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ABSTRACT

We study the effect of two local immigration enforcement policies — Section 287(g) of the Illegal
Immigration Reform and Immigrant Responsibility Act and the Secure Communities Program
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(0.08 standard deviation); Jail Enforcement under Section 287(g) increased the proportion of
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Health and Mental Health Effects of Local Immigration Enforcement

INTRODUCTION

Over the past decade, the terrain of immigration enforcement in the United States has
expanded from national borders to local and state jurisdictions, resulting in an increasing number
of arrests on grounds of immigration status and national origin (Lacayo, 2010).* Involvement of
local and state governments in immigration enforcement intensifies fears of deportation and is
likely to cause stress and adversely impact the physical and mental health of undocumented
immigrants and their family members, many of whom may be U.S. citizens.? Local enforcement
is also likely to make undocumented immigrants and their families more vulnerable to workplace
exploitation, reduce their social interactions and use of essential public services, and generally
increase mistrust towards public institutions, in particular local law enforcement agencies
(Gleeson, 2014; Hacker et al., 2011; Hardy et al., 2011; Rhodes et al., 2015).

Previous research documents that local and state government participation in immigration
enforcement has affected immigrant settlement patterns, employment, and earnings, and patterns
of farm labor use and farm profitability (Pham & Van, 2010; Capps, Rosenblum, Rodriquez, &
Chishti. 2011; Kostandini, Mykerezi, & Escalante, 2013; Watson, 2013). Local or state-specific
studies using qualitative approaches also suggest that local enforcement increased stress and

anxiety among immigrants and deterred them from seeking health services (Rhodes et al., 2015;

! During 2006-2012, local officials deputized under 287(g) arrested 256,330 undocumented immigrants (ICE FOIA,
2015). In 2008, the number of removals under 287(g) represented 9.5% of all ICE immigrant removals, with a non-
insignificant number being removed based on minor traffic offenses such as driving without license or driving under
the influence (Lacayo, 2010; Vaughan & Edwards, 2009).

2 In the 2008 National Survey of Latinos administered by Pew Hispanic Center, nearly 10% of Hispanic adults (both
native-born and immigrants) reported being asked by the police or other authorities about their immigration status in
the past year, and 35% of native-born Hispanic citizens said that they worried “a lot or some” about deportation of
relatives, or friends (Lopez & Minushikin, 2008). Lacayo (2010) cites anecdotal evidence of Latinos being subject to
racial profiling and were increasingly pulled over and interrogated for minor offenses as an excuse to check their
documentation status.



Hacker et al., 2011). There is, however, little systematic national research on health and mental
health effects of local immigration enforcement, resulting in a critical knowledge gap on the full
range of impacts of what has become a salient feature of the U.S. government’s approach to
undocumented immigration and is being vigorously pursued by the Trump administration.

In this paper, we bridge this knowledge gap by investigating the effects of two local
enforcement policy initiatives: Section 287(g) of the Illegal Immigration Reform and Immigrant
Responsibility Act (IIRIRA) and the Secure Communities program (SC). Section 287(g) gave
local jurisdictions the option to participate in immigration enforcement with two types of
agreements: Task Force Enforcement (TF) allowed state and local law enforcement to screen for
immigration status during regular policing operations (street screening) and Jail Enforcement
(JE) allowed screening for immigration status in jails. The Secure Communities program
required matching fingerprinting of all arrested individuals with the Immigration and Customs
Enforcement (ICE) database to screen for immigration violations. We take advantage of the
geographic (county-level) and temporal variations in the implementation of these policies. The
empirical analysis is based on the restricted-use National Health Interview Survey (NHIS) (2000-
2012) that provides information on health and mental health conditions as well as county- and
state-level identifiers to match policy variables to the individual-level health and demographic
data.

We adopt a difference-in-difference research design to control for unobserved time-
varying factors correlated with county/state level enforcement policies. This methodology
requires selection of treatment and comparison groups. The treatment group of our analyses is:
foreign-born Latino adults living in families with at least one non-citizen family member. Due to

the high probability of the presence of undocumented persons in these families, this group is



likely to be highly vulnerable to local enforcement policies. We also experiment with a narrower
treatment group that has an even heightened risk of having undocumented family members and
therefore higher vulnerability to local enforcement: non-citizen Latino adults living in families
with only non-citizen family members. The comparison group of the analysis is U.S. born non-
Hispanic white adults, whose members are unlikely to be affected by enforcement policies. The
underlying assumption of the difference-in-difference design is that time-varying unobserved
factors correlated with state/county enforcement policies have the same effect on the two groups.
We obtain the difference-in-difference estimates by deducting the changes in outcomes for the
comparison group before and after policy implementation, that capture the effect of unobserved
time-varying factors, from the corresponding changes in outcomes for the treatment group.
Additionally, our analyses control for a rich set of economic and policy variables, discussed in
detail below, whose effects are allowed to be different across the treatment and comparison
groups.

We find that the Secure Communities Program increased mental health distress among
Latino immigrants living with non-citizen family members by 2.2 percentage points (14.7
percent), and Task Force Enforcement agreements under Section 287(g) deteriorated their mental
health distress scores by 15 percent (or 0.08 standard deviation); Jail Enforcement under Section
287(g) increased the proportion of Latino immigrants reporting fair or poor health by 1
percentage point (11.1 percent) and lowered the proportion reporting very good or excellent
health by 4.8 to 7.0 percentage points (7.8 to 10.9 percent). These findings remain robust across
various sensitivity checks.
LOCAL IMMIGRATION ENFORCEMENT POLICIES - SECTION 287(G) AND

SECURE COMMUNITIES



In 1996, with the ostensible goal to improve public safety and remove illegal immigrants
who committed serious offenses, the Illegal Immigration Reform and Immigrant Responsibility
Act, Section 287(g) granted state and local jurisdictions the option to participate in enforcing
federal immigration laws. Localities opting to participate signed a Memorandum of
Understanding with ICE that required establishing a supervisory structure to support localities
and train local officials to enforce immigration laws. Local participation in Section 287(g) was
negligible in the first decade after its passage. In 2002, Florida Department of Law Enforcement
and in 2003 Alabama Department of Public Safety were the first two localities to sign 287(g)
agreements with ICE. Local participation in 287(g) slowly picked up in 2005 and peaked in
2009, when the number of localities participating in the program rose to 76. Twenty-four
jurisdictions signed Task Force Enforcement (TF) agreements, 47 signed Jail Enforcement (JE)
agreements, and 5 signed both TF and JE. Overall, TF agreements covered 22% (690 out of 3140
counties) of the counties nationally, and JE agreements cover 3% (106 counties) of all counties
(Figure 1).

Interior immigration enforcement took another turn in 2008 with the launch of the Secure
Communities Program (SC) that required the local police to match fingerprints of all arrested
individuals with the ICE database to screen for immigration violations. Whereas Section 287(Q)
was designed to engage local law enforcement in immigration enforcement, Secure Communities
allowed ICE a remote presence in local law enforcement agencies. Under SC, the state and local
authorities were required to submit fingerprints of all arrested individuals to the Federal Bureau
of Investigation (FBI), which the latter shared with ICE to check against immigration databases
to identify (removable) undocumented individuals (ICE, 2015). Unlike Section 287(g),

participation in Secure Communities was not voluntary. It was gradually rolled out across



counties: beginning with 14 counties in 2008 to all counties nation-wide in 2013 (Figure 1).% In
response to public concerns about racial profiling, in 2012, TF was discontinued and in 2015, SC
was replaced by the Priority Enforcement Program (PEP) that focuses on immigrants involved in
organized criminal gangs or those that pose a danger to national security (ICE, 2016).

