
educated, with a two-third of a year increase in years of schooling. The trends for natives
are startlingly different, with increases in mean years of schooling in both decades
totaling one and one-third years. Immigrants did become less well educated relative to
natives in both decades, but in absolute terms immigrants’ mean level of education rose
slightly.

Trends in the median, upper and lower quartiles reveai considerable heterogeneity
in the immigrant population. The drop in the relative level of immigrants’ education has
been caused by a considerable decline in the relative educational attainment of the lower

_quartile of immigrants. Between 1970 and 1990, the gap in years of schooling between
the 25th percentile immigrant and the 25th percentile native rose from just one year to
three years. The data on the median and upper quartile tell a quite different story. The
median level of education of natives remained at 12 years in all three decades; among
immigrants, the median level of education rose from 11 to 12 years. The level of
education of the 75th percentile immigrant rose from 13 to 14 years between 1970 and
1990, exactly matching the corresponding levels for natives. Furthermore, in 1980 the
upper quartile immigrant had 15 years of education, compared to 14 for natives.

In summary, the upper half of the immigrant population has been and continues to



be at least as highly educated as the upper half of the native population. The observed
decline in the mean level of immigrants’ education relative to natives reflects a decline in
the relative educational status of the bottom half of the immigrant population.

The table also breaks down the distribution of education among the larger
racial/ethnic groups. These calculations show that at all three quantiles, the years of
schooling of white, black and Asian immigrants have increased significantly between
1970 and 1990. Among Hispanics, the mean level of education was far lower than for the
other immigrant groups in 1970, and remained stagnant through the next two decades.
The data for the three quantiles shows the same stagnation in education among Hispanic
immigrants.

Table 2 shows the same data, calculated this time for women. The mean level of
education among immigrant women increased by more than it’ did for men over the 1970-
1990 period, up from 10.05 to 11.06 years. However, this increase is still lower than the
one for native women; over the same period, the mean level of education increased from
11.26 to 12.61 for natives. The key trend shown among men seems to hold for women as
well: educational attainment increased among immigrants in absolute terms but declined
in relative terms. As for men, the decline in female immigrants’ level of education
relative to natives has been caused solely by a widening gap in the education in the
bottom half of the educational distribution. The gap between immigrants and natives
increased among the lower quartiles by one year, while there is essentially no difference
in educational attainment between immigrants and natives at the median or in the upper
quartile.

Although the rest of Sections 2 and 3 focuses on males only, Tables 1 and 2 do



establish that the patterns in the relative education of immigrants over time have been
quite similar for men and women.

Table 3 breaks down mean years of total schooling over the three Censuses by
arrival cohorts. Comparing cohorts in 1970, the most recent cohort, which arrived during
1965-69, was the most educated cohort with 11.3 years of education. By 1980 there had
been quite a drastic reversal in this pattern, with earlier arrivals in general having a higher
level of education than more recent arrivals. The key observation from this table is that
the more recently arrived cohorts in the last two Censuses have lower average number of
years of schooling than the less recent cohorts.

The distribution of education in the population is not static. Over time, new
cohorts of immigrants and natives enter the working-age population, while others exit.
Within cohorts, the level of education is not static either, as péople upgrade their skills by
deciding to remain in school or to enroll in college. Figure 1 shows the proportion of the
immigrant and native populations enrolled in school or college in 1970, 1980 and 1990,
by age. An interesting pattern emerges. Below the age of 18, the enrollment rate is lower
among immigrants in all three decades, but by age 20 this pattern has reversed. As shown
in Figure 1, and in Figure 2 which continues the graph for age groups 30 to 64, in
virtually all age groups above 20 enrollment rates are higher among immigrants than
natives. The enrollment gap is particularly large in 1990, when roughly 10-15% of
immigrants in their thirties reported being enrolled, compared to about 5-9% of natives.
This higher enrollment rate suggests that while immigrants’ average level of education is
lower, immigrants appear to be more likely to enroll as adults, thereby reducing the gap in

education slowly over time within a given age cohort.?



Table 3 also gives insights into the evolution of education within immigration
cohorts over time. Quite different patterns emerge for more recent and less recent
cohorts. For the two most recent cohorts in 1980, it appears that the mean schooling level
decreased over time. However, comparing mean educational attainment between
Censuses may be somewhat misleading since we had to recode years of schooling for the
1990 Census. It is also possible that the decline is due to reverse migration of the
relatively more educated immigrants.

In contrast, Table 3 shows that there has been a mean increase in educational
attainment of cohorts arriving before 1970, by between 0.9 and 2.9 years from 1970 to
1990. To check whether these rather large increases in mean levels of schooling are
reasonable, and not due to non-random return migration, we used the enrollment
probabilities from Figures 1 and 2 to calculate the expected iﬂcrease in education over a

20 year period. This is calculated by the following formula:

29 39
Z Enrollment Probability; s, +z Enrollment Probability, o,

=20 i=30

where i is the age and 1970 and 1980 represents the Census year. In the above example
the 20 year interval looked at is for an individual who is 20 years old in 1970 and 39 years
in 1989. The expected increase in mean years of schooling for an immigrant in this period
is 2.78 years. This is certainly in the range of mean increase in education mentioned
above. However, Table 3 shows that the largest increase in educational attainment over
the 20 year period was for the oldest cohort, arrivals before 1950. This group is likely to

have a large proportion of individuals who were older than 20 in 1970. If we use the



formula above for an immigrant who is 30 in 1970, the predicted increase in schooling is
only 0.66 years. It appears that perhaps for the cohort that arrived before 1950, the large
apparent gains in mean education over time partly reflect non-random return migration
whereby less skilled workers returned home over time. But for the cohorts that arrived in
the 1950’s and 1960’s, the observed gains may be genuine.

Immigrants to the U.S. are likely to have acquired some education in their home
country and some after migrating. There is no question in the Censuses that asks for this
information specifically. However, we can calculate proxies for these as follows,
assuming individuals are in school continuously from age 6. If an immigrant migrated at
an age of 6 or younger, we assume that all schooling took place in the United States. If
the age at migration was between 6 and the total number of years of schooling plus 6, pre-
migration education is set at age at migration minus 6 and the‘remainder is assumed to be
U.S. education. If age at migration is greater than years of education plus 6, it is assumed
that all schooling took place abroad. 3

Mean years of foreign and U.S. schooling for immigrants by arrival cohorts and
Census year are presented in Table 4. In 1970, the average immigrant had close to 8
years of foreign schooling and 2.68 years of education obtained in the U.S. That is,
immigrants had on average obtained approximately one quarter of their schooling in the
U.S. This composition had changed quite dramatically by 1980. In this year, pre-
migration education had risen to 9.67 years while post-migration education had decreased
to 2.4 years. Only one fifth of total education was obtained in the U.S. This was almost
exactly the same share of post-migration education to total education that was observed in

1990, when foreign education had decreased slightly to 9.51 years and U.S.-acquired



schooling had dropped further to 2.36 years. It is possible that this is simply driven by an
increase in immigration in the 1970’s and 1980’s. Since recently arrived immigrants have
obtained most of their schooling in their home country, as is shown in Table 4, and the
proportion of recent immigrants to the total immigrant population has been increasing,
the share of post-migration education will consequently decrease.

It is interesting to note that the composition of pre- and post-migration education
changes drastically over time for a given arrival cohort. For example, the 1960-64 arrival
cohort had only 0.1 years of U.S. education in 1970. In 1980 this had increased to 1.97
years and by 1990 it was 4.87 years. The large increase in post-migration education
within cohorts over time likely reflects genuine increase in education among immigrants,
non-random reverse migration, and possibly, recall bias in which immigrants
progressively understate the proportion of their education obtained abroad over time.
Another plausible reason for the increase is that the older members of a cohort will have
lower life expectancy, so that the composition of the cohort shifts over time towards a
greater proportion of immigrants who arrived at a younger age. It is these youngest
arrivals who are most likely to enroll in American schools and colleges.

Returning to the enrollment rates depicted in Figure 2, do the higher enrollment
rates of older immigrants relative to natives simply arise due to immigrants who have
dropped out of school going back to secondary school? Figures 3 and 4 address this
possibility. The figures show that when people are divided into those with and without
high school degrees, immigrants in both groups are more likely to be enrolled than are
their native counterparts of the same age.4 Furthermore, approximately 2/3 of the

enrollment gap stems from higher enrollment rates among immigrants in college.



Enrollment rates are likely to differ among immigrants depending on the number
of years in the U.S. One obvious reason for this is that immigrants who have been in this
country for 15-20 years are older than immigrants who arrived in more recent times. This
will be controlled for in linear probability models below. Nonetheless, by looking at the
actual enrollment rates we can observe enrollment behavior of a specific cohort over
time. Table 5 shows the enrollment rates by arrival cohort. As expected, enrollment rates
are highest for the most recently arrived immigrants in all 3 censuses. It is interesting to
note the overall upward trend in enrollment over the 2 decades. In 1970, 6.4 percent of
the most recently arrived cohort, 1965-69 arrivals, were enrolled in school. In contrast,
the immigrant cohort who arrived between 1985 and 1989 displayed an enrollment rate of
16.5 percent in 1990. In other words, the newest immigrants were more than 2.5 times
more likely to be enrolled in school in 1990 compared to 1976. The table also makes
clear that the trend toward higher enroliment rates between 1980 and 1990 has occurred
in part within cohorts over time.

To find out whether the immigrants who are more or less educated upon arrival
enroll in school in the U.S., we calculate enrollment rates by pre-migration education
levels. These are shown in Table 6. It is quite clear that the immigrants who are most
likely to enroll in school in the U.S. are the most highly educated. In 1990, for example,
an immigrant who arrived in the U.S. with at least a high school diploma is 1.5 times
more likely to be enrolled in school than a person who arrived with between 9 and less
than 12 years of education.

To ensure that these results are not due to a possible inclusion of visa students in

the census, we calculated the enrollment rates by both pre-migration education and arrival
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cohort (not presented here) for each census. Since visa students are very unlikely to be
included in the second most recent cohorts in each census, enrollment rates for these
cohorts are likely to reflect enrollment behavior of relatively recently arrived immigrants,
as opposed to non-immigrants such as visa students. In each of the 3 censuses,
immigrants with more than 12 years of education are the most likely to be enrolled in
school. This implies that the most highly educated immigrants upon arrival in the U.S. are
indeed the ones most likely to further their education. This supports the findings of Borjas
(1998) which provide some evidence of complementarity between human capital acquired
in the source country and in the U.S.

Do higher enrollment rates among immigrants reflect a genuine difference from
natives, or do they arise due to systematic variations based on other observable traits,
such as geographic location? A second important question is ’whether the higher
enrollment rates are observed uniformly across all immigrants, regardless of their year of
arrival in the United States. Table 7 addresses these questions by estimating linear
probability models for enrollment.

The probability of overall enrollment is 3% higher for immigrants compared to
natives when factors such as marital status, geographic location and age are controlled
for. Decomposing enrollment into grades 1 through 12 and college shows that the
difference between immigrants and natives is greater for enrollment in higher education.
After controlling for observed traits, immigrants are 1% more likely to be enrolled in
grade school and 2% more likely to be enrolled in postsecondary education. Columns 2, 4
and 6 in table 7 also control for years since migration, differences across cohorts and

differences between natives and immigrants in the impact of age on enrollment



probabilities. The coefficient on the immigrant dummy alone does not indicate the
difference in likelihood of enrollment in these models. Instead, the probabilities have to
be calculated based on the estimated coefficients. For example, in 1990 a 25 year old
immigrant who has been in the U.S. for 2 years, the most recent cohort, is 7% more likely
to be enrolled in school than a native of the same age. The same individual is 1% more
likely to be enrolled in grades 1 through 12 and 6% more likely to be enrolled in college
than a statistically similar native.

Figures 5 and 6 show the predicted difference in enrollment probabilities for grade
school between immigrants and natives (i.e. enroliment probability of immigrants minus
enrollment probability of natives). Figure 5 shows that variations in years since migration
can explain little of the difference in enrollment rates in grades 1 through 12 between
immigrants, about 2%. This in addition to the relatively flat curve in Figure 6 indicate that
years since migration does not explain much of the difference in enrollment probabilities
for grade 1 through 12. Instead age appears to be the driving force behind the differences.
The pattern is complex but the most striking pattern is lower enrollment rates for
immigrants in their teens compared to their native peers.