Previous research suggests that stricter local immigration controls reduced the economic
opportunities of immigrants, lowering their employment, wages, and remittances (Kostandini,
Mykerezi, & Escalante, 2013; Pham & Van, 2010; Gentsch & Massey, 2011; Amuedo-Dorantes
& Puttitanun, 2013). The implementation of Section 287(g) was also associated with a decrease
in claims against employers’ discrimination based on national origin, indicating that enforcement
policies had a “chilling effect” on vulnerable immigrants (Gleeson, 2014). Studies suggest that
enforcement policies had a mixed impact on crime: Koper et al. (2013) found no effect in Prince
William County, Virginia, whereas Donato & Rodriquez (2014) reported a higher rate of police
arrests on grounds of immigration status and national origin in Davidson County, Tennessee.
Evidence is also mixed on the effect of local enforcement on migration patterns: Watson (2013)
found that Task Force Enforcement policies increased the outflow of non-citizens with some
college education, Ellis, Wright and Townley (2016) found that hostile immigration policies (e.qg.,
local immigration enforcement policies, E-Verify, access to driver’s licenses) in a state reduced
the inflow of non-citizen and naturalized Latinos in that state, whereas Parrado (2012) found that
287(g) did not affect the size of Mexican immigrant population in most localities except for large
cities such as Dallas, Los Angeles, Riverside, and Phoenix, which registered a decline in the

number of Mexican immigrants relative to other large cities without 287(g). In addition, research

3 Some localities resisted the implementation of SC (Chen, 2016; Strunk & Leitner, 2013), but such initiatives were

not systematically and reliably documented for a national-level examination of their impacts. To the extent that such
intentions are a permanent (time-invariant) feature of a locality (e.g., if a locality has a strong long term pro- or anti-
immigrant environment), county fixed effects included in our analysis will control for it.
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suggests that local immigration enforcement increased Latino housing foreclosure rates (Rugh &
Hall, 2016) and food insecurity and poverty in vulnerable families with children (Amuedo-
Dorantes, Arenas-Arroyo & Sevilla, 2016, Potochnick, Chen, & Perreira, 2016; Rugh & Hall,
2016).

IMMIGRATION ENFORCEMENT AND HEALTH

Immigration is a stressful undertaking with negative psychosocial impacts (Vega &
Amaro, 1994; Jasso et al., 2004). It is associated with increased stress, fear, and uncertainty. For
families with undocumented members, the negative health effects of migration are more intense
and complicated (Sullivan & Rehm, 2005; Delva et al., 2013). Repeated exposure to prejudice,
discrimination, and exploitation on account of immigration status, and concerns about disclosure
and deportation, of oneself or a family member, are likely to leave a negative impact on the
physical as well as mental health of the undocumented and their family members (Vega &
Amaro, 1994; Cavazor-Rehg et al., 2007; Sullivan & Rehm, 2005).

Immigration enforcement policies may affect health status of undocumented immigrants
and their families in several ways. First, enforcement policies increase the risk of deportation and
will likely to increase stress, fear, and anxiety among undocumented immigrants and their family
members, which may adversely affect their health. Second, increased risk of deportation is likely
to reduce economic opportunities of the undocumented and increase risk of workplace
exploitation, which could in turn have negative health and mental health effects. Third, to
minimize risk of deportation, the undocumented may reduce their time driving on the road,
which may result in isolation and reduced social interaction and health service utilization
(Rhodes et al., 2015; Hardy et al., 2011). Fourth, local enforcement may escalate immigrants’

levels of mistrust toward public institutions, further lowering their health and social service



utilization (Watson, 2014; Padraza & Zhu, 2015; Rhodes et al., 2015; Cavazos-Rehg, Zayas &
Spitznagel, 2007). Finally, to cope with the escalated psychological and economic burden
associated with the increased risk and exploitation, immigrants may adopt certain unhealthy
behaviors (e.g. smoking, alcohol consumption) leading to health deterioration.*

Most prior studies investigating the effects of local enforcement on health and mental
health of immigrants were at a state- or local-level. Rhodes and colleagues (2015) study the
impact of Section 287(g) on Hispanic immigrants in local counties in North Carolina; Hacker et
al. (2011) study impacts of ICE activities in Everett, Massachusetts; Hardy et al. (2011) study the
impact of the SB 1070 in Arizona, a bill that made failure to possess immigration documents a
crime and expanded police power to detain potentially undocumented residents; and Lopez et al.
(2016) study the impact of an immigration raid in the Washtenaw County, Michigan. The first
three papers have used qualitative interviews and focus groups to study the effect of local
enforcement.® Respondents in these studies stated that they avoid using health care and other
social services because of the threat of police enforcement while driving and their lack of trust in
public institutions. They also reported delays in preventive services, incomplete sequence of care,
reduced utilization of preventive and curative care, increased use of nonstandard and unsafe
contingencies for care, and deterioration in mental health among family members.

Previous studies on the relationships between immigration enforcement and health did
not specifically study the impact of 287(g) or Secure Communities policies. Lopez and

colleagues (2016) used survey data collected before (n=325) and after (n=151) an immigration

4 These mechanisms closely mirror the framework through which Philbin and colleagues (2017) conceptualize how
immigration-related policies may influence the health among Latinos.

5 Rhodes and colleagues (2015) also used vital records data to quantitatively examine impacts of 287(g) on two
measures of prenatal care: late entry into care and inadequate care. They found that 287(g) delayed Hispanic/Latina
mothers to seek prenatal care and increased their likelihood to receive inadequate care compared to non-
Hispanic/Latina mothers. However, health and mental health impacts of 287(g) were only examined qualitatively
through interviews and focus groups.



raid and found that completing the survey after the raid was associated with lower self-rated
health and higher stress. Hatzenbuehler et al. (2017) used 14 policies in the domains of
immigration, race/ethnicity, language, and agricultural worker protections to create a policy
climate index and used the Behavioral Risk Factor Surveillance System for 2012 to examine the
association between the policy climate and immigrant mental health. Their research suggests that
states that scored higher on the policy climate index, signifying a more exclusionary policy
environment, were associated with poor mental health days in the past month among adults, and
such association was stronger for Latinos. But this study is based on one year of data, because of
which it is difficult to distinguish the effect of enforcement policies from those of unobserved
state and county factors.

There is no national level study of the effect of local immigration enforcement on health
and mental health of the undocumented and their family members. Ours is the first study to use
national data. Secondly, studies on the relationships between immigration enforcement and
health have mostly treated enforcement as a cluster of policies. We study the impact of specific
dimensions of enforcement, namely: Task Force enforcement under 287(g), Jail Enforcement
under 287 (g) and Secure Communities program. Finally, none of the existing studies used
rigorous econometric models to identify the causal effects of local immigration enforcement on
health and mental health of Latino immigrants, as we do in our paper.

This research is critical as negative health and mental health in immigrant communities
has economic and fiscal consequences, including increased public health expenditures and
reduced labor productivity (Brown et al., 2002; Martin et al., 2008; DeSalvo et al., 2009;
Pirraglia et al., 2011; Bernard, Farr, & Fang, 2011). Heightened health care costs along with the

burden of poor health would adversely affect the wellbeing of immigrants in low-income



neighborhoods and slow down their integration with the mainstream society. In this study, we
take advantage of the “natural experiments” created by variations in the implementation of local
immigration enforcement under Section 287(g) and Secure Community initiative across
geographic locations (state and local jurisdictions) and time to study their effects on the health
and mental health of the undocumented and their families.
RESEARCH DESIGN

Our objective is to study health impacts of local immigration enforcement on not only the
undocumented immigrants, who are directly affected by local immigration enforcement, but also
their family members who may be legal immigrants or U.S. citizens. The analysis is conducted
on two samples of adults aged 18 to 60, born in Latin America (Latino immigrants hereafter):
those in households with at least one non-citizen member (treat 1) and those in households with
only non-citizen family members (and no citizens in the family; treat 2). We focus on these
groups because 77 percent of all undocumented immigrants in the U.S. come from Latin
America, with Mexico being the largest country of origin (56% of all undocumented immigrants),
followed by Guatemala (6%), El Salvador (4%), and Honduras (3%) (Passel & Cohn, 2011;
Zong & Batalova, 2016). Estimates show that 47% of foreign-born Latinos or 68% of non-citizen
Latinos in the U.S. were undocumented in 2012 (U.S. Census Bureau, 2012; Zong & Batalova,
2016).% Restricting samples of analyses to Latino immigrants in households with at least one
non-citizen or without any citizen (treatment groups hereafter) allows us to capture households

most affected by the enforcement policies. We hypothesize that local immigration enforcement

61n 2012, the number of undocumented immigrants in the U.S. was estimated as 11.4 million, and 77% of them
were from Latin America (Zong & Batalova, 2016). This suggests that there were approximately 8.8 million Latino
undocumented persons living in the U.S. (11,400,000 x 0.77 = 8,778,000). The number of foreign-born and non-
citizen populations who identified as Latino in 2012 was 18,579,270 and 12,977,027, respectively (U.S. Census
Bureau, 2012). Thus approximately 47% of foreign born Latinos (8,778,000 / 18,579,270 = 0.47) or 68% of non-
citizen Latinos (8,778,000 / 12,977,027 = 0.68) in the U.S. were undocumented.
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policies adversely affect the health and mental health of Latino immigrants in households with at
least one non-citizen, and effects will be even stronger for those living in households where all
members are non-citizens, since they are more likely to be undocumented and hence have a
higher risk of being directly affected by enforcement policies.

A primary challenge in any nation-wide study of the undocumented in the U.S. is that
national data sources do not provide information on the legal status of foreign-born persons, so it
is impossible to determine whether an immigrant respondent is an undocumented or legal
resident.” We try to address this limitation by identifying groups that have a high likelihood of
being undocumented. We acknowledge that there may be some individuals in the treatment
group/s that are unaffected by enforcement, which would result in estimates biased towards zero.

We begin with the following regression equation estimated separately on a sample of
each of the treatment groups described above:

Hice = Be + Be + X1TFee + X2 Ece + X3SCet + Perp + XiceA + Uiee 1)

i=1, ..., N (persons)

c=1, ..., C(counties)

t =2000, ..., 2012 (years)

where H;; represents a health outcome of individual i (or a mental health outcome; described in
detail in the Measures section); TF,; is coded as 1 if county ¢ has a Task Force Enforcement
agreement with ICE in year t, otherwise O; JE;, equals to 1 if county c¢ has a Jail Enforcement
agreement with ICE in year t, otherwise 0; and SC.; equals to 1 if county ¢ has a Secure

Communities agreement in year t, otherwise 0. The reference category for each of the three

policy variables - TF,;, JE.:, and SC,; - is counties without the corresponding policy. The

7 Researchers have explored strategies to impute legal status from survey data (Hall, Greeman, & Farkas, 2010). The
most suitable health data set for this study, NHIS, does not collect necessary information to replicate these
imputation strategies.
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equation includes a full set of county fixed effects (5.)® and year fixed effects (8,); time-varying
county characteristics (P.;) namely county unemployment rate in year t, county poverty rate in
year t, whether the county had applied for a 287(g) agreement with ICE in year t or earlier that
was denied or withdrawn,® whether the county is located in a state that provides in-state tuition
subsidy to undocumented residents in year t, whether the county is located in a state that allows
undocumented immigrants to obtain a driver’s license in year t, whether the county is located in

a state that has implemented a policy in year t under the Omnibus Bill regulations,® and whether
the county is located in a state that passed E-Verify in year t;!! individual characteristics (X;;)*2
namely age, sex, marital status, education level, household size, family income, citizenship status,

years lived in the U.S., cohort of arrival, and country/region of origin; '3 whether the interview

8 Inclusion of county and year fixed effects allows the estimation of policy impacts within the same county after
controlling for secular time-trends.

® More than one hundred unsuccessful 287(g) requests (denied or withdrawn) were filed by county, city or state
governments. Requests for 287(g) agreements (withdrawn or denied) are indicative of a certain discriminatory
environment towards the undocumented. Explicitly controlling for whether counties had requested to sign 287(g)
with ICE in year t or earlier results in a cleaner comparison group. Additionally, including 287(g) requests as a
policy category can explicitly estimate the effect of such discriminatory policy environment in the absence of policy
implementation.

10 Omnibus bills “require law enforcement to attempt to determine the immigration status of a person involved in a
lawful stop; allow state residents to sue state and local agencies for noncompliance with immigration enforcement;
require E-Verify; and make it a state violation for failure to carry an alien registration document (NCSL, 2012).” In
some states, the Omnibus Bill regulations include policies forbidding undocumented immigrants to obtain driver’s
license or ID cards, policies that make it a felony for an undocumented immigrant to enter into business transactions
with government, such as applying for or renewing a motor vehicle license plate or a business license, policies that
make it illegal for a person to transport an immigrant; conceal, harbor or shield an undocumented immigrant, and
policies denying public benefits to undocumented immigrants (NCSL, 2012).

11 We acknowledge that there were also sanctuary localities across the U.S. County fixed effects included in our
models can account for county-level time-invarying (during 2000 and 2012) hostile or friendly policy environment.
We also conducted sensitivity analyses excluding sanctuary states from our analyses, and the results do not differ.

12 The detailed coding of these controls are as follow: age ((omitted category 18-24), 25-29, 30-34, 35-39, 40-44, 45-
49, 50-54, 55-60), gender (male), marital status (married), education level (less than 9 years, 9-12 years (no high
school degree), (omitted category: high school degree or GED), some colleges or more), household size (dummy
variables indicating household size: 1, 2, (omitted category: 3-4), 5+), log family income, language of interview (not
English), years since immigration (0-5, 6-10, 11-15, (omitted category: 15+)), cohort of arrival ((omitted category
before 1987), 1987-1991, 1992-1996, 1997-2001, 2002-2012), citizenship status, and country/region of origin
((omitted category: Central America), Mexico, South America).

13 In all analyses on Latino immigrants, we control for country/region of origin: Mexico, Central America, and
South America.
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was conducted in English; and u;.; denotes the error term. Standard errors are clustered on
county of residence.

One possible confounder in equation (1) is the presence of unobserved time-varying
factors correlated with enforcement policies that would affect the health and mental health of
Latino immigrants. For example, during the period of our study many states implemented
policies (e.g., the Dream Acts, E-verify, Drivers’ license, omnibus bills, etc.) that directly
affected the wellbeing of undocumented immigrants. In addition, our study spans over a period
of high economic instability, including the Great Recession. Previous studies find that the Great
Recession lowered immigrants’ employment more than that of the U.S. born population (Liu &
Edwards, 2015; Orrenius & Zavodny, 2010). Evidence on health effect of the Great Recession is
mixed ranging from negative to negligible to positive (Burgard, Ailshire, & Kalousova, 2013;
Tekin, McClellan, & Minyard, 2013). While the implementation of Secure Communities
coincided with the Great Recession, research suggests that the roll out schedule was not related
to local economic conditions (Cox & Miles, 2013).

To account for the influence of time-varying factors correlated with enforcement policies,
equation (1) includes a rich set of time-varying county level factors (P,;), including county
unemployment rate, poverty rate, and local policies that impacted immigrants. Further, we use a
difference-in-difference (DD) research design, described in equation (2), to estimate enforcement
policy effects over a combined sample of the treatment and comparison groups:

Hict = ac +ap + MTFye + AJEqe + A3SCer + Ay (Tr * TF) + Ao (Tr + JE¢) +
As(Tr * SE.t) + A * Tr + Py @ + P Tr « @ + X;i T + €t (@)
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Tr is equal to 1 if the respondent belongs to the treatment group, otherwise 0.** The difference-
in-difference coefficients, 1,4, 4,,, and 4,3, estimate the effects of Task force enforcement, Jail
Enforcement and Secure Community Initiative, respectively, on the treatment group. Note that
we allow the effect of time-varying factors to differ across the treatment and comparison groups
by including interactions between the Treatment variable Tr and the vector denoting county-level
time-varying factors P...*®> Our primary treatment group is: foreign-born Latino adults living in
families with at least one non-citizen family member (treat 1) and comparison group is: U.S.
born non-Hispanic white adults. We also experiment with a narrower treatment group of non-
citizen Latino adults living in families with only non-citizen family members (treat 2), whose
members have an even higher probability of being undocumented or have undocumented friends
or family members than treat 1.1 The identifying assumption in equation (2) is that unobserved
time-varying factors have the same effect on the outcome variables for the treatment and
comparison groups. We conduct a number of tests to check the validity of the assumption and
results are discussed in the section on sensitivity analysis.