The relatively low enrollment rates among younger immigrants may
indicate that immigrants, in particular from Mexico, do not “drop in” to high school when
they arrive in the United States. The average Hispanic immigrant in our sample has fewer
than 9 years of schooling and has already been out of school for at least one year by the
age of 16. Similarly, Vernez and Abrahamse (1996) report that the average Mexican
immigrant has only 7 years of schooling. It may be hard for these young individuals to

perform at the same academic level as their native peers. It is quite possible that they



postpone some education until later in life. This would then explain some of the higher
enrollment rates in grade school for immigrants in their twenties and thirties.

The predicted difference in enrollment in postsecondary education
probabilities between immigrants and natives is quite different from that in grades 1
through 12. Immigrants of all ages are more likely to be enrolled in college than are
natives of the same age. These differences are also much more influenced by years since
migration than are enrollment probabilities in grade school. This is shown in Figures 7
and 8. Immigrants appear to enroll at a much higher rate relatively early after migrating,
regardless of age. The benefits, and possibly requirement, of acquiring U.S.-specific
human capital in the labor market would give immigrants an incentive to acquire these
skills soon after arriving: the earlier these skills are obtained, the longer is the period
during which the benefits can be reaped. It should also be notéd that the finding that
immigrants enroll in postsecondary schooling early after arrival may possibly partially
reflect inclusion of visa students in the censuses.

Although immigrants do appear to be more likely to enroll in both secondary and
post-secondary education, it is the level of education, and not its rate of change, that is a
more relevant predictor of an immigrant’s economic welfare. Table 8 presents two
models of years of schooling along with two models for probability of high school
graduation as well as two models for probability of college graduation.

Immigrants are predicted to have 1.4 fewer years of education compared to natives
when age, geographic location and marital status are taken into account. Although
immigrants are 18% less likely to graduate from high school, they are not less likely to be

college graduates. This again shows that there is great heterogeneity in educational
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attainment among immigrants; as we showed in Tables 1 and 2 the upper quartile of
immigrants is as highly educated as the upper quartile of natives. Column 2 in Table 8
adds cohort effects, controls for years since migration and immigrant’s age. Immigrants
who arrived in the 1950’s have 1.5 years more schooling than the most recent cohort,
arrivals between 1985 and 1989. Columns 3 through 6 show linear probability models for
the probability of high school and college graduation. Immigrants who arrived in the
1950’s are 22% more likely to be high school graduates and 4% more likely to have at
least a college degree than the most recent cohort. It is interesting to note that although
our raw data indicate a slight upward trend in mean years of schooling among immigrants
over time, after controlling for immigrants’ age, years since immigration and other traits,
this result suggests an absolute decline in the skill level of immigrants across cohorts.
Figure 9 displays predicted differences in years of schéoling between immigrants
and natives by age and years since migration. The number of years spent in the U.S.
seems to have less of an effect on the educational attainment gap than does age. This
should not be interpreted as an indication of small cohort effects. The graph in Figure 9 is
for a specific cohort, 1975-79 arrivals with 1990 as baseline. Younger immigrants are
predicted to fall further behind natives of the same age until both groups enter their
thirties, when immigrants’ education catches up slightly with that of natives. Since the
coefficients on the cohort variables are increasing with the time since arrival, the graph
understates the impact of years since migration. Nonetheless, it appears that, overall, for a
given year since migration the educational gap increases with age. For example, among
the most recent immigrants, it seems that the older immigrants are relatively less educated

compared to both natives and younger immigrants.
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Another way of looking at this question is to think of age at migration, rather than
years since migration, as a key determinant of total education acquired. > For example,
looking at the line for 2 years since migration in Figure 9, we see that the younger the
person when he immigrates to the United States, the higher will be his level of education
in general. See Gonzalez (1997) for an analysis of the effect of age at immigration on the
level of education of immigrants. He finds, as implied by our analysis, that immigrants

who arrive at an earlier age in the end obtain more years of schooling.

4. Implications of Recent Trends for the Immigrant-Native Earning

Gap

The changes in schooling of immigrants over the last two decades, as described
above, are likely to have consequences of the welfare of immigrants. In particular, they
may affect how immigrants perform in the labor market. The decline in relative
educational attainment of immigrants is likely to affect the difference between
immigrants’ and natives’ earnings. Table 9 shows six models of log weekly earnings. The
first two models assume that earnings for immigrants and natives are affected equally by
factors such as age and education. Later models do not impose this restriction. The
coefficient on the immigrant dummy variable in Table 9, columns 1 and 2, can be
interpreted as the approximate immigrant-native earnings gap. This gap is close to 18%
when controlling for period effects, geographic location, city residence, and age.

However, as shown in model 2, adding variables for education, and education interacted
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with period effects, narrows the gap to slightly over 7%. In other words, the lower levels
of schooling of immigrants explain more than half the wage differential. If we further
adjust for differences in returns to education between immigrants and natives, as in model
3, the data suggest that part of the reason why immigrants earn less is that they have
significantly lower returns to education.®
Model 3 does not capture several important factors that affect earnings. It

is not only returns to education that may differ between immigrants and natives. It is quite
likely that age affects earnings differently between the two groups. Also, the number of
years in the U.S. and year of arrival, or arrival cohort, is likely to affect wages. Models 4
through 6 replicate the first three models after accounting for such effects. The
coefficient on immigrant status alone in columns 4, 5 and 6 cannot be read as the wage
gap between the two groups. It is more convenient to analyze ‘the differential by looking
at Figures 10 and 11. These show the predicted log wage gap by immigrant’s age and
years since migration with and without education controls.” Note that education can
explain much if not all of the wage gap for younger immigrants who have been in the
U.S. for at least 10-15 years. Relatively older and recent immigrants exhibit the greatest
wage gap. This is an indication that the age at migration matters greatly in determining
the immigrant-native earnings gap. The figures suggests that on average, differences in
educational attainment explain about 0.1 log wage points of the observed wage gap, and
in some cases substantially more.

There has been a change in returns to education over the last two decades, with an
increase in the 1980’s after a slight decrease in the 1970’s. Returns to education are

estimated to be slightly over 8% in 1990, as shown in column 2 of table 9. % In 1980 they

i0



were approximately 5.3%, while in 1970 one year of schooling was associated with a
6.7% increase in earnings. Models 3 and 6 show that once the returns to education are
allowed to differ between immigrants and natives, the estimated returns for natives are
always higher than the returns for immigrants. Models 3 and 6 both show that
immigrants, like natives, have experienced cycles in the returns to schooling. However,
the two models differ about the extent to which the changes between 1970-1990 and
1980-90 have been larger or smaller for natives.

The literature on returns to education has consistently found strong evidence of
non-linearities in the impact of schooling on earnings (Jaeger and Page (1996)).
Accounting for these effects can alter economic inference considerably. For instance,
Heckman, Layne-Farrar and Todd (1996) show that accounting for sheepskin effects
fundamentally changes the conclusion that school spending uﬁiformly affects earnings for
all workers. Table 10 presents log wage models that incorporate dummies for completing
12 and 16 years of schooling (this corresponds approximately to graduating from high
school and college respectively). These dummy variables are furthermore interacted with
period effects and immigration status. Table 10, column 2 shows that graduating from
12* grade increases earnings by roughly 7% beyond the estimated (log-linear) returns to
education. Completing 16 years of schooling adds an additional 15-16% to earnings.
Both of these coefficients are highly significant.

As indicated above, schooling may affect immigrants’ earnings differently from
natives. It is therefore necessary to allow for differences in returns to schooling and
distinct sheepskin effects between the two groups. Column 6 in table 10 shows that the

sheepskin effect of high school graduation is approximately 6.5% for natives but is 3.6%



lower for immigrants. Remarkably, the lower sheepskin effect for immigrants is reversed
for college graduates. The coefficient on 16™ grade sheepskin effect variable interacted
with immigrant status is significant and positive. This implies that sheepskin effects from
graduating college are greater for immigrants than natives. This reversal might reflect the
highly selective nature of the flow of college-educated workers into the United States.

The number of years of schooling required to complete high school varies
between countries, suggesting that we may have mismeasured the sheepskin effect for
graduation from secondary school above. To account for these differences we re-
estimated the models in Table 10 with a dummy variable that is equal to one if the person
has completed at least the number of years required to finish secondary schooling in his
home country. However, if a person immigrated to the U.S. before the age of 18 and has
completed 12 years or more of education, he is likely to have graduated from a high
school in the U.S. In these cases we also set the indicator variable equal to one. The data
used to determine number of years necessary to finish secondary education is taken from
Barro and Lee (1993), whose data we downloaded from the NBER's site, and UNESCO
(1996). The Barro and Lee data set includes information on duration in years of primary
and secondary education in 1965. The UNESCO statistics include data on duration for
1996 and any changes that have taken place between 1980 and 1996. ?

The regression results for the education variables when using the adjusted
sheepskin dummy are presented in Table Al in the appendix. These models were
estimated using the same socioeconomic and geographic variables as shown in Table 10.
Since the results for column 1 and 3 in Table 10 do not include sheepskin variables and

the results are consequently identical, they are not presented in Table Al. Using the



modified definition of the high school sheepskin effect for immigrants has little effect on
the size of the sheepskin effect for college completion or most other coefficients, but it
changes the coefficient on the high school dummies dramatically. Columns 3 and 6 in
Table 1A show that the coefficient on the interaction between the high school dummy and
the dummy for immigrants doubles in size. The coefficient is now slightly larger but
opposite in sign to the uninteracted sheepskin effect. In other words, there is no
sheepskin effect or even a slightly negative sheepskin effect for immigrants who have
completed secondary school abroad.

There are a number of ways of interpreting this result. A signaling interpretation
might hold that employers pay a premium to those who complete 12 or more years of
schooling because they believe that it signals ability of the worker. At the same time,
American employers either do not understand that the number‘ of years required to
complete secondary school varies around the world, or they understand these variations
but believe that secondary school completion elsewhere does not provide a very good
signal of ability. A human capital interpretation of this finding might be that around the
world there is a strong degree of complementarity between the skills typically imparted
during the first 12 years of schooling. Furthermore, American firms find that workers
who have completed secondary school abroad, but not exactly 12 years, do not possess
exactly the right mix of skills. This second explanation is somewhat strained, in our
view. A third interpretation is simply that there is measurement error in the international
data we used to redefine the dummy for completion of secondary school. We have no
evidence in this regard.

In summary, it appears that the definition of high school completion matters in
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determining sheepskin effects and that the difference between immigrants and natives is
even greater when differences in high school duration are adjusted for. It also supports
other findings in this paper that indicate substantial heterogeneity in the immigrant
population.

Sheepskin effects are not the only possible type of non-linearity in the returns to
education for immigrants. One of the reasons for lower returns to education for
immigrants may be that the U.S. labor market discounts schooling acquired abroad. For
instance, Friedberg (1996) finds that in the Israeli labor market, returns to education
obtained abroad are significantly lower than returns to post-migration education.

In regressions shown in Table 11, we find that education acquired after migration
is found to have a larger effect on earnings than is education obtained in the home
country. The difference is close to 2%, as shown in Table 10, ;:olumn 2. It is also very
interesting to note that the difference between returns to post-migration education and
returns to natives’ education is much smaller, one third of a percent. The null hypothesis
of equality in returns between pre- and post-migration education is rejected as indicated
by the very low p-values for the F-tests. If we control for cohort effects, as shown in
column 3, the difference between the two coefficients becomes insignificant, indicating
no difference in returns to pre- and post-migration education. Furthermore, if we allow
for differences in the impact of age on earnings between immigrants and natives and
control for cohorts and years since migration, as shown in model 5, it appears that
education obtained before moving to the U.S. yields greater returns than post-migration
education. It is unclear what causes this surprising result. It may partially be explained by

differences in rates of return to pre-migration education due to differences in school
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quality in the source country. Bratsberg and Terrell (1997) find evidence of such an
effect.