A possible threat to our model specification could arise if the population most affected by
local and state immigration enforcement decided to return to their countries of origin or relocated
in another locality with a lesser threat of local enforcement. As indicated earlier, Watson (2013)
found that while 287(g) did not result in voluntary emigration, Task Force enforcement increased

the probability of relocating within the U.S. and the effect was greater among non-citizens with

14 To control for the main effects of being Latino immigrant adults, instead of using one dummy variable, the
empirical analysis includes years since immigration (0-5, 6-10, 11-15, 15+), cohort of arrival ((omitted category
before 1987), 1987-1991, 1992-1996, 1997-2001, 2002-2012), citizenship status, and country/region of origin
(Central America, Mexico, South America) in the analytic model. This way, we control for the heterogeneous
composition of Latino immigrant adults. In treatment status’ interactions with policy variables (or county-level time-
varying characteristics), we use one single dummy variable for Latino immigrants adults to construct the interactions.
15 We also experiment with models that include the interactions between Tr and X, (individual demographic
factors), and findings are similar to our presented results.

16 We also experimented with two additional comparison groups: U.S. born Hispanics and U.S. born non-Hispanic
black adults, and results are discussed in the section on Sensitivity Analysis.
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at least some college education. On the other hand, Parrado (2012) found that 287(g) did not
affect the size of Mexican immigrant population in most localities except for large cities such as
Dallas, Los Angeles, Riverside, and Phoenix. There is not much we can do address this problem.
In the event that immigrants who migrated out of a locality were the more privileged and
healthier, our estimated policy effects would be upward biased. However, the out-migration of
privileged fellow immigrants may weaken Latino communities and thus worsen health and
mental health of the immigrants that are left behind. However, if those who decided to relocate
were most adversely affected by policies, our estimated policy effects would be biased towards
zero.

High non-response rates among the affected population constitute an additional source of
bias. The NHIS asks respondents to provide their social security numbers (SSN). Although
respondents could refuse and indeed more than 60% of Latino immigrants have done so (Carter-
Pokras & Fischer, 2010), this request may increase the probability of undocumented immigrants
and their family members refusing to participate in the survey. Furthermore, the non-response
patterns may be correlated with the policy variables. That is, the survey response rates could be
lower among immigrants living in counties with immigration enforcement policies in the post-
policy period. Higher non-response among affected population is also likely to yield estimates
that are biased towards zero, leading to a more conservative estimation or underestimation of the
actual policy effects.

DATA

The empirical analysis requires merging the Section 287(g) and Secure Communities

policy variables to the National Health Interview Survey (NHIS) data (2000-2012). NHIS is a

nationally representative cross-sectional survey administered by the Centers for Disease Control

15



and Prevention (CDC) that collect health-related information annually. NHIS adopts a stratified
multistage sample design (CDC, 2017). Data on core health indicators (e.g. self-rated health) are
collected from all household members. NHIS also includes a module on Sample Adult, in which
one adult (aged 18 or more) is randomly selected from each family to answer additional
questions (e.g., mental health distress questions) (CDC, 2017). Because of confidentiality and
disclosure rules, the National Center for Health Statistics (NCHS) does not provide state/county
level identifiers in the public use NHIS. Our analysis is based on the restricted-use NHIS that has
state/county level identifiers. All data analyses were conducted at the New York Census Data
Center upon approval from the NCHS Research Data Center, who also enabled merging of
policy variables by county and year with the micro-level NHIS data. The restricted-use NHIS
also provide detailed information on immigrants’ year of entry in the U.S., which are used to
construct control variables on the cohort of arrival and years since immigration.

The NHIS oversamples the Hispanic population, yielding a relatively large sample for
our analyses. Because Latino immigrants cluster in a small number of counties in the U.S., the
empirical analysis is based on 306 counties with at least 20 observations of Latino immigrants to
avoid spurious results on account of a small number of observations in a few counties.’

Multiple sources have been used to compile data on the histories of policies and
contextual economic environment. Data on local enforcement policies by county and year are
from the ICE obtained through a FOIA request. The initiation dates of Secure Communities
program are from publicly available ICE documents (ICE, 2013). The state Dream Act policy
data are from various published papers (Kaushal, 2008; Kaushal & Wang, 2016). Information on

state policies relevant to undocumented immigrants such as eligibility to obtain driver’s license,

17 We also experimented with a higher cut-off — counties with at least 50 non-citizen Latino immigrants — and the
results are similar (presented in Table 3).
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omnibus bills, and E-Verify is from the National Conference of State Legislatures (NCSL)
websites (NCSL, 2012; NCSL, 2015a, 2015b). The county-level unemployment rates and
poverty rates are from the Area Resource Files (released by Health Resources and Services
Administration of the Department of Health and Human Services).

MEASURES

We study several dimensions of health and mental health of Latino immigrants (Table 1).
Each individual in NHIS is asked to scale his/her subjective health status as excellent, very good,
good, fair and poor, which we use to create two measures of self-reported health: Poor health is
equal to 1 if a respondent reported their health as poor or fair, otherwise 0; Good health is equal
1 to if a respondent reported their health as very good or excellent, otherwise 0. Self-rated health
is considered a valid measure of overall health and mental health as it strongly predicts serious,
chronic conditions, disability, health service utilization, mental illnesses as well as mortality
(Goldstein, Siegel, & Boyer, 1984; Burstrom & Fredlund, 2001; Wu et al., 2013). It is also a
reliable measure with a test-retest reliability similar to or better than those of many objective
health condition questions (e.g., asthma, backache, and headaches/migraine) (Lundberg &
Manderbacka, 1996).

From each family in the NHIS, one sample adult (aged 18 or more) is randomly selected
to answer questions, including those on respondent’s mental health, in the survey’s Sample Adult
module. We used the following six questions to measure mental health: In the past 30 days, how
often did you feel so sad so that nothing could cheer you up? In the past 30 days, how often did
you feel nervous? In the past 30 days, how often did you feel restless and fidgety? In the past 30
days, how often did you feel hopeless? In the past 30 days, how often did you feel that

everything was an effort? In the past 30 days, how often did you feel worthless? Respondents are
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asked to provide answers to these questions on a scale of 0 to 4 (none of the time, a little of the
time, some of the time, most of the time, and all of the time). These six questions belong to the
Kessler 6 (K6) scale (Kessler et al., 2002). We construct a measure (scale) of psychological
distress based on these questions that ranges from 0 to 24, with a higher score representing worse
mental health. The internal consistency of items in the scale is high (Cronbach’s a« = 0.88),
indicating good reliability. We also recode the mental health score into a dichotomous measure:
mental health distress (1 indicating respondent’s mental health score is 6 or more, otherwise 0).
This dichotomous measure of mental health distress is associated with higher levels of mental
health care utilization, mental health impairment, substance use, sedentary behavior, and obesity
(Prochaska et al., 2012).
RESULTS

Table 1 presents the demographic and health characteristics of adults, aged 18 to 60,
during 2000-2001, the pre-policy years covered by our analysis. We focus on two treatment
groups: Latino immigrant adults in households with at least one non-citizen family member (treat
1) and Latino immigrant adults with only non-citizen (no citizen) family members (treat 2).
While this second group of Latino immigrants has a higher probability of being undocumented or
having undocumented family members, the restriction reduces the sample size, which may
reduce our ability to detect small size effects, so we present descriptive statistics and findings for
both groups. We also present the descriptive statistics of the comparison group, U.S. born non-
Hispanic White adults, whose members are unlikely to be affected by enforcement measures.

Latino immigrants in households with some or all non-citizen family members have a
more disadvantageous socioeconomic status compared to U.S. born White adults. Over 77

percent Latino immigrant adults do not have college education compared to 36 percent U.S. born
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White adults. Latino immigrants are younger, more likely to be male, have larger household
sizes but lower average incomes than the non-Hispanic White sample. Approximately two thirds
of the Latino samples were interviewed in a language other than English, whereas almost all of
the U.S. born non-Hispanic White adults were interviewed in English.

In respect to health outcomes, there are two main points to note. One, Latino immigrants
are two to three percentage points (33 to 50%) more likely to report fair to poor health and 10 to
13 percentage points (14 to 18%) less likely to report excellent or very good health compared to
U.S. born White adults. The difference in self-reported health could be a measure of the overall
gap in health outcomes between these groups or it could simply be an indicator of the cultural
difference in the manner in which these groups describe their health (Viruell-Fuentes et al.,
2011). Two, the overall mental health of Latino immigrants is better than that of U.S. born White
adults.

Table 2 presents the effect of local immigration enforcement policies on the health and
mental health outcomes of Latino immigrants. The first three columns report findings from the
first difference models based on equation (1) for the two treatment groups and the comparison
group. All models control for age, gender, marital status, educational level, household size, log
family income, county unemployment rate, county poverty rate, whether the state of residence
has legislations related to undocumented immigrants (a dummy variable for each of the
following policies: state Dream Act, driver’s license, omnibus bills and E-Verify) in year t, as
described in detail in the research methodology section and listed as notes to the Table, and
county and year fixed effects. The foreign-born Latino samples further control for years since
immigration, cohort of arrival, citizenship status, and region/country of origin. The last two

columns present findings from the difference-in-difference (DD) models (equation 2) using a
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combined sample of treat 1 and comparison group (column 4) and treat 2 and comparison group
(column 5). These models allow county/state-specific time-varying factors to differ for the
treatment and comparison groups. The findings presented in the first three columns are
coefficients from the policy variables, and the last two columns present coefficients from the
interactions between the policy variables and the treatment status variable (treat 1 in column 4;
treat 2 in column 5). While we present first difference results for the comparison group, for
brevity we do not discuss those results, but simply note here that, as expected, in general the
estimated effects of enforcement policies on the comparison group are modest and statistically
insignificant (11 out of 12 reported coefficients in Table 2 for the comparison group are
statistically insignificant).

Regressions in Table 2 are based on OLS models.® Estimates in panel (1), column (1)
suggest that SC increased the likelihoods of Latino immigrants in households with non-citizen
members rating their overall health fair or poor by 1.4 to 2.7 percentage points (16 to 34 percent),
and Task Force enforcement (TF) increased the likelihood of treat 2 reporting fair to poor health
by 2.1 percentage points (26 percent), but had no statistically significant effect on treat 1’s
probability of reporting poor/fair health. The difference-in-difference estimates that control for
time-varying factors in a more parsimonious manner suggest that both Secure Communities (SC)
and Jail Enforcement (JE) increased the probability of treat 1 reporting fair/poor health by 1 to
1.3 percentage points (11.1 to 14.4 percent). The difference-in-difference estimate of the effect
of enforcement policies on treat 2 reporting poor/fair health was statistically insignificant. First

stage estimates in panel (2) suggest that JE lowered Latino immigrants’ probability of reporting

18 We also estimate dichotomous outcomes (poor health, good health, and mental health distress) using logistic
regression models. Results are presented in Appendix Table C and are qualitatively the same as results from linear
regression models. In addition, we present full results with all covariates (except for county and year fixed effects)
in Appendix Table E.

20



very good or excellent health by 3.4 to 7.1 percentage points (5.6 to 11.1 percent). The DD
estimates also show that JE lowered the probability of the treatment groups reporting excellent or
very good health by 4.8 to 7.0 percentage points (7.9 to 10.9 percent).

Turning to the third outcome, mental health distress scores (higher values indicate higher
levels of mental health distress), estimates show that TF increased the mental health score of
treat 1 and treat 2 groups by 19.7 to 42.1 percent (=0.429/2.18 to 0.951/2.26), or 0.11 to 0.23
standard deviation, respectively. In the DD models, that allow controlling for unobserved time-
varying factors, both SC and TF increased the mental health scores of the treatment groups by
9.8 to 14.8 percent, or 0.05 to 0.08 standard deviation. The point estimates for treat 2 are larger
than those for treat 1, but not always statistically significant.

Our fourth and last outcome is a dichotomized indicator of mental health distress (K6
mental health scale>6). Estimates from the first difference model show that Task Force
enforcement was associated with a 3 to 8 percentage points (20 to 53.3 percent) increase in
prevalence of mental health distress among Latino immigrants. Estimates from the difference-in-
difference models indicate that SC increased the likelihood mental health distress by 2.2 to 3.2
percentage points (14.7 to 21.3 percent), and TF increased it by 2 to 3.5 percentage points (13.3
to 23.3 percent). 1920

SENSITIVITY ANALYSIS

19 We also estimated the effect of policy on severe mental distress (defined as Kessler 6 Scale: > 12 points). Only
three percent of the two treatment groups and the comparison group report severe mental distress in our sample.
Estimates from the first difference models suggest that TF increased the likelihood of severe mental health distress
among treat 1 members, but we find no effects in difference-in-difference models.

20 Prior studies have shown that stress suppresses the immune system and gets manifested in illnesses (Salleh, 2008).
Chronic stress is also related to asthma, back pain, and migraine headaches (Salleh, 2008). Following previous
research, we examine impacts of local immigration enforcement policies on a range of physical health conditions
(Appendix Table D). Results from the DD models suggested that overall no effect on physical health conditions
except in two cases: TF increased likelihoods of back or neck pain, and JE decreased the likelihood of asthma. The
latter finding is contrary to our hypothesis. Lack of any effect for the other outcomes might suggest that it takes a
longer time for heightened degree of stress to manifest on physical health outcomes.
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We conduct a number of sensitivity checks to investigate the robustness of our findings.
The results from these analyses are presented in Table 3. For brevity, we present only the
difference-in-difference estimates with treat 1 as the treatment group?* (same model as column 4
in Table 2). First, to reduce the influence of immigration patterns that may be correlated with
enforcement policies (e.g., new immigrants being more selective on health than immigrants who
arrived in the U.S. before enforcement policies were enacted), we restricted the analyses to
respondents who arrived before 2002, which is before any jurisdiction adopted local immigration
enforcement policies (columns 1). Second, we checked whether employing a stricter county
inclusion criterion (having 50 or more Latino non-citizens in each county instead of 20) affected
the results of our analyses (column 2). Third, we restricted our analyses to counties that were
surveyed across all years (denoted as the balanced sample) to examine if our findings were
affected by unbalanced panels across years (column 3).22 Our balanced panel of counties
included about 70% of the original sample.

In columns 4 and 5, we conduct additional sensitivity analyses to address the concern that
other unobserved time-varying factors correlated with the policy adoption may bias our results.
Findings from prior studies showed that the adoption of 287(g) and Secure Communities policies
was not random. For example, counties that experienced high level and growth in Hispanic
population were more likely to pass 287(g) and Secure Communities policies (Cox & Miles,
2013; Creek & Yoder, 2012; Wong, 2012; Walker & Leitner, 2011). In column 4, we restrict the
sample of analysis to counties with density of people with Hispanic ethnicity in 2001 being more

than the national average (similar to the approach adopted by Potochnick, Chen, & Perreira,

2L Many of the tests involve further restrictions of the analytic sample. Therefore, we present results from the larger
of the treatment groups (Treat 1).