The above results in Table 11 are valid only to the extent that our method for
allocating total years of schooling in years of post-migration and pre-migration education
is valid. To check this, we analyzed data from the 1976 Survey of Income and Education
(SIE). This is the only sufficiently large data set including information on pre- and post-
migration education for immigrants in the U.S.!'° In this survey, respondents were asked
whether they attended school before coming to the U.S. and if so, for how many years.
Post-migration education is then simply calculated by subtracting pre-migration education
from total years of education. We replicated the sampling procedure from the three
Censuses with the exception that we included all natives and immigrants between the
ages of 18 and 64 who earned at least $50 in 1989 dollars. Th;'-: same models that are
presented in Table 11 were estimated using the SIE data and are shown in Table 12. For
obvious reasons no period effects or interactions with period effects are included in these
models.

The returns to education appear to be about 2-3.5% smaller in all models shown in
Table 12 for all three education categories, pre-, post- and native education, when we use
the SIE data compared to when we use the Census data. However, the SIE data are from
the mid 1970’s. A closer look at the coefficients for variables interacting period effects in
the regressions using Census data indicate that the estimated differences are quite small.

Model 2 in Table 12 shows that education acquired in the U.S. by immigrants
yields statistically significantly greater returns than does pre-migration schooling, by

about 0.8%. When cohort effects are controlled for, as in model 3, the difference in
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returns between education obtained in the U.S. and abroad becomes insignificant. This is
the same result we reached when performing the same test using the Census data, as
shown in model 3 in Table 11. Also, when age is allowed to affect earnings differently
for immigrants and natives, and years since migration is controlled for, as in model 5 in
Table 12, we find that the returns to pre-migration education are greater than the returns
to post-migration education. This too is what we found when we used the estimated pre-
and post-migration education levels from the Census data. However, using the SIE data,
the difference is insignificant.

The above results from the SIE data show that the relationship between returns to
foreign- and U.S-acquired education is quite similar to what we found when we used the
estimated pre- and post-migration education in the three Censuses. To check further the
validity of the method we used to calculate pre- and post-migrlation education in the
Censuses, we ran the same SIE regressions as in Table 12 but with estimated pre- and
post-migration education. The estimated foreign- and U.S.-obtained schooling were
calculated the exact same way as for the Census data. Table 13 presents two
specifications, models 3 and 5 from Table 12, using both the actual and estimated
variables. The results are remarkably similar. There is virtually no difference in the
estimated coefficients for the education variables. It appears that our method for
estimating pre and post-migration educaﬁon is valid and leads to robust results.

It is quite possible that returns to education may also vary across different races or
ethnicity.‘Table 14 shows the estimated coefficients for returns to education when
regression of the same form as Table 11 column 5 are estimated separately for four

different racial/ethnic groups: whites, blacks, Asians and Hispanics. The groups with the
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highest and lowest returns are whites and Hispanics respectively. We ask two questions.
First, do the relative returns to pre- and post-migration education among immigrants vary
across ethnic groups? Pre-migration education yields significantly higher returns than
post-migration education for two of the groups, whites and Asians. Black and Hispanic
immigrants on the other hand seem to earn the same return no matter where the education
was obtained. Second, how do the returns to education for immigrants differ from those
for natives in the same group? Quite remarkably, for Asians we cannot reject the null
hypothesis of equal returns at the 5% level. Immigrant Asians appear to gain as much
from schooling in their home country as U.S.-born Asians gain from their education. For
other groups both pre- and post-migration education for immigrants have lower returns
than does education for natives of the same racial/ethnic group. The gap is particularly
striking among blacks and Hispanics. Overall, the table makes clear that there is
extensive heterogeneity not only in educational attainment among immigrants but also in

the gains from education.

The Impact of Traits of the Source Country on the Returns to Education

The previous tables show mixed evidence about the relative returns to education
obtained prior to and after a person immigrates to the United States, and clear evidence
that these returns vary by ethnicity. It would be worthwhile to “open up the black box™ to
find out what characteristics of immigrants’ country of origin most affect the returns to
education. A plausible hypothesis is that immigrants who come from countries with
higher standards of living will have higher returns to education. In such countries

immigrants’ parents and peers will be better educated and have higher incomes, which
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should increase the effectiveness of schooling. Similarly, such countries might be able to
afford better schools. It is not clear whether these host-country traits would have a larger
effect on the returns to pre- or post-migration education, but it seems more likely to affect
education obtained before migrating to the U.S.

Here, we are motivated primarily by recent work by Bratsberg and Terrell (1997)
who report that the pupil-teacher ratio in immigrants’ country of origin is strongly related
to the return to years of schooling among immigrants working in the United States. But
based on the above hypothesis, we will also condition earnings on GDP per capita and
average levels of education in the source country as a proxy for the socioeconomic status
of the immigrant’s family and peer group.

Our data are compiled from three sources. The average years of schooling is
collected from Barro and Lee (1993) and covers the period 1960-85. The pupil-teacher
ratio in primary schools for the period 1950-80 is collected from Barro and Lee. We also
used UNESCO (1994) data to extend the period covered for this variable to 1985. The
GDP data is collected from Summers and Heston (1991) and is measured as real GDP per
capita in a constant dollars chain index, expressed in international prices with 1985 base
for the period 1950-1985.

The average years of schooling and GDP per capita are matched to an immigrant's
arrival cohort. For example, we use the 1965 data for these variables for an immigrant
who arrived between 1965-69. This is done to represent the socioeconomic characteristics
of the source country at the time of migration. The pupil-teacher ratio is used to depict
school quality and is therefore matched in a slightly different way, using the period the

immigrant was most likely in primary school. We calculated the year the person was 10
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years old and matched it with the closest year for which data on pupil-teacher ratio exist.
For example, if an immigrant was 10 years old in 1963, we used the pupil-teacher ratio
for that particular country in 1965. If an individual was 10 years old in 1962 we use data
from 1960.

The inclusion of source country traits imposes a limitation on the arrival cohorts
that can be included in the regressions. Since data on average years of schooling is limited
to no further back than 1960, immigrants who arrived prior to 1960 are dropped.
Similarly, since data on the pupil-teacher ratio is limited to 1950 and later, we dropped
immigrants who turned 10 before 1947. In order to ensure that the age ranges of
immigrants and natives were similar, we applied this same restriction to natives, dropping
those born before 1937.

In order to focus on the impact of host-country traits on the earnings of
immigrants, these three variables are set to zero for all natives. Our final subsample
contains workers from 55 countries, including the United States.

We re-estimate models 3 and 5 from Table 11 on this subsample. Since the
earnings of workers from each country are likely to be correlated, and since most of our
variation in the source-country traits comes from across-country, as opposed to within-
country, variation, we estimate the models by GLS, adding a random effect for each
source country. This treatment will reduce the chance that the t-statistics on the host-
country traits will be overstated due to within-group correlation.

Table 15 presents the results. Models 3a and 5a simply replicate models 3 and 5
from Table 11. Since the sample is smaller, and since population weights could not be

used given that we use a random effect method, the results change slightly. The returns to
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both pre- and post-migration education are somewhat lower in model 55 in Table 15 than
in the corresponding model 5 in Table 11.

Regressions labeled 3b and 5b add the pupil-teacher ratio in immigrants’ country
of origin and the interaction of this variable with years of pre-migration and post-
migration education. In both models, the levels effect and the interaction with education
obtained abroad are highly significant, but there is not strong evidence that the pupil-
teacher ratio in the source country is strongly related to the returns to education obtained
by the immigrant after arrival in the United States. Because the levels and the interaction
terms have opposite signs, the derivative of log weekly wages with respect to the pupil-
teacher ratio is predicted to be positive for immigrants with less pre-migration education
and negative for those with more pre-migration education. In model 3b, the derivative is
negative for immigrants with 14 or more years of schooling obtained abroad, and in
model 5b the crossover point is at 13 years of pre-migration education. That is, smaller
class size benefits the earnings of only those immigrants who have obtained at least some
college education before entering the United States. This represents a rather small
fraction of immigrants in the sample, for whom mean years of pre- and post-migration
education is 9.9 and 1.3 years respectively. This result is highly similar to recent findings
concerning the impact of the pupil-teacher ratio on the earnings of natives. Both Betts
(1995) and Heckman, Layne-Farrar and Todd (1996) find evidence that smaller pupil-
teacher ratios are associated with higher earnings only for those with some college
education.

In models 3c and 5¢ we add GDP per capita and average years of education in the

immigrant’s country of origin, both on their own and interacted with years of schooling
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obtained abroad and in the United States. The addition of these regressors reduces both
the levels of significance and the absolute size of the coefficients on the pupil-teacher
ratio and its interaction with pre-migration education slightly. However, in both models,
the pupil-teacher ratio now affects the returns to post-migration education significantly.
Given the variation in results between models b and ¢, it is not clear whether the pupil-
teacher ratio in the country of origin really does affect the impact of education obtained
by the immigrant in the United States. But both specifications indicate that the pupil-
teacher ratio has a larger marginal impact on the returns to pre-migration education than it
does on post-migration education. We find this result quite intuitive.

The average years of educational attainment in the source country is highly
significant: the coefficient on the level effect is negative and the coefficient on its
interaction with pre-migration education is positive. Model 3¢ suggests that the net effect
of higher average educational attainment in the host country on an immigrant’s wages
becomes positive if the immigrant’s own pre-migration education is 11 or more years.
The corresponding crossover point in model 5¢ is 10 years of education.

GDP per capita in the source country also affects earnings of immigrants
significantly. Unlike the other two variables, this trait affects earnings positively for all
immigrants, regardless of their level of education. The impact of GDP per capita on
earnings in the U.S. appears to weaken somewhat as the immigrant obtains more
education of either type.

Differences in returns to education obtained in the U.S. and abroad in the above
models will partially depend on the three source country traits we control for. This is the

case since we interact these characteristics with pre- and post migration education. We



are particularly interested to see at what levels of the pupil-teacher ratio, a measure of
school resources in the immigrant’s source country, U.S. education yields greater returns
than education acquired abroad. In other words, we want to solve for the point at which
the partial derivative of the wage equation with respect to pre-migration education is
equal to this partial derivative with respect to post-migration education. We performed
the neceésary calculations using the returns to education observed in 1990. In model 3b,
this happens at approximately the median pupil-teacher ratio of 30.1, among the countries
included in the sample. For ratios above this, the returns to post-migration education are
greater than for pre-migration education. The overtaking point in model 5b is slightly
higher at around 37 pupils per teacher. In the more complex models, 3¢ and Sc, where we
also include variables for average years of education and GDP per capita in the source
countries, it is also necessary to hold these variables constant fo analyze differences in
returns to education. In these models we hold average years of education and GDP per
capita constant at the median values. The pupil-teacher ratio at which post-migration
schooling yields a greater return than pre-migration education occurs at approximately 30
students per teacher in model 3c. In model 5S¢, the crossover point takes place at a
relatively high pupil-teacher ratio of 55. The higher crossover point in model 5S¢ may be
due to correlation between pupil-teacher ratio and GDP per capita and/or average years of
schooling. The results from all these models indicate, quite intuitively, that returns to
education acquired abroad are only greater for immigrants who come from countries with
relatively high quality, in the sense of class room size, of education.

The overall conclusion from this analysis is that the characteristics of the source

country affect immigrants’ earnings substantially. Reductions in the pupil-teacher ratio



and increases in the average level of educational attainment increase earnings of
immigrants significantly, but only for the most highly educated workers. (For the pupil-
teacher ratio, additional spending on schools increases earnings only for those immigrants
with some college education. The effects become zero or opposite in sign for less well
educated immigrants.) Both of these variables have a greater impact on the returns to pre-
migration education than to post-migration education. GDP per capita affects earnings
positively for all immigrants, although it is the least well educated immigrants for whom

the effect is the largest.

5. Implications of the Rise in Immigration for the Educational

Attainment of Natives: Further Tests of the Crowding Out Hypothesis

The previous section studies the impact of trends in immigrants’ educational
attainment on immigrants themselves. But it seems likely that the rising gap in
educational attainment between immigrants and natives has also affected the lives of
natives. Accordingly, we now examine educational outcomes of natives.

Many studies have examined whether immigration has affected the wages of
natives. But immigration might also influence natives’ own educational attainment. The
direction of such effects is theoretically uncertain. Immigrants are likely to increase both
the costs and benefits of education to natives. The marginal cost of education for natives
may rise due to competition between immigrant and American-born students for school
resources. At the same time, the marginal benefit of education for natives may rise if the

arrival of relatively unskilled immigrants increases the returns to education.
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Two papers have addressed the question of whether immigrants crowd natives out
of education. Betts (forthcoming) models the probability of high school graduation
among native blacks and Hispanics as a function of the proportion of immigrants in the
local population. Using both state-level and metropolitan-level analyses, the paper finds
evidence that inflows of immigrants significantly reduce the probability of high school
graduation among these two minority groups. Hoxby (forthcoming) tests whether
immigrants crowd native-born blacks and Hispanics out of colleges. She too finds
evidence in favor of the crowding-out hypothesis.

In this section, we extend the work in these papers by using pooled 1970, 1980
and 1990 Census data. The section extends the work of Betts (forthcoming) and Hoxby
(forthcoming) by modeling total years of schooling obtained, rather than just the
probability of graduating from high school or the probability of enrolling in college. It
further extends earlier work by including 1970 data in addition to data from the 1980 and
1990 Censuses. The section extends the earlier work by examining the impact of
immigration on the educational attainment of not only blacks and Hispanics, but also
Aslans and whites. (Hoxby’s paper, unlike that of Betts, also examines the impact of
immigration on natives who are disadvantaged, but it does not explicitly study crowding-
out for native Asians or whites.) We would expect immigration to have had a more
adverse impact on the educational attainment of minorities than of whites, to the extent
that immigrant school-children attend the same inner city schools attended by many
native minorities. Furthermore, given that white students’ test scores tend to be higher
than scores of American-born minorities, it is possible that within schools white students

are placed in classes that have relatively few immigrant school-children. For this reason,
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the presence of children with limited English proficiency (LEP) in schools shoﬁld have a
more adverse effect on the education attainment of native minorities than of whites.

The key hypothesis that we test is that the years of schooling obtained by natives
in the age group 24 to 30 is unrelated to the proportion of immigrants in the same age
group. Betts (forthcoming) examined the probability of high school graduation among
those aged 19-25. Since we are interested in the years of schooling obtained eventually
by people, we opted for the older 24-30 age group, so as to capture gains in schooling
resulting from college attendance.'! We use the person’s current state of residence to
attribute the ratio of immigrants to the total population in the age group. This will
introduce measurement error if some people live in a different state at the time of the
Census than the state in which they obtained the bulk of their education. For this reason,
we use the subsample of people who report living in the same‘state five years before the
Census. We will also report in footnotes the results when the full sample, including
movers, was used in the regressions.

For this analysis, we use the full 5% samples for each minority group in 1980 and
1990, the full 1% sample available in 1970, and a 1/200 sample of whites in all years.
However, in 1980, information on whether a person was living in the same state five
years earlier was available for only one half of respondents. We adjust our weights
accordingly. Unlike the earlier regression analysis in the paper, but following Betts
(forthcoming) and Hoxby (forthcoming), we include both men and women in the sample.
The inclusion of women, among other things, helps to counteract the loss of observations
due to the age restriction on our sample.

In order to control for the traits of the parents of the young people aged 24-30 in
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our sample, for each ethnic/racial group we examine people in the same ethnic/racial
group in the same state who are in the age group 45-64, and who are not themselves
immigrants. For this proxy group for parents, we calculate the average income per capita
in 1990 prices and the proportion of people in the groups who are high school dropouts.
We also control for the average pupil-teacher ratio in the state in which the person
resides. For each age group we take a simple average of the pupil-teacher ratio for each
year in which group members were likely to have been in school. (For instance, for
people aged 24-30 in the 1970 Census, we take averages of the pupil-teacher ratios
between the school years 1946-47 through 1963-64. These data are based on data
published by the National Center for Education Statistics (various years) in the Digest of
Education Statistics and the Biennial Survey of Education in the United States (Federal
Security Agency, various years).)

We estimate a fixed-effect model that takes account of any unobserved variations

in educational attainment of people living in different states:

W EDUC,, = 2 STATEy; + a,,CENSUS 70, + 0 CENSUS80,,

+pIMM , + X, T +¢€,
where years of schooling for person i living in state s in time t is regressed on state
dummies, dummies for Census year, the proportion of immigrants in the state’s
population, both calculated for the age group 24-30, and a vector Xy of personal traits:
age and dummy variables for whether the person is female or lives in a city. Based on

availability of data on the pupil-teacher ratio, we include all states but Alaska and Hawaii,

and also include the District of Columbia. In regressions that do not condition on the



pupil-teacher ratio, we include observations from Alaska and Hawaii.

Table 16 shows the main results. For each ethnic/racial group, two specifications
are estimated, with and without the proxies for parental education, parental income and
the pupil-teacher ratio. In all cases the results are consistent: a higher ratio of immigrants
in the young population is associated with a significantly lower level of education among
natives. The results are little changed when the trio of other variables, proxies for
parental income and parental dropout rates and pupil-teacher ratios, are added, in models
2,4 and 6. 12

Numerically, the effects are biggest among Hispanics and Asians, followed by
blacks. "> As expected, the impact on whites is smaller than on American-born
minorities. The effects are meaningful. Consider the results based on the more fully
specified models. An increase of 0.05 in the proportion of immigrants in the young
population is predicted to lower average years of education by 0.29 year for Asians, 0.17
year for Hispanics, 0.10 year for blacks, and 0.06 year for whites. 14

It is also of interest to study more closely the various tiers of education to find out
if crowding out occurs solely at the high school level, or also at higher levels of
schooling. Accordingly, we ran linear probability models for the probability that an
individual obtained a high school diploma or higher, some college or higher, or a four-
year college degree or higher. (In years before 1990, when the Census merely asked
people about years of schooling completed, we use 12 or more years of education as a
proxy for high school completion, 13 or more years as a proxy for some college, and 16
or more years for a four-year college degree.) The specifications were identical to those

in columns 2, 4 and 6 of Table 16 apart from the dependent variables. The coefficients
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and t-statistics on the immigration-to-population variable for each of the 12 models are
shown in Table 17.

The results in all cases show strong evidence that a rise in the immigrant ratio
leads to a rise in the proportion of high school dropouts. But from what tiers of education
do these dropouts come? Is the rise in high school dropouts caused by a drop in the
number of people with a high school diploma only, or do we observe drops in the
numbers of people with some college or four-year college degrees as well? For Hispanics
and Asians, a rise in the immigrant ratio is associated with a drop in the proportion of
students with some college or 4-year college degrees. The association is significant for
“some college” only, though. For blacks and whites the share of people with at least
some college is insignificantly related to the immigrant ratio. This suggests that the main
effect of a rise in immigration for whites and blacks is to discourage those who would
have graduated from high school, but not attended university, from completing high
school. These results are borne out by the results for the models of the probability of
obtaining a four-year college degree, where there is no significant link to the immigrant
ratio for whites. Among blacks, an even stronger result emerges, in which the fraction of
young native blacks who obtain a college degree is significantly and positively related to
the immigrant ratio.

Based on these data, the two groups for which there is evidence that immigration
crowds natives out of college are Hispanics and Asians. However, in both cases the link
is significant only when examining students at the sub-baccalaureate level. 3

Even though the evidence that immigrants crowd natives out of education is

stronger at the secondary level than the postsecondary level, Census data can shed no



light on whether immigration causes natives who do attend postsecondary education to
shift between universities. Hoxby (forthcoming) finds evidence that at very selective and
extremely selective colleges (with average SAT scores in the observed student population
above 1100 and 1200 respectively), immigrants do tend to crowd out American-born
minorities. Taken together with the above results based on Census data, the implication
is that a rise in immigration might not necessarily prevent native minorities from
attending four-year colleges, but it may diminish the quality of colleges that they do
attend. This finding is extremely relevant for policy-makers, given findings by James et
al. (1989) and Loury and Garman (1995) that the quality of university attended influences

a student’s future wages positively.

6. Conclusion and Summary

In this paper we present a detailed picture of the educational attainment of
immigrants in the U.S. utilizing data from three most recent Censuses, 1970, 1980 and
1990. The paper presents trends in educational attainment and its distribution among
natives and immigrants. The main findings are that immigrants’ level of education
relative to natives has declined over the two decades studied, for both males and females.
This fall is driven by a widening gap in educational attainment among the bottom half of
the educational distribution. But the absolute level of education among immigrants rose
slightly between 1970 and 1990. Moreover, the top half of the immigrant population is at
least as highly educated as the top half of natives. This analysis paints a far more

complex picture of the nature of recent immigrants than is commonly given in the press.
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We also model enrollment behavior of immigrants relative to natives. Immigrants
are found to be more likely to be enrolled both in grades 1-12 and college. This also
holds true after we control for socioeconomic characteristics, years since migration and
cohort effects. We infer that immigrants’ educational attainment is likely to catch up at
Jeast partially to that of similarly aged natives as the immigrants spend more time in the
United States.

The paper then analyzes the effects of these trends on immigrants and natives.
For immigrants, we examine the wage gap with natives. We find that the lower levels of
schooling of immigrants can explain more than half the immigrant-native wage gap. We
also allow for non-linearities in returns to education. “Sheepskin” or graduation effects
are highly significant. In particular, sheepskin effects for graduating from college are
greater for immigrants than natives, but smaller for completion of secondary school.
When we redefined the sheepskin effect for completion of secondary school based on the
actual number of years required in different foreign countries, we found that American
employers pay no premium whatsoever to those who have completed secondary school
abroad.

This paper also incorporates models allowing for differences in returns to foreign
and U.S. acquired education. We find that natives’ returns to schooling are greater than
immigrants’ returns to both pre- and post-migration education. In relatively simple
models we find that education acquired after immigrating to the United States brings a
greater payoff to immigrants than does education acquired prior to immigrating. But the
result is not robust, and in fact is reversed, once we allow age to affect earnings

differently between immigrants and natives, and we control for years since migration and
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cohort effects. This result also holds when 1976 Survey of Income and Education data
are used. This is significant since the latter survey, unlike the Census, explicitly asks
respondents about the amount of education that they received before and after
immigrating to the United States.

Comparisons of returns to pre- and post-migration education reveal differences
among ethnic groups. Whites and Asians are found to earn a greater return to education
obtained in their source country while Hispanics display greater returns to U.S. acquired
education than to pre-immigration education, but only weakly so. There appear to be no
differences in returns to pre and post-migration schooling for blacks. We find that traits
of the country of origin, such as the pupil-teacher ratio, the average level of education,
and GDP per capita, affect earnings of immigrants in mostly intuitive ways. However, a
reduction in the pupil-teacher ratio is predicted to increase an immigrant’s earnings only
if he has obtained some college education.

How have trends in the relative level of education of immigrants, and increases in
the proportion of immigrants in the population, affected the welfare of natives? Keeping
to the educational theme of this paper, we extend the work of Betts (forthcoming) and
Hoxby (forthcoming) to test whether immigrants “crowd out” natives from secondary and
postsecondary schooling. We find evidence in favor of this hypothesis for native blacks,
Hispanics, Asians and whites. Intriguingly, most of the crowding out appears to occur in
grade school. However, there is evidence that immigrants crowd native Hispanics and
native Asians out of postsecondary as well as secondary education. Although this finding
is the third such finding in the literature, all of the analyses to date have used indirect

means to infer whether immigrants directly or indirectly dissuade natives from attending
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educational institutions. More direct studies at the school level would do much to
confirm that crowding out occurs.

The paper suggests that education is at the heart of the ongoing debate about
immigration policy. The widening gap in relative educational attainment between natives
and immigrants appears to have had important consequences for both immigrants and
natives. For immigrants, the consequences are directly observed in their wages, with over
one half of the wage gap arising due to the corresponding gap in education. For natives,
we find strong evidence that inflows of immigrants have crowded natives, especially

minorities, out of schools, and to a lesser extent, colleges.
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Endnotes

' The 1990 Census codes educational attainment differently from the 1970 and 1980
Censuses. In the 1990 data, we recoded years of schooling in the same fashion as Borjas
(1995). No school completed, nursery school and kindergarten are recoded as O years of
schooling; first through fourth grade are recoded as 2.5 years; fifth through eighth grade
as 6.5 years; ninth grade as 9 years; tenth grade as 10 years; eleventh grade or twelfth
grade without a high school diploma as 11 years; high school graduate as 12 years; some
college, no degree as 13 years; associate degree as 14 years; bachelor’s degree as 16

years; master’s degree as 17 years and professional or doctorate degree as 20 years.