22 NHIS regularly adjusts its sampling plan according to updated information from the recent Census. The redesign
during the study period (2000-2012) happened in 2006. Some counties were a part of NHIS samples prior to 2006
but not after, and some counties were sampled by NHIS after but not prior to 2006.
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2016). This allows us to compare counties with relatively similar levels of Hispanic population
prior to policy adoption. In column 5, we restrict the analyses to counties that have either
adopted or requested to form a 287(g) agreement with ICE. Arguably, counties with more hostile
political attitudes toward immigrants are more likely to apply to ICE for local immigration
enforcement, and this contextual environment may affect immigrants’ health and mental health.
Excluding counties that have not initiated a 287(g) agreement allows us to compare counties with
similar political environment towards undocumented immigrants (Potochnick, Chen, & Perreira,
2016). Further, we also estimate models that do not include any control for the 287(g) request
(column 6).

One criticism of our models is that secular trends in health outcomes of the treatment
groups during the 2000s may be confounding the enforcement policy estimates. In column 7, we
present estimates from a model that further control for these trends by including a full set of year
effects interacted with the treatment group. We also experimented with two other treatment
groups. In column 8 the treatment group is Mexican non-citizen adults and in column 9 the
treatment group is Latino non-citizen adults.

Overall, a number of findings remain robust across various models. One, JE reduced the
proportion of Latino immigrants reporting very good/excellent health by 3.9 to 5.0 percentage
points in all 9 models. Two, JE increased the proportion of Latino immigrants reporting fair/poor
health by 0.5 to 1.2 percentage points, with the estimates being statistically insignificant in some
models. Three, SC increased mental health distress (based on a dichotomized measure) among
Latino immigrants by 0.4 to 2.6 percentage points with the effects being statistically significant
in 7 out of 9 models; and TF deteriorated mental health scores of Latino immigrants by 0.01 to

18.0 percent with the effects being statistically significant in 7 out of 9 models.
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A number of previous studies that distinguished between county- and city-level
enforcement policies versus state-level policies found that city- or county-level policies has
stronger effects (Amuedo-Dorantes, Arenas-Arroyo & Sevilla, 2016; Watson, 2013). Next, we
investigate, whether health effects of enforcement measures are also more pronounced when the
policy is enforced by only the city/county government compared to a state-wide policy. The
results from this analysis are presented in Table 4 and show that the adverse effect of county-
level JE policy on excellent/very good health was stronger than that of state-level JE policies.
The estimated effects of state policies on other health outcomes were statistically the same as
those of county level policies.

The identifying assumption in the difference-in-difference research design is that time-
varying factors correlated with policy have the same effect on the treatment and comparison
groups. We test the validity of this assumption by restricting the analytic samples to treat 1 and
comparison group members living in counties that did not implement 287(g) policies, did not
submit a 287(g) request and did not implement SC before 2011.2% We assume that a pseudo
policy intervention in 2005 and estimate a difference-in-difference model for each outcome. The
model controls for demographic variables, county-specific time-varying factors, county and year
fixed effects, Tr (treat 1 variable), and the interaction between Tr and the pseudo policy variable
(equals to 1 if the year is 2005 or later, otherwise 0). If our identifying assumption that
unobserved time-varying factors affect the treatment and comparison groups similarly is valid,
the coefficient on the interaction term between Tr and pseudo policy should be close to zero and

statistically insignificant. We repeat this test on two other pseudo policy interventions: a pseudo

23 1n 2010, 890 counties have implemented the Secure Communities Program, and by 2011, 1,990 counties have
adopted the Secure Communities Program. We control for Secure Communities policy in our model to account for
policy changes that happen since 2011. We also conduct another set of analyses only examining trends between
2000 and 2010.
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policy in 2007 and another in 2008. We chose the years 2005, 2007 and 2008 for pseudo policy
intervention because these are the years when increasing numbers of counties adopted
enforcement policies. Results from these analyses, conducted on data for 2000-2012 (the
timeframe of this study) and 2000-2010 (period prior to SC initiative in any of the selected
counties) are presented in Appendix Table A. The coefficient on the interaction term between Tr
and Pseudo policy in all cases is indeed modest and statistically insignificant, providing support
for the validity to our identifying assumption.

In an additional specification, we use U.S. born Hispanics as the comparison group. 2*
The disadvantage of using U.S. born Hispanics as comparison is that on account of their
appearance many are likely to be victims of local immigration enforcement. The advantage is
that this group is similar to the treatment groups in that its members are likely to be similarly
affected by many unobserved factors. Results, presented in Appendix Table B, also show that
enforcement policies adversely affected the health and mental health of the treatment group.?®

One additional concern is that the adoption of enforcement policies may be related to the
prevalence of crime. Specifically, localities with higher crime rates may be more likely to request
to for a 287(g) agreement with ICE or may implement Secure Communities earlier, and the high
crime prevalence may have impacts on health and mental health. Previous studies have failed to
find any association between local crime rate and implementation of 287(g) or SC policy (Wong,
2012; Cox & Miles, 2013). However, pre-existing law enforcement culture in counties may be
correlated with the adoption of local enforcement policies; localities where law enforcement is

biased towards minorities may be more likely to pursue 287(g) policy, making it more difficult to

24 We also conducted the same pseudo policy tests reported in Appendix Table A using U.S. born non-Hispanic
black adults or U.S. born Hispanic adults as the comparison group, and results show that these two are valid
comparison groups.

% |t is also worth noting in the first difference models that local immigration enforcement policies did not have
spillover effects on the U.S. born Hispanic population.
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separate the effect of the local immigration enforcement from other law enforcement policies. To
address these potential sources of bias, we conduct sensitivity analyses using U.S. born non-
Hispanic black adults as the comparison group, since this group is not directly affected by the
local immigration enforcement policies but is more affected by the local police enforcement
environment. Note that this comparison group is not ideal because U.S. born black adults may be
affected by intensified law enforcement as a result of local immigration enforcement policies.
Estimates are presented in Appendix Table B and suggest immigration enforcement has adverse
effects on the self-rated health of Latino immigrants.

CONCLUSION

We investigate the health and mental health effects of local immigration enforcement
policies, namely Task Force Enforcement (TF) and Jail Enforcement (JE) agreements under
Section 287(g) of IIRAIRA and the Secure Communities (SC) Program, using the restricted-use
National Health Interview Survey (NHIS) for 2000-2012. Ours is the first study that has used
multiple years of nationally representative data to investigate causal effects of two major local
immigration enforcement policies: Section 287(g) and Secure Communities initiative on health
and mental health of Latino immigrants. Overall, we find evidence that various local
immigration enforcement policies had negative impacts on health and mental health of Latino
immigrant populations.

Specifically, we find that SC increased mental health distress among Latino immigrants
living with non-citizen family members by 2.2 percentage points (14.7 percent), and TF reduced
their mental health distress scores by 15 percent (or 0.08 standard deviation). We also find that
JE increased the risk of Latino immigrants in households with non-citizen members rating their

overall health as fair or poor by 1 percentage points (11.1 percent), and JE lowered their
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probability of reporting very good or excellent health by 4.8 to 7.0 percentage points (7.8 to 10.9
percent). We administered a series of sensitivity tests and found these estimates to be robust
across various specifications.

Our findings suggest that local enforcement policies had negative health and mental
health effects on Latino immigrants. Arguably, Task Force Enforcement is likely to have a more
adverse effect on the health and mental health of the undocumented than Jail Enforcement or the
Secure Communities initiative. Reports however suggest that communities do not have a very
nuanced response to different local enforcement policies and that they are fearful of any local
enforcement measure (National Immigration Law Center, 2011; National Immigration Project,
2010). Further, we do not have data on whether the respondent was jailed or otherwise directly
came in contact with the local enforcement agencies. Therefore, we believe our results represent
the average effects of policy on those who experienced local enforcement and those who were
fearful of these policies.