2 One concern is that higher enrollment rates of immigrants simply reflect enrollment in
English as a Second Language classes. However, the Census form specifically asks
respondents whether they are enrolled in regular school, not casual courses. For instance,
in the 1980 Census respondents were first asked “What is the highest grade (or year) of
regular school the person has ever attended?”. Enrollment is inferred by an answer of
“Now attending this grade” to the subsequent question, which reads: “Did this person

finish the highest grade (or year) attended?”.
3 This is similar to Chiswick’s (1978) approach. He used similar proxies and found no
difference between returns to schooling acquired before or after migration, using 1970

Census data.

* We were concerned that the higher post-secondary enrollment rates among young



immigrants might simply reflect international students in the United States temporarily.
However, when we redrew Figures 3 and 4 including only immigrants who had been in
the U.S. for more than 4 years, the same patterns persisted, with the crossover point at
roughly an age of 17-18 years. In this sub-sample, immigrants were found having higher
probability of attending both grade school and college for all age groups older than 18
years. This almost exactly replicates the results we got when all immigrants are included.
The gap declines foughly by Y% for college enrollment for the 21 to 40 age group and
increases slightly for the 16 to 20 age group. There is very little change in the oldest age

group’s enrollment probabilities.

5 Of course, we cannot include age, years since migration and age at migration in the
regression since they are perfectly collinear. Furthermore, the problem of collinearity
arises in all our models that include cohort dummies, years since migration and census

years.

6 In fact, as an artifact of the specification, the gap is turned into an earnings advantage
for immigrants with relatively low schooling levels. For example, in the 1990 sample,
immigrants with 7 or fewer years of education are predicted to earn more than natives
with similar traits. But the vast majority of immigrants have higher levels of education
than this; for these immigrants model 3 indicates that virtually all of the earnings gap with
natives can be explained by lower levels of education and lower returns to education

among immigrants.



" The lines in Figures 10 and 11 are based on model 4, with no controls for education, and
model 6, with controls for education, in Table 9. The calculations use median years of
schooling, 12 years, for lines with controls for education for both immigrants and natives.

All lines are calculated based on the 1975-79 arrival cohort.

8 In other words, exp(0.078)=1.081, indicating a return of 8.1%.

9 Some countries have more than one structure in their educational system that allows for
different number of years to complete primary and/or secondary education. In these cases
we opted for the ones listed in the main table, i.e. Table 3.1.

10 We thank George Borjas for suggesting that we use this data-set.

! This choice of age group also makes our sample relatively independent of the sample of

younger workers chosen by Betts (forthcoming).
12 The large drop in the number of observations in the more fully specified model for
Asians reflects the fact that the pupil-teacher ratio was not available for Hawaii, where a

substantial fraction of Asians in the sample lived.

13 Similarly, Betts (forthcoming) finds that immigration has a larger effect on the
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educational attainment of native Hispanics than of native blacks.

14 The models were also run using both movers and non-movers. The results were quite
similar, although the coefficients on the immigration variable, while remaining highly
significant, were typically smaller. The most notable changes were that in model #6 for
Asians the immigration variable became only weakly significant (t=-1.82), and in the
model for Hispanic students the perverse sign on the proxy for the parental dropout rate
became statistically significant. All of these differences are consistent with the
hypothesis that when people who have moved between states in the five years before the
Census are included, it introduces measurement error in the state-level variables including

the immigration ratio.

15 We also ran these models including people who had moved between states over the last
five years. This might be the more appropriate sample for examining crowding out from
colleges if many college attendees left home to go to university and still live in the same
state at the time of the Census. For the most part, the results were quite similar in this
larger sample. The only substantive difference was that in the model for college
completion among Hispanics, the coefficient and t-statistic changed to -0.091 and 2.53
respectively. Thus Hispanics are clearly the racial/ethnic group for which the evidence of

crowding out across all levels of education is strongest.
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Table 3
Mean years of Total Schooling. Data is from 1970, 1980 and 1990 Public Use
Samples of the U.S. Census for Immigrant Men aged 24-64.

1970 1980 1990
Years of | Years of | Years of
Education | Education | Education
Cohort

Arrived 1985-89 12.266
Arrived 1980-84 11.679
Arrived 1975-79 12.254 11.492
Arrived 1970-74 11.492 11.448
Arrived 1965-69 11.313 11.855 12.244
Arrived 1960-64 10.963 12.338 12.721
Arrived 1950-59 10.680 12.376 12.723
Arrived Before 1950 10.208 12.351 13.100




Table 4
Mean Years of Foreign and U.S. Schooling. Data are from 1970, 1980 and 1990
Public Use Samples of the U.S. Census for Immigrant Men aged 24-64.

1970 1980 1990
Pre- Post- Pre- Post- Pre- Post-

Migration | Migration | Migration | Migration | Migration | Migration

Cohort Education | Education|Education | Education|Education| Education
All 7.966 2.684 9.672 2.404 9.515 2.365
Arrived 1985-89 12.253 0.013
Arrived 1980-84 11.501 0.178
Arrived 1975-79 12.240 0.015 10.744 0.748
Arrived 1970-74 11.285 0.207 9.785 1.663
Arrived 1965-69 11.310 0.003 11.165 0.690 8.886 3.357
Arrived 1960-64 10.859 0.103 10.368 1.970 7.844 4.877
Arrived 1950-59 9.833 0.847 7.997 4.379 6.697 6.026
Arrived Pre1950 5.185 5.023 7.009 5.342 2.391 10.709




Table 5
Enrollment Rates by Arrival Cohort, for Males Aged 16 —64, Based on 1970, 1980
and 1990 Public Use Samples of the U.S. Census.

1970 1980 1990
Enroliment | Enrollment | Enrollment
Cohort

Arrived 1985-89 0.16508
Arrived 1980-84 0.13436
Arrived 1975-79 0.09309 0.09740
Arrived 1970-74 0.04621 0.07942
Arrived 1965-69 0.06440 0.02887 0.07170
Arrived 1960-64 0.04736 0.03018 0.06530
Arrived 1950-59 0.02896 0.02856 0.05464
Arrived Before 1950 0.01299 0.01074 0.05639




Table 6
Enroliment Rates by Pre-Migration Education, for Males Aged 16 —64, Based on
1970, 1980 and 1990 Public Use Samples of the U.S. Census.

1970 1980 1990
Pre-Migration Education Enroliment | Enrollment | Enrollment
Less than 1 year 0.02290 0.03652 0.09737
1 to 3 years 0.03488 0.02932 0.04455
3 to 6 years 0.01369 0.01121 0.10454
6 to 9 years 0.01361 0.01603 0.07522
9 up to 12 years 0.02610 0.01981 0.09901
12 years 0.01975 0.01136 0.07240
More than 12 and up to 16 years 0.07966 0.08188 0.15700
More than 16 years 0.08641 0.09595 0.13818




Table 7

OLS Model of the Probability of Enrolment, and Enrolment in Grades 1-12 and in
College, for Males Aged 16 —64, Based on 1970, 1980 and 1990 Public Use Samples

of the U.S. Census.

Note: t-statistics appear in parentheses. Number of observations is 2232284

Overall Enrolment

Gr. 1-12 Enrol’t

Coliege Enrol’'t

1 #2 #3 #4 #5 #6
Constant 33089 3.3570 |2.8420 2.8784 |0.4668  0.4786
(764.65) (754.67) | (1002.72 (988.08) | (109.89) (109.54)
)
1970 Census Effect | -0.0384  -0.0377 |-0.0078  -0.0079 |-0.0305  -0.0298
(-81.87) (-78.31) |(-25.45) (-24.96) | (-66.42)  (-63.09)
1980 Census Effect | -0.0493  -0.0486 |-0.0345 -0.0342 |-0.0148  -0.0145
(-112.19) (-108.92) | (-119.81) (-116.87) | (-34.34)  (-32.98)
Married .0.0425 -0.0424 |0.0108 0.0108 |-0.0533 -0.0532
(-91.50) (-91.32) |(35.52) (35.48) | (-116.91) (-116.63)
North-East 0.0125  0.0128 |0.0004  0.0004 |0.0121 0.0124
(24.25)  (24.80) | (1.13) (1.18) (23.95)  (24.46)
Mid-West 0.0144  0.0145 |0.0023  0.0023 |0.0122  0.0123
(29.79)  (30.01) | (7.14) (7.20) (25.58)  (25.76)
West 0.0164 0.0162 |0.0010  0.0010 |0.0154  0.0151
(30.98)  (30.54) |(2.92) (3.00) (29.61)  (29.09)
Resides in City 0.0100 0.0102 |-0.0035 -0.0034 |0.0135  0.0136
(21.96)  (22.34) | (-11.68) (-11.54) |(30.16)  (30.44)
Age .0.2308 -0.2351 |-0.2173 -0.2205 |-0.0134  -0.0146
(-614.67) (-608.00) | (-883.86) (-870.73) | (-36.42)  (-38.45)
Age’ 0.0053  0.0054 |0.0052  0.0053 | 0.00004 0.0001
(525.86) (520.58) | (796.90) (784.41) | (3.98) (7.01)
Age®/10000 0.3889 -0.3979 |-0.4002 -0.4067 |0.0114  0.0088
(-461.82) (-457.44) | (-725.67) (-713.94) | (18.74)  (10.29)
Immigrant 0.0305  -0.7977 |0.0092  -0.6640 |0.0213  -0.1338
(40.76)  (-43.30) | (18.73)  (-55.04) |(29.02)  (-7.39)
Age*Immigrant 0.0717 0.0545 0.0172
(45.73) (53.05) (11.18)
Age**Immigrant -0.0018 -0.0014 -0.0005
(-44.08) (-50.69) (-11.08)
Age**Immig./10000 0.1456 0.1100 0.0357
(41.72) (48.11) (10.40)
Years Since Immig. -0.0010 0.0039 -0.0049
(-2.16) (12.58) (-10.58)
(Yrs. Since Immig.)? 0.00002 -0.0002 0.0002
(1.18) (-13.71) (10.34)

Continued...




Continued:

(Y.S.M.)*/10000
Arrived 1980-84
Arrived 1975-79
Arrived 1970-74
Arrived 1965-69
Arrived 1960-64
Afrived 1950-59

Arrived Before 1950

R-Squared

0.4000

-0.0008
(-0.32)
0.0040
(1.20)
0.0117
(3.88)
-0.0133
(-3.65)
-0.0172
(-5.09)
-0.0173
(-4.44)
-0.0206
(-5.09)
-0.0162
(-3.06)

0.4008

0.4112

0.0217
(13.77)
0.0159
(7.32)
0.0028
(1.44)
-0.0013
(-0.55)
-0.0051
(-2.29)
-0.0051
(-2.01)
-0.0008
(-0.32)
0.0092
(2.66)

0.4122

0.1041

-0.0224
(-9.51)
-0.0119
(-3.66)
0.0089
(2.99)
-0.0120
(-3.35)
-0.0121
(-3.66)
-0.0122
(-3.17)
-0.0197
(-4.97)
-0.0254
(-4.88)

0.1044




16 -64.

Table 8
OLS Models of Years of Schooling and Probability of Graduation for Males Aged

Note: t-statistics appear in parentheses. Data are from 1970, 1980 and 1990 Public Use
Samples of the U.S. Census. Number of observations is 2232284,

Dependent Var.: Education (Years)| High School College Grad’n
Grad’n (ED>12) (ED>16)
Variable #1 #2 #3 #4 #5 #6
Constant 1.4345 |1.2878 |-1.7712 |-1.8191 |-1.0094 |-1.0070
(29.72) [(25.98) |(-264.15)|(-264.16)|(-170.56) |(-165.47)
1970 Census Effect|-1.1123 |-1.1642 |-0.1621 |-0.1693 |-0.0614 |-0.0630
(-212.87) |(-217.11) |(-223.30) |(-227.30) |(-95.86) |(-95.69)
1980 Census Effect|-0.1912 |-0.2324 [-0.0311 |-0.0368 |[-0.0114 |[-0.0131
(-39.04) [(-46.68) |(-45.70) |(-53.16) |(-19.03) |(-21.45)
Married 0.3704 [0.3736 |0.0323 |0.0327 |0.0148 |0.0147
(71.48) |(72.18) |(44.91) |((45.45) |(23.27) |{(23.18)
North-East 0.5854 10.5774 |0.0689 |0.0677 [0.0288 [0.0285
(101.71) [(100.41) ((86.21) |(84.77) |(40.80) [(40.40)
Mid-West 0.4296 |(0.4242 |0.0664 |0.0657 (-0.0015 |-0.0016
(79.46) |((78.55) ((88.40) ((87.53) |(-2.33) |[(-2.43)
West 0.7248 |(0.7322 |0.0955 |0.0966 |0.0271 [0.0274
(122.78) |(124.17) |(116.42) |(117.89) |(37.40) {(37.89)
Resides in City 0.7685 [0.7661 |0.0690 |0.0684 |0.0697 |0.0695
(151.00) [{(150.71) ((97.55) [(96.93) |[(111.61) |[(111.35)
Age 0.8103 |0.8281 |0.1977 |0.2024 |0.0836 |0.0839
(193.53) [(192.18) ((339.79) |(338.21) {(162.87) |(158.63)
Age? -0.0188 |[-0.0193 |-0.0048 |-0.0049 [-0.0018 |-0.0018
(-167.97)|(-167.28) |(-307.69) |(-306.30) |(-132.88) |(-129.88)
Age®/10000 1.2888 |1.3313 ]0.3527 0.3625 |0.1227 |0.1245
(137.24) ((137.33) |(270.30) |(269.18) |(106.51) |(104.63)
Immigrant -1.3839 {1.0647 |-0.1800 |0.6556 |-0.0002 |-0.0941
(-165.76) [(5.19)  |(-155.19)|(22.99) |(-0.28) |[(-3.73)
Age*Immigrant -0.2369 -0.0736 0.0048
(-13.56) (-30.33) (2.21)
Age**Immigrant 0.0064 0.0019 0.00004
(13.67) (28.70) (0.68)
Age**Immigr/10000 -0.5509 -0.1449 -0.0122
(-14.16) (-26.82) (-2.56)
Years Since Immig. -0.1136 -0.0133 -0.0136
(-22.66) (-19.11) (-22.07)

Continued...




Continued:

(Years SinceMig.)
(Y.S.M.)°/10000
Arrived 1980-84
Arrived 1975-79
Arrived 1970-74
Arrived 1965-69
Arrived 1960-64
Arrived 1950-59

Arrived Pre 1950

R-Squared

0.1146

0.0055
(24.82)
-0.6451
(-24.61)
0.1162
(3.18)
0.5190
(15.76)
0.5284
(13.27)
1.1254
(30.56)
1.5204
(35.52)
1.5497
(34.97)
1.4274
(24.64)

0.1171

0.1437

0.0006
(19.94)
-0.0758
(-20.82)
0.0183
(3.61)
0.0669
(14.63)
0.0689
(12.46)
0.1413
(27.62)
0.2031
(34.16)
0.2197
(35.70)
0.2136
(26.54)

0.1463

0.0599

0.0005
(17.66)
-0.0494
(-15.35)
-0.0102
(-2.27)
0.0308
(7.62)
0.0302
(6.18)
0.0500
(11.06)
0.0487
(9.26)
0.0441
(8.10)
0.0260
(3.66)

0.0605




Table 9

OLS Model of Log of Weekly Earnings in 1989$ for Males Aged 24 —64. Adjusted

for Top Coding.

Note: t-statistics appear in parentheses. Data are from 1970, 1980 and 1990 Public Use
Samples of the U.S. Census. Observations that are top coded in 1970 and 1980 are

multiplied by 1.5. All observations with a reported weekly earnings of less than $50 in
$1989 are excluded. Number of observations is 1244531.

Variable #1 #2 #3 #4 #5 #6
Constant 3.6560 [2.9373 |2.9002 |3.6977 [2.9576 |2.9175
(115.28)((98.35) |(97.09) {(112.72)|(95.69) |(94.39)
1970 Census Effect 0.0198 |0.2932 |0.3256 [0.0110 |0.2802 |0.3136
(15.09) |(60.16) |(65.94) |(8.18) |(56.95) |(60.28)
1980 Census Effect 0.0384 [0.4071 |0.4315 |0.0317 [0.3988 |0.4227
(29.79) |(79.10) |(83.28) |(24.28) |(77.11) |(79.24)
Married 0.2589 |0.2433 |0.2427 |0.2593 |0.2434 |0.2426
(192.18) |(192.51)|(192.17) {(192.91) |(192.92) |(192.40)
North-East 0.1521 |0.1176 |0.1161 |0.1503 |0.1167 |0.1155
(103.03) |(84.81) |(83.75) |(102.02)|((84.27) |(83.48)
Mid-West 0.1288 |0.1063 |0.1056 |0.1271 |0.1051 |0.1046
(92.09) |(80.97) |(80.48) [(91.08) {(80.23) [(79.90)
West 0.1413 |0.0968 |0.0937 [0.1423 |0.0974 |0.0940
(92.25) |(67.19) |(65.01) [(93.14) |(67.73) |(65.27)
Resides in City 0.2130 |0.1570 |0.1548 |0.2130 [0.1574 |0.1553
(159.40) |(124.59) |(122.80) |(159.73) [(125.13) |(123.47)
Age 0.1183 |0.0984 [0.0972 |0.1159 |0.0977 |0.0967
(49.25) |(43.64) |(43.14) |(46.61) |(41.85) |(41.45)
Age2 -0.0018 |-0.0014 |-0.0014 |-0.0018 [-0.0014 |-0.0013
(-31.32) |(-25.31) |(-24.77) |(-29.30) |(-24.03) |(-23.65)
Age3I10000 0.0743 |0.0488 |0.0465 |0.0694 |0.0463 |0.0449
(16.33) [(11.45) |(10.90) |(14.73) |(10.46) |(10.15)
Immigrant -0.1663 |-0.0739 |0.1312 |-0.6874 [-0.2044 |-0.1284
(-78.91) |(-37.15) |(23.60) |(-5.53) |(-1.75) |(-1.10)
Age*Immigrant 0.0241 |-0.0027 |0.0076
(2.57) |(-0.31) |(0.87)
Age**Immigrant -0.0007 1-0.0002 |-0.0004
(-3.16) |(-0.74) |[(-1.79)
Age**Immigrant/10000 0.0590 [0.0233 |0.0368
(3.34) |(1.41) [(2.22)
Years Since Immig. 0.0112 10.0239 |0.0213
(9.55) [(21.83) |(18.25)

Continued...




Continued:

(Years Since Immig.)*
(Y.S.M.)°/10000
Arrived 1980-84
Arrived 1975-79
Arrived 1970-74
Arrived 1965-69
Arrived 1960-64
Arrived 1950-59
Arrived Before 1950
Years of Education
Educ*(1970 Census)
Educ*(1980 Census)
Education*(Immigrant)

Educ.*(1970
Cens)*Imm

Educ.*(1980
Cens)*'Imm

R-Squared
F-test:

Immigration interacted
with education, and
Immigration interacted
with education and
period effects = 0

0.1104

0.0780
(283.47)
-0.0131
(-34.70)
-0.0266
(-69.51)

0.2183

0.0822
(279.51)
-0.0157
(-40.96)
-0.0284
(-73.72)
-0.0183
(-40.35)
0.0037

(9.11)
0.0011

(3.06)

0.2194

0.0001

-0.00003
(-0.63)
-0.0138
(-2.18)
0.0340
(3.35)
0.1038
(10.85)
0.1356
(12.59)
0.2125
(21.35)
0.2721
(24.32)
0.2844
(24.72)
0.2607
(18.33)

0.1150

P-value

-0.0006
(-11.43)
0.0454
(7.63)
0.0334
(3.51)
0.0850
(9.47)
0.1057
(10.46)
0.1321
(14.13)
0.1605
(15.27)
0.1667
(15.41)
0.1383
(10.35)
0.0774
(280.28)
-0.0124
(-32.82)
-0.0262
(-68.49)

0.2215

-0.0004
(-8.05)
0.0251
(4.00)
0.0336
(3.41)
0.0942
(9.07)
0.1138
(8.98)
0.1411
(10.42)
0.1727
(10.79)
0.1754
(9.33)
0.1363
(5.34)
0.0815
(267.31)
-0.0147
(-36.75)
-0.0278
(-70.11)
-0.0167
(-30.67)
-0.0010

(-1.15)
-0.0025

(-4.72)

0.2226

0.0001




Table 10

OLS Model of Log of Weekly Earnings in 1989 for Males Aged 24 —64 with

Sheepskin Effects.

See notes to Table 7.

Variable #1 #2 #3 #4 #5 #6
Constant 3.6560 [3.1614 [3.1146 [3.6977 [3.1991 [3.1422
(115.28)|(105.01)[(103.15)|(112.72) {(102.74)|(100.54)
1970 Census Effect 0.0198 |0.1752 |0.2134 |0.0110 [0.1443 |0.1784
(15.09) |(23.99) [(28.43) |(8.18)  |(19.50) |(22.32)
1980 Census Effect 0.0384 |0.3155 |0.3448 (0.0317 |0.2940 |0.3188
(29.79) |(40.91) |(44.06) |(24.28) |(37.85) |(39.27)
Married 0.2589 (0.2436 |0.2432 |0.2593 |0.2438 [0.2431
(192.18)((193.03)((192.74){(192.91) {(193.57)|(193.07)
North-East 0.1521 |0.1190 [0.1177 [0.1503 |0.1180 |(0.1171
(103.03)|(85.86) |(84.91) [(102.02) |(85.36) |(84.66)
Mid-West 0.1288 |0.1086 [0.1077 [0.1271 |0.1076 |0.1067
(92.09) |(82.73) |(82.02) |(91.08) |(82.12) |(81.46)
West 0.1413 |0.0984 [0.0962 [0.1423 |0.0993 |0.0966
(92.25) |(68.34) |(66.67) |(93.14) |(69.07) |(67.06)
Resides in City 0.2130 |0.1567 [0.1552 |0.2130 |0.1570 |0.1557
(159.40)|[(124.50)|(123.27)|(159.73) [(125.01)|(123.97)
Age 0.1183 0.0973 |0.0963 |0.1159 |0.0966 |0.0962
(49.25) |(43.24) |(42.79) |(46.61) |(41.48) |(41.32)
Age® -0.0018 |-0.0014 |-0.0013 |-0.0018 |-0.0013 |-0.0013
(-31.32) |(-24.88) |(-24.40) |(-29.30) |(-23.61) |(-23.46)
Age’/10000 0.0743 |0.0468 |0.0447 [|0.0694 |0.0441 |0.0437
(16.33) [(10.98) [(10.50) |[(14.73) [(9.99) |(9.89)
Immigrant -0.1663 |-0.0870 [0.0574 |-0.6874 |-0.2125 |-0.0642
(-78.91) |(-43.42) |(7.57) |(-5.53) |(-1.82) [(-0.55)
Age*Immigrant 0.0241 |-0.0032 {-0.0019
(2.57)  |(-0.36) [(-0.22)
Age®*Immigrant -0.0007 |-0.0002 |-0.0002
(-3.16)  |(-0.74) |(-0.90)
Age**Immigrant/10000 0.0590 |0.0235 [0.0246
(3.34) [(1.42) |(1.49)
Years Since Immig. 0.0112 |0.0227 |0.0196
(9.55)  |(20.76) {(16.72)
(Years Since Immig.) -0.00003|-0.0005 |-0.0004
(-0.63) |(-10.62) |(-8.91)

Continued...