Our findings of the effects of local immigration enforcement on health and mental health
of Latino immigrants at the national level are consistent with those of previous state- or local-
level qualitative studies (Rhodes et al., 2015; Hacker et al., 2011; Hardy et al., 2011). Our
contribution is that we use multiple years of national level data and adopt a rigorous
methodology to investigate the causal effects of enforcement policies on the health and mental
health of Latino immigrants. Ours is also the first study to comprehensively examine the effects
of both section 287(g) and Secure Communities initiative. Our findings suggest that by adversely
affecting the health and mental health of Latino immigrants, local immigration enforcement may

eventually increase public healthcare expenditure.?® This is an unintended consequence that was

26 The undocumented are eligible for Emergency Medicaid if the undocumented are in a Medicaid-eligible category
(e.g., children, pregnant women, elderly, or persons with disability, etc) (DuBard & Massing, 2007; Okie, 2007,
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not taken into account when these policies were designed. Further, the negative health and
mental health effects may adversely impact the economic productivity of Latino families and

their integration with the U.S. society.

Sommers, 2013). Additionally, hospitals in the US are required to provide emergency care regardless of income,
insurance, or citizenship statuses (DuBard & Massing, 2007; Okie, 2007). Arguably, lack of timely care would
increase utilization of Emergency Medicaid by the undocumented and impose a public health burden on the society.
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Table 1: Descriptive Statistics

Treat 1: Foreign-born
Hispanic with at least 1

Treat 2: Foreign-born
Hispanic with only non-

Comparison: U.S. born

Indicators non-citizen household citizen household Non-Hispanic White
member members
Mean (S.D.) Mean (S.D.) Mean (S.D.)

Demographic Characteristics
Age 34.89 (10.56) 34.30 (11.28) 39.44 (11.47)
Male 0.52 0.60 0.49
Married 0.65 0.48 0.61
Education

Less than 9 years 0.37 0.38 0.01

9-12 years (no degree) 0.22 0.21 0.07

HS Degree or GED 0.19 0.18 0.26

Some college or more 0.18 0.17 0.64

Unknown 0.05 0.05 0.02
Household Size

1 person 0.05 0.17 0.16

2 people 0.11 0.24 0.31

3-4 people 0.39 0.38 0.41

5 or more people 0.44 0.22 0.13
Family income ($) 43687 (34028) 34684 (27409) 88112 (53402)
Interview Language — Not English 0.60 0.67 0.00
Health Outcomes
Self-reported health (Fair/poor) 0.09 0.08 0.06
Self-reported health (Excellent/very good) 0.61 0.64 0.74
Mental health scores (Range: 0-24; higher values
indicating higher levels of mental health distress) 2.18(3.92) 2.26 (4.17) 2.58 (3.79)
Mental health distress (=1 if mental health score >6,
otherwise 0) 0.15 0.15 0.16
Sample size for self-reported health outcomes 71,241 18,948 172,185
Sample size for mental health outcomes 24,210 7,680 75,090

Note: Source: National Health Interview Survey 2000-2001 (NHIS). Samples consists of adults aged 18-60 living in counties with at least 20 non-citizen Hispanic observations in NHIS. Sample

sizes correspond to the time period of 2000-2012.
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Table 2: Estimated Models for Self-Rated Health and Mental Health Distress (NHIS 2000-2012)

First Difference Difference-in-difference
Sample Treat 1 Treat 2 Comparison Treat 1 Treat 2
Panel 1 Fair/Poor Health
Secure Communities 0.014+ 0.027+ -0.001 0.013+ 0.015
(0.008) (0.014) (0.004) (0.007) (0.012)
Task Force Enforcement | 0.006 0.021+ -0.007+ 0.007 0.015
(0.008) (0.012) (0.004) (0.008) (0.010)
Jail Enforcement 0.004 0.015 -0.003 0.010* 0.007
(0.008) (0.012) (0.004) (0.005) (0.010)
287(g) request 0.012 0.018 0.005 0.002 -0.006
(0.008) (0.014) (0.004) (0.007) (0.011)
N 71241 18948 172185 243426 191133
Panel 2 Excellent/Very Good Health
Secure Communities -0.016 0.009 -0.004 -0.016 0.005
(0.022) (0.034) (0.007) (0.017) (0.026)
Task Force Enforcement | -0.042 -0.060 0.002 -0.010 -0.023
(0.032) (0.041) (0.007) (0.022) (0.034)
Jail Enforcement -0.034+ -0.071** 0.007 -0.048* -0.070**
(0.018) (0.024) (0.009) (0.020) (0.026)
287(g) requests -0.039** -0.035 -0.010 0.004 0.027
(0.014) (0.025) (0.007) (0.014) (0.022)
N 71241 18948 172185 243426 191133
Panel 3 Mental Health Distress Scores (the higher the worse)
Secure Communities 0.167 0.268 0.044 0.214+ 0.334+
(0.166) (0.304) (0.072) (0.128) (0.199)
Task Force Enforcement | 0.429* 0.951** 0.034 0.327+ 0.436
(0.208) (0.310) (0.101) (0.174) (0.286)
Jail Enforcement -0.343 -0.397 -0.115 -0.194 -0.310
(0.219) (0.274) (0.121) (0.177) (0.234)
287(Q) request 0.188 0.377+ 0.072 0.028 0.117
(0.159) (0.228) (0.077) (0.126) (0.221)
N 24210 7680 75090 99300 82770
Panel 4 Mental Health Distress (Kessler 6 Scale > 6 points)
Secure Communities 0.008 0.010 0.003 0.022* 0.032+
(0.014) (0.026) (0.007) (0.011) (0.017)
Task Force Enforcement | 0.030* 0.080** 0.003 0.020+ 0.035+
(0.015) (0.026) (0.009) (0.012) (0.020)
Jail Enforcement -0.032+ -0.030 -0.012 -0.019 -0.022
(0.018) (0.023) (0.008) (0.015) (0.020)
287(g) requests 0.007 -0.004 0.005 -0.001 -0.004
(0.013) (0.020) (0.007) (0.011) (0.019)
N 24210 7680 75090 99300 82770

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. Each column for each outcome is based on a separate regression. The analysis is restricted to counties with at
least 20 Latino non-citizen observations across survey years. The samples of analyses are adults aged 18-60 years. Treat 1 is foreign-born Hispanic with at
least 1 non-citizen household member, treat 2 is foreign-born Hispanic with only non-citizen household members, and the comparison group is U.S. born Non-
Hispanic white adults. In addition to the coefficients reported above, all models control for age ((omitted category 18-24), 25-29, 30-34, 35-39, 40-44, 45-49,
50-54, 55-60), gender (male), marital status (married), education level (less than 9 years, 9-12 years with no high school degree, (omitted category: high school
degree or GED), some colleges or more, unknown), household size dummy variables (1, 2, (omitted category: 3-4), 5+), log family income, language of
interview (not English), county unemployment rate, county poverty rate, whether the county of residence is in a state has legislations related to undocumented
immigrants (Dream Act, driver’s license, omnibus bills and E-Verify) in year t, and county and year fixed effects. The foreign born samples further control for
years since immigration (0-5, 6-10, 11-15, (omitted category: 15+)), cohort of arrival ((omitted category before 1987), 1987-1991, 1992-1996, 1997-2001,
2002-2012), citizenship status, country/region of origin ((omitted category: Central America), Mexico, South America). In difference-in-difference models, we
further include the interactions of the county-level variables (in italic above) and the treatment status (treat 1 or treat 2). The difference-in-difference estimates
reported above (in the shaded area) are coefficients from the interactions of policy variables with the treatment status variable. Standard errors clustered on
county of residence are in parenthesis.
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Table 3: Sensitivity Analysis — Difference-in-difference estimates for Latino immigrants
(NHIS 2000-2012)