Continued:

(Y.S. Immig.)*/10000 -0.0138 [0.0417 ]0.0347
(-2.18) |(7.08) |(5.53)
Arrived 1980-84 0.0340 |0.0403 |0.0537
(3.35) |(4.24) |(5.44)
Arrived 1975-79 0.1038 |0.0946 |0.1252
(10.85) [(10.54) |(11.99)
Arrived 1970-74 0.1356 [0.1205 |0.1609
(12.59) |(11.91) |(12.57)
Arrived 1965-69 0.2125 [0.1540 [0.2049
(21.35) |(16.43) |(14.90)
Arrived 1960-64 0.2721 |0.1891 |0.2549
(24.32) |(17.94) {(15.67)
Arrived 1950-59 0.2844 |0.1981 {0.2771
(24.72) |(18.25) |(14.47)
Arrived Before 1950 0.2607 |0.1729 [0.2721
(18.33) |(12.90) |(10.46)
Years of Education 0.0543 |0.0598 0.0522 |0.0576
(938.39) {(93.35) (89.61) |(87.08)
Education*(Immigrant) -0.0122 -0.0118
(-12.64) (-11.56)
12th Grade 0.0697 [0.0642 0.0679 |0.0645
(21.36) |(18.89) (20.84) |(19.01)
16th Grade 0.1566 |0.1372 0.1688 |0.1449
(51.65) |(42.34) (55.50) {(44.00)
12th Grade*(Immigrant) -0.0347 -0.0366
(-4.86) (-5.13)
16th Grade*(Immigrant) 0.0344 0.0826
(5.25) (12.52)
Education*(1970 Cens) -0.0010 |-0.0045 0.0011 |-0.0015
(-1.23) |(-5.45) (1.40) |(-1.74)
Education*(1980 Cens) -0.0195 |-0.0221 -0.0181 |-0.0199
(-23.36) |(-26.14) (-21.71) |(-23.05)
Educ.*(1970 0.0043 -0.0045
Cens)*Imm.
(10.52) (-5.20)
Educ.*(1980 0.0014 -0.0043
Cens)*Imm.
(4.00) (-7.94)
12th Grade*(1970 Cens) -0.0264 |-0.0236 -0.0250 |-0.0257
(-5.91) |(-5.22) (-5.60) |(-5.70)
16th Grade*(1970 Cens) -0.0642 |-0.0537 -0.0759 |-0.0635
(-13.89) [(-11.49) (-16.38) |(-13.42)

Continued...




Continued:

12th Grade*(1980 Cens)

16th Grade*(1980 Cens)

R-Squared
F-test:

12" and 16" grade
effects=0

12" and 16" grade
effects interacted with
immigrant=0

All included sheepskin
effect coefficients=0

0.1104

0.0242
(5.15)
-0.0694
(-15.11)

0.2210

0.0001

0.0001

0.0263
(5.56)
-0.0611
(-13.23)

0.2216

0.1150

P-value

0.0001

0.0001

0.0001

0.0260
(5.54)
-0.0775
(-16.84)

0.2245

0.0001

0.0001

0.0247
(5.22)

-0.0683
(-14.65)

0.2251

0.0001

0.0001

0.0001




Abroad for Immigrants.

See the notes to Table 7.

Table 11
Model to Test for Differences in Returns to Education Obtained in the U.S. and

Variable #1 #2 #3 #4 #5
Constant 3.6560 |2.8876 |2.9277 [3.6977 [2.9177
(115.28) |(96.71) [(98.11) |(112.72) |(94.39)
1970 Census Effect 0.0198 |0.3231 [0.2893 [0.0110 |0.3130
(15.09) |(65.46) |(58.06) [(8.18)  |(59.98)
1980 Census Effect 0.0384 |0.4307 |0.4026 [0.0317 |0.4224
(29.79) |(83.12) [(77.36) |(24.28) |(78.89)
Married 0.2589 [0.2432 |0.2425 [0.2593 |0.2425
(192.18) |(192.63) |(192.27) |(192.91) [(192.33)
North-East 0.1521 |0.1161 [0.1153 [0.1503 |0.1155
(103.03) |(83.77) |(83.27) |(102.02) |(83.44)
Mid-West 0.1288 |0.1054 [0.1047 {0.1271 [0.1046
(92.09) |(80.39) |(79.90) ((91.08) |(79.84)
West 0.1413 |0.0938 [0.0947 [0.1423 |0.0939
(92.25) |(65.09) |(65.77) |(93.14) |(65.23)
Resides in City 0.2130 [0.1550 |0.1551 |0.2130 [0.1553
(159.40) |(123.05) |(123.29) ((159.73) ((123.48)
Age 0.1183 |0.0980 [0.0978 [0.1159 |0.0967
(49.25) |(43.50) |(43.47) |(46.61) |(41.46)
Age’ -0.0018 |-0.0014 [-0.0014 |-0.0018 |-0.0013
(-31.32) |(-25.05) |(-25.20) [(-29.30) |(-23.66)
Age*/10000 0.0743 [0.0474 |0.0481 |0.0694 |0.0449
(16.33) |(11.11) [(11.29) |(14.73) |(10.16)
Immigrant -0.1663 [0.1415 |-0.1841 |-0.6874 |-0.0185
(-78.91) |(25.41) |(-20.21) |(-5.53) [(-0.16)
Age*Immigrant 0.0241 |0.00003
(2.57)  |(0.008)
Age*Immigrant -0.0007 {-0.0002
(-3.16) |(-1.04)
Age**immigrant/10000 0.0590 0.0243
(3.34)  |(1.46)
Years Since Immig. 0.0112 (0.0222
(9.55)  |(18.00)
(Years Since Immig.)’ -0.00003|-0.0004
(-0.63) |(-7.37)
(Years Since Immig)*/10000 -0.0138 |0.0234
(-2.18) |(3.65)

Continued...

Continued:




Arrived 1980-84

Arrived 1975-79

Arrived 1970-74

Arrived 1965-69

Arrived 1960-64

Arrived 1950-59

Arrived Before 1950
Education*Native

Pre Migration Education
Post Migration Education
Educ*Native*(1970 Census)
Educ*Native*(1980 Census)
Pre Migr Educ*(1970 Cens)
Pre Migr Educ*(1980 Cens)
Post Migr Educ*(1970 Cens)

Post Migr Educ*(1980 Cens)

R-Squared

F-test:
Pre migration education =
Post migration education
Pre = Post = Native
Pre = Native
Post = Native

0.1104

0.0822
(279.31)
0.0596
(127.36)
0.0786
(117.71)
-0.0155
(-40.49)
-0.0284
(-73.55)
-0.0104
(-17.55)
-0.0263
(-47.97)
-0.0198
(-19.40)
-0.0319
(-32.67)

0.2202

0.0001

0.0001
0.0001
0.0001

0.1295
(14.95)
0.2173
(25.45)
0.2939
(32.97)
0.3299
(36.50)
0.4094
(42.80)
0.4565
(49.16)
0.4631
(44.64)
0.0802
(270.52)
0.0681
(137.78)
0.0689
(99.47)
-0.0129
(-33.54)
-0.0263
(-68.02)
-0.0253
(-38.28)
-0.0350
(-60.58)
-0.0209
(-18.93)
-0.0321
(-32.48)

0.2221

P-value

0.2497

0.0001
0.0001
0.0001

0.0340
(3.35)

0.1038
(10.85)
0.1356
(12.59)
0.2125
(21.35)
0.2721
(24.32)
0.2844
(24.72)
0.2607
(18.33)

0.1150

0.0300
(2.98)
0.0910
(8.33)
0.1107
(8.15)
0.1404
(9.47)
0.1724
(9.83)
0.1764
(8.63)
0.1328
(4.95)
0.0815
(266.47)
0.0659
(121.40)
0.0606
(75.44)
-0.0147
(-36.53)
-0.0278
(-69.81)
-0.0155
(-15.92)
-0.0300
(-45.46)
-0.0169
(-14.03)
-0.0312
(-30.51)

0.2226

0.0001

0.0001
0.0001
0.0001




Table 12
Model to Test for Differences in Returns to Education Obtained in the U.S. and
Abroad for Immigrants — Using Survey of Income and Education 1976 Data.

Note: t-statistics appear in parentheses. Data are from 1976 Survey of Income and
Education. Observations that are top coded, in earnings, are multiplied by 1.5. All
observations with a reported weekly earnings of less than $50 in $1989 are excluded.
Number of observations is 105468.

Variable #1 #2 #3 #4 #5
Constant 2.2985 2.1925 2.1926 2.2713 2.1768
(51.81) {(51:21) [(51.22) |(50.08) [(49.74)
Married 0.1837 0.1883 0.1884 10.1840  [0.1882
(43.61) |(46.35) |(46.40) ((43.71) |(46.35)
North-East -0.1344  |-0.1558 [-0.1563 {-0.1349 [-0.1562
(-30.10) |(-36.11) [(-36.24) {(-30.23) [(-36.21)
Mid-West 0.0201 0.0046  |0.0042 0.0194 0.0044
(4.26) (1.01) (0.93) (4.13) (0.96)
West 0.0331 -0.0037 |-0.0040 |0.0324 -0.0039
(6.96) (-0.81) (-0.87) (6.83) (-0.84)
Resides in City 0.1399 0.1212 0.1216 |0.1411 0.1218
(40.48) |(36.29) [(36.42) [(40.86) {(36.47)
Age 0.1919 0.1496  |0.1499 0.1940 0.1510
(49.82) 1(39.93) |(40.02) [(49.21) |[(39.35)
Age’ -0.0039 |-0.0028 |-0.0028 |-0.0039 |-0.0028
(-37.52) |(-27.89) [(-28.00) |(-37.04) |[(-27.50)
Age’/10000 0.2450  |0.1645 0.1654  0.2481 0.1667
(28.18)  {(19.51) |(19.61) {(27.80) [(19.25)
Immigrant -0.1004 |-0.0096 [-0.1147 |0.3406 0.3712
(-13.61) |(-0.44) (-4.45) (1.63) (1.82)
Age*Immigrant -0.0389 |-0.0338
(-2.23) (-1.99)
Age**Immigrant 0.0008  |0.0007
(1.75) (1.49)
Age3*Immigrant/ 10000 -0.0571 |-0.0442
(-1.48) (-1.18)
Years Since Immig. -0.0044 10.0541
(-0.09) (1.07)
(Years Since Immig.)2 -0.0021 |-0.0291
(-0.07) (-1.07)
(Years Since Immig)*/10000 7.3439 42.037
(0.19) (1.13)
Arrived 1965-69 0.1028 -0.1081 |-0.5802
(4.57) (-0.18) (-1.03)

Continued...




Continued:

Arrived 1960-64

Arrived 1950-59

Arrived Before 1950
Education*Native

Pre Migration Education

Post Migration Education

R-Squared

F-test:
Pre migration education = Post
migration education
Pre = Post = Native
Pre = Native
Post = Native

0.2365

0.0484
(84.99)
0.0421
(24.19)
0.0497
(27.09)

0.2902

0.0001

0.0001
0.0005
0.5037

0.1213
(4.92)

0.1248
(5.96)

0.1775
(7.59)

0.0483
(84.77)
0.0436
(24.83)
0.0463
(24.15)

0.2906

P-value
0.0897

0.0254
0.0107
0.3066

-1.0393
(-0.23)
-5.1778
(-0.23)
-44.924
(-0.21)

0.2379

_4.8568
(-1.14)
24921
(-1.14)
-233.48
(-1.14)
0.0483
(84.69)
0.0449
(25.07)
0.0426
(20.14)

0.2908

0.2179

0.0289
0.0640
0.0084




Table 13
Model to Test for Differences in Returns to Education Obtained in the U.S. and
Abroad for Immigrants — Using Survey of Income and Education 1976 Data —
Actual and Estimated Pre and Post-Migration Education.

Note: t-statistics appear in parentheses. Data are from 1976 Survey of Income and
Education. Observations that are top coded, in earnings, are multiplied by 1.5. All
observations with a reported weekly earnings of less than $50 in $1989 are excluded.
Number of observations is 105468.

Actual Estimated
Pre and Post Pre and Post
Variable #3 #5 #3 #5
Constant 2.1926 2.1768 2.1899 2.1768
(51.22) (49.74) (51.12) (49.74)
Married 0.1884 0.1882 0.1884 0.1882
(46.40) (46.35) (46.40) (46.35)
North-East -0.1563 |-0.1562 |-0.1563 |-0.1562
(-36.24) |(-36.21) {(-36.23) [(-36.21)
Mid-West 0.0042 0.0044 0.0043 0.0044
(0.93) (0.96) (0.94) (0.96)
West -0.0040 |-0.0039 |-0.0040 (-0.0039
(-0.87) (-0.84) (-0.87) (-0.85)
Resides in City 0.1216 0.1218 0.1217 0.1218
(36.42) (36.47) (36.44) (36.48)
Age 0.1499 0.1510 0.1501 0.1510
(40.02) (39.35) (40.05) (39.34)
Age2 -0.0028 {-0.0028 |-0.0028 [-0.0028
(-28.00) |(-27.50) |(-28.04) [(-27.50)
Age3/10000 0.1654 0.1667 0.1658 0.1667
(19.61)  [(19.25) [(19.66) |(19.25)
Immigrant -0.1147 10.3712 -0.0948 0.4057
(-4.45)  [(1.82) (-3.68)  [(1.95)
Age*Immigrant -0.0338 -0.0356
(-1.99) (-2.06)
Age**Immigrant 0.0007 0.0007
(1.49) (1.61)
Age’*Immigrant/10000 -0.0442 -0.0513
, (-1.18) (-1.35)
Years Since Immig. 0.0541 0.0422
(1.07) (0.84)
(Years Since Immig.)2 -0.0291 -0.0246
(-1.07) (-0.91)
(Years Since Immig)3/10000 42.037 37.590
(1.13) (1.01)

Continued..




Continued:

Arrived 1965-69 0.1028 -0.5802 10.0984 -0.5506
(4.57) (-1.03) (4.37) (-0.97)
Arrived 1960-64 0.1213 -4.8568 |0.1152 -4.4865
(4.92) (-1.14) (4.66) (-1.05)
Arrived 1950-59 0.1248 -24921 |0.1150 -22.730
(5.96) (-1.14) (5.40) (-1.04)
Arrived Before 1950 0.1775 -233.48 |0.1648 -210.80
(7.59) (-1.14) (7.05) (-1.02)
Education*Native 0.0483 0.0483 0.0483 0.0483
(84.77) |(84.69) |(84.79) |(84.69)
Pre Migration Education 0.0436 0.0449 0.0430 0.0446
(24.83) |(25.07) |(24.49) ((24.89)
Post Migration Education 0.0463 0.0426 0.0464 0.0413
(24.15)  |(20.14) |[24.07) |(17.37)
R-Squared 0.2906 0.2908 0.2906 0.2907
F-test: P-value
Pre migration education = Post 0.0897 0.2179 0.0358 0.1565
migration education
Pre = Post = Native 0.0254 0.0289| 0.0076 0.0124
Pre = Native 0.0107 0.0640| 0.0039 0.0453
Post = Native 0.3066 0.0084 0.3368 0.0042




Table 14

OLS Models of Log of Weekly Earnings by Race/Ethnicity.

See the notes to Table 7.

Ethnic Group: White Black |Asian |Hispanic
Variable
Education*Native 0.0811 |0.0687 [0.0704 |0.0621
(229.2) |(57.55) |(35.36) |(67.65)
Pre Migration Education 0.0724 |0.0445 |0.0724 |0.0426
(64.06) |(15.77) |(80.11) |(61.66)
Post Migration Education 0.0619 |0.0445 |0.0672 |0.0445
(48.91) [(9.82) |(44.26) |(42.41)
Educ*Native*(1970 Census) -0.0177 |-0.0159 (-0.0212 |-0.0085
(-37.82) |(-10.70) |(-8.57) |(-6.59)
Educ*Native*(1980 Census) -0.0313 [-0.0182 {(-0.0159 |-0.0127
(-66.39) |(-11.78) |(-7.98) |(-12.28)
Pre Migr Educ*(1970 Census) -0.0282 |-0.0121 |-0.0283 |0.0005
(-18.47) |(-1.99) |[(-12.92) |(0.33)
Pre Migr Educ*(1980 Census) -0.0386 |-0.0243 |[-0.0194 |-0.0088
(-36.14) |(-7.37) |(-13.18) |(-8.08)
Post Migr Educ*(1970 Census) -0.0211 |[-0.0224 |-0.0248 |-0.0068
(-14.20) |(-1.88) |(-5.92) |[(-2.60)
Post Migr Educ*(1980 Census) -0.0340 [-0.0258 |-0.0206 |-0.0158
(-25.31) |(-4.00) {(-8.51) |(-9.59)
R-Squared 0.2026 0.2118| 0.2581 0.2258
Number of Observations 952083 85999 64175 125107
F-test: P-value
Pre migration education = 0.0001| 0.9998| 0.0001 0.0785
Post migration education
Pre = Post = Native 0.0001| 0.0001f 0.0005 0.0001
Post = Native 0.0001| 0.0001] 0.1556 0.0001
Pre = Native 0.0001] 0.0001] 0.3245 0.0001




Table 15
Random Effect Models Including Traits of Immigrants’ Country of Origin

Note: t-statistics in parentheses. The regressors are identical to those in models 3 and 5
from Table 11 except for the addition of traits of immigrants’ country of origin in models
3b, 3c, 5b and 5c. Sample size is 692616. For the immigrants, the means of the new
regressors are 37.50 for the pupil-teacher ratio, 4.265 for average years of schooling, and

4446.7 for GDP per capita.
Variable #3a #3b #3c #5a #5b #5¢C
|[Education*Native 0.0790f 0.0794] 0.0797] 0.0849 0.0849 0.0BSO}
(222.69) (223.901)| (224.70) (218.27)| (218.68) (219.1)
iPre Mig Educ 0.0508 0.1037] 0.1016 0.0476 0.0955  0.0847
(113.68)| (55.777)| (40.706) (103.793) (50.961)| (33.58)
Post Mig Educ 0.0534 0.0648 0.1134{ 0.0390, 0.0442] 0.0878
(82.219)] (28.424) (30.554) (50.31)| (18.81) (23.336)
|[Educ*Nat*(70 Cen)| -0.0300 -0.0306 -0.0310f -0.0380; -0.0381 -0.0382
(-41.783) (-42.566) (-43.185) (-50.609)| (-50.76) (-50.99)
[Educ*Nat*(80 Cen)| -0.0262] -0.0271| -0.0278 -0.0382 -0.0384 -0.0385
(-59.836) (-61.761) (-63.101) (-69.835)| (-70.29) (-70.66)
Pre Mig Ed*(70 -0.04800 -0.0492, -0.05001 -0.0062 -0.0091] -0.0108
Census)
(-36.447)| (-37.295) (-37.945) (-3.574) (-5.18) (-6.126)
Pre Migr Educ*(80 | -0.0351] -0.0363 -0.0375 -0.0218 -0.0234] -0.0247
Census) ,
(-65.36) (-67.396) (-69.174) (-34.196)| (-36.39)| (-37.98)
Post Mig Ed*(70 0.02221 0.0171 0.0044 0.0045 -0.0024; -0.0146
Census)
(1.271)) (0.978) (0.253), (0.258) (-0.136), (-0.838)
lPOSt Mig Ed*(80 -0.0289 -0.0318 -0.0321| -0.0266 -0.0302) -0.0302
Census)
(-21.468) (-23.537) (-23.723)| (-17.335)| (-19.63) (-19.53)
iPupil-Teacher, P-T 0.0188 0.0183 0.0166 0.0149
(27.816)] (25.583) (24.458)| (20.789)
Pre Mig Ed*P-T -0.0014] -0.0012 -0.0013 -0.0010
(-30.185)] (-24.646) (-27.29)] (-19.90)
|Post Mig Ed*P-T -0.0001| -0.0009 0.0001| -0.0007
(-2.114) (-11.836) (0.865)] (-8.944)
Avg Yrs of Educ -0.0285 -0.0344
(-4.94) (-5.922)
|Pre Mig Ed*Avg 0.0026 0.0036
Yrs Educ
(7.706) (10.554)

Continued...



Continued:

Post Mig Ed*Avg -0.000 0.0004
rs Educ

(-1.655) (0.749)

GDP/Capita 0.0001 0.0001
(28.532) (27.777)

Pre Mig Ed*GDP -0.000003 -O.OOOOSJ
(-15.223) (-14.32)

Post Mig Ed*GDP -0.000005 -0.00005
(-12.399) (-13.47)
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Table 17
Coefficients on Immigration-to-Population Variable in Linear Probability Models of
the Probability of Obtaining at Least a High School Diploma, Some College, or a
Four-Year College Degree for Natives Ages 24-30
Other regressors are as shown in column #2 of Table 13. t-statistics are reported in

parentheses

Dependent Variable: | High School | Some College | 4 Years of College
Group of Natives:
Blacks -0.5680 0.007671 0.09973
(-9.38) (0.13) (2.59)
Hispanics -0.6222 -0.2677 -0.05781
(-8.52) (-3.80) (-1.34)
Asians -0.4635 -0.9905 -0.3287
(-3.97) (-4.81) (-1.40)
Whites -0.2645 -0.06122 -0.01518
(-5.53) (-0.93) (-0.28)




Table A1
OLS Model of Log of Weekly Earnings in 1989 for Males Aged 24 —64 with
Sheepskin Effects, Adjusted for Differences in Years to Complete High School.
See notes to Table 10. Column numbers correspond to Columns in Table 10.

Variable #2 #3 #5 #6
Years of Education 0.0547 |0.0596 |0.0527 {0.0574
(94.52) |(93.34) |(90.75) |(87.06)
Education*(Immigrant) -0.0088 -0.0082
(-9.57) (-8.37)
High School Grad. 0.0664 |0.0651 |0.0645 [0.0659
(20.44) |(19.25) |(19.87) |(19.49)
16 Years of Schooling [0.1549 [0.1380 |0.1672 0.1457
(51.19) |(42.67) |(55.09) |(44.35)
H.S. Grad*(Immigrant) -0.0696 -0.0753
(-10.30) (-11.11)
16 Years *(Immigrant) 0.0267 0.0747
(4.14) (11.51)
Education*(1970 Cens) |-0.0009 |-0.0041 |0.0012 -0.0011
(-1.08) |(-5.03) [(1.46) |(-1.25)
Education*(1980 Cens) |-0.0196 |-0.0219 |-0.0183 -0.0197
(-23.58) |(-26.08) |(-22.02) |(-22.95)
Educ*(1970 Cens)*Imm. 0.0041 -0.0046
(10.02) (-5.29)
Educ*(1980 Cens)*Imm. 0.0014 -0.0042
(4.02) (-7.84)
H.S. Grad*(1970 Cens) |-0.0272 |-0.0256 |-0.0249 -0.0285
(-6.11) |(-5.71) |(-5.61) |[(-6.35)
16 Years*(1970 Cens) |-0.0645 |-0.0547 |-0.0761 -0.0647
(-13.98) |(-11.75) |(-16.45) {(-13.72)
H.S. Grad*(1980 Cens) [0.0250 |0.0256 |0.0276 0.0236
(5.35) |(5.46) |(5.92) |(5.04)
16 Years*(1980 Cens) |-0.0694 |-0.0620 |-0.0772 -0.0692
(-15.15) |(-13.46) |(-16.84) |(-14.90)
R-Squared 0.2209 [0.2215 |0.2245 |0.2251
F-Test: P-value
H.S. Grad and 16 year |0.0001 [0.0001 |0.0001 0.0001
effects=0
H.S. Grad and 16 year 0.0001 0.0001
effects interacted with
immigrant=0
All included sheepskin |0.0001 |0.0001 {0.0001 0.0001
effect coefficients=0




Figure 1 Enroliment Rates among Native and Immigrant Men Aged 16-
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Figure 2 Enroilment Rates among Native and immigrant Men Aged 30-
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Figure 3 Enroliment Rates in Grades 1-12 and in Post Secondary
Education among Native and Immigrant Men Aged 16-29 (Sample
Averages over 1970, 1980 and 1990 Censuses)
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Figure 4 Enrollment Rates in Grades 1-12 and in Post Secondary
Education among Native and Immigrant Men Aged 30-64 (Sample
Averages over 1970, 1980 and 1990 Censuses)
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Enroliment Probability Difference

Figure 5 Predicted Difference in Probability of Enroliment in

Grade 1-12 between Immigrants and Natives by Immigrants
Age, 1990 Baseline.
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Enroliment Probability

Difference

Figure 6 Predicted Difference in Probability of Enroliment in
Grade 1-12 between Immigrants and Natives by Years Sine
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Enrollment Probability

Difference
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Figure 7 Predicted Difference in Probability of Enrollment in
College between Immigrants and Natives by Immigrants Age,
1990 Baseline.
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Enroliment Probability Difference
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Figure 8 Predicted Difference in Probability of Enroliment in College
between immigrants and Natives by Years Sine Migration, 1990

Baseline.
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Figure 9 Predicted Difference in Years of Schooling between Natives
and Immigrants, by Immigrants Age and Years Since Migration, 1990
Baseline and 1975-79 Cohort.
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Log Wage Gap

Figure 10 The Predicted Log Wage Gap by Immigrant’'s Age, without Controls for

Education (Solid Lines) and with Controls (Dashed Lines)
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Figure 11 The Predicted Log Wage Gap by Years Since Immigration, without
Controls for Education (Solid Lines) and with Controls (Dashed Lines)
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