Mexican  Hispanic
Treatment Group Treat 1: Foreign-born Hispanics with at least one non-citizen household member non- non-
citizen citizen
Sample
Additi Treat 1 \(/:v?l;? tI:eliasst Countieg ‘?V(i)tl;]n“es trgsmc.ted ;:o(;ntrol
itional arrived in 50 obs. of present in Latino counties No control Latino-
Sam;_)l_e/M_odeI US before  Latino NHIS ) density that for 287(g) specific N/A N/A
Specification 2000 non- sample in more than  requested requests year fixed
citizens all years national or have a effects
average 287(g)agr
eement
(1) (2) 3) 4) (5) (6) ™ (8) (9)
Panel 1: Fair/Poor Health
Secure Communities | 0.012 0.011 0.011 0.012 0.014 0.014+ 0.007 0.010 0.013+
(0.008) (0.008) (0.008) (0.008) (0.009) (0.007) (0.009) (0.008) (0.007)
Task Force 0.010 0.009 0.007 0.008 0.009 0.007 0.006 -0.001 0.006
Enforcement (0.008) (0.008) (0.008) (0.008) (0.008) (0.008) (0.008) (0.009) (0.008)
Jail Enforcement 0.012* 0.009+ 0.008 0.008 0.005 0.010* 0.010+ 0.012* 0.009+
(0.006) (0.005) (0.005) (0.005) (0.005) (0.005) (0.006) (0.006) (0.005)
N 234320 194240 219747 228661 146396 243426 243426 213809 235283
Panel 2: Excellent/Very Good Health
Secure Communities | -0.016 -0.016 -0.018 -0.020 0.004 -0.015 -0.007 -0.020 -0.016
(0.016) (0.018) (0.018) (0.018) (0.020) (0.017) (0.023) (0.019) (0.017)
Task Force -0.009 -0.017 -0.015 -0.014 -0.023 -0.009 -0.015 -0.022 -0.011
Enforcement (0.022) (0.024) (0.024) (0.024) (0.024) (0.022) (0.023) (0.028) (0.023)
Jail Enforcement -0.047**  -0.048*  -0.044*  -0.044*  -0.039*  -0.047*  -0.050* | -0.045*  -0.049*
(0.017) (0.021) (0.020) (0.021) (0.016) (0.019) (0.022) (0.019) (0.020)
N 234320 194240 219747 228661 146396 243426 243426 213809 235283
Panel 3: Mental Health Distress Scores (the higher the worse)
Secure Communities | 0.207 0.249+ 0.241+ 0.204 0.216 0.222+ 0.115 0.180 0.253+
(0.153) (0.132) (0.136) (0.133) (0.164) (0.133) (0.160) (0.150) (0.132)
Task Force 0.377* 0.358* 0.376* 0.356* 0.276 0.322+ 0.393* 0.014 0.309+
Enforcement (0.172) (0.176) (0.183) (0.179) (0.197) (0.175) (0.161) (0.170) (0.180)
Jail Enforcement -0.251 -0.230 -0.198 -0.194 -0.230 -0.195 -0.124 -0.142 -0.179
(0.170) (0.179) (0.184) (0.181) (0.142) (0.179) (0.179) (0.184) (0.186)
N 96065 77918 89506 93205 58843 99300 99300 88985 96850
Panel 4: Mental Health Distress (Kessler 6 Scale > 6 points)
Secure Communities | 0.026* 0.026* 0.022+ 0.021+ 0.019 0.022+ 0.004 0.026+ 0.024*
(0.013) (0.012) (0.012) (0.012) (0.015) (0.011) (0.014) (0.014) (0.012)
Task Force 0.022+ 0.021+ 0.021+ 0.020 0.016 0.020 0.026* -0.000 0.019
Enforcement (0.012) (0.013) (0.013) (0.013) (0.014) (0.012) (0.012) (0.017) (0.012)
Jail Enforcement -0.025+ -0.023 -0.020 -0.019 -0.021 -0.019 -0.014 -0.017 -0.018
(0.013) (0.016) (0.016) (0.015) (0.013) (0.015) (0.015) (0.017) (0.016)
N 96065 77918 89506 93205 58843 99300 99300 88985 96850

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. Each column in each panel is based on a separate regression. All coefficients are from difference-
in-difference estimates. See Table 2 for model specifications. The treatment group (treat) is treat 1 in Table 2 (foreign-born Hispanic with at least
1 non-citizen household member) in all models except for (8) and (9), and the comparison group is U.S. born Non-Hispanic white adults in all
models. All samples of analysis are adults aged 18-60 years. The analysis is restricted to counties with at least 20 Latino non-citizen observations
across survey years. In model (1), the treatment sample is further restricted to those arrived to the U.S. before 2002. In model (2), we further
restrict the analysis to counties with at least 50 Latino non-citizen observations across survey years. In model (3), we further restrict the analysis
to counties that were in each year of the NHIS survey between 2000 and 2012. In model (4), we further restrict the analyses to counties that were
in the top 50 percentile county in terms of the proportion of Hispanic population in 2001. In model (5), we further restrict the analysis to counties
that have ever requested for or implemented a Section 287(g) policy (so the 287(g) request is not controlled in this model). In model (6), we do
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not include the control of “287(g) request” status. In model (7), we further control for the interactions between the Hispanic status (treatment
status) and the year fixed effects to account for trends in the outcome that were unique to the treatment group population. In model (8), the
treatment group is non-citizen adults born in Mexico. In model (9), the treatment group is Latino non-citizen adults. Standard errors clustered on

county of residence are in parenthesis.
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Table 4: Estimated Difference-in-Difference Models — State versus Local Enforcement

Policies (NHIS 2000-2012)

Model/sample specification

Outcomes

Sample excludes
states that have
state-level
enforcement policy

Models allow for county- and state-level
enforcement effects to differ

Panel 1: Fair/Poor Health

(1) ) (3)
Secure Communities 0.009 0.013+ 0.013+
(0.008) (0.007) (0.007)
Task Force Enforcement 0.017+ 0.012 0.014+
(0.010) (0.009) (0.007)
Jail Enforcement 0.012* 0.012* 0.011*
(0.006) (0.005) (0.005)
State Task Force Enforcement -0.006
(without county-level policies) (0.011)
State Jail Enforcement -0.014
(without county-level policies) (0.012)
287(qg) State-level Policies -0.009
(without county-level policies) (0.007)
N 181957 243426 243426
Panel 2: Excellent/Very Good Health
Secure Communities -0.014 -0.014 -0.015
(0.019) (0.018) (0.017)
Task Force Enforcement -0.041+ -0.027 -0.044+
(0.024) (0.026) (0.025)
Jail Enforcement -0.067** -0.057** -0.051**
(0.024) (0.021) (0.020)
State Task Force Enforcement 0.022
(without county-level policies) (0.024)
State Jail Enforcement 0.071**
(without county-level policies) (0.026)
287(qg) State-level Policies 0.042*
(without county-level policies) (0.020)
N 181957 243426 243426
Panel 3: Mental Health Distress Scores (the higher the worse)
Secure Communities 0.182 0.204 0.208
(0.128) (0.129) (0.129)
Any Task Force Enforcement 0.132 0.098 0.367+
(0.371) (0.218) (0.187)
Any Jail Enforcement -0.144 -0.136 -0.179
(0.190) (0.197) (0.178)
State Task Force Enforcement 0.269
(without county-level policies) (0.231)
State Jail Enforcement -0.387
(without county-level policies) (0.248)
287(qg) State-level Policies -0.045
(without county-level policies) (0.188)
N 72737 99300 99300

Panel 4: Mental Health Distress (Kessler 6 Scale > 6 points)
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Secure Communities 0.019 0.022* 0.022*
(0.012) (0.011) (0.011)
Any Task Force Enforcement -0.004 -0.001 0.021
(0.034) (0.018) (0.016)
Any Jail Enforcement -0.017 -0.015 -0.019
(0.017) (0.017) (0.015)
State Task Force Enforcement 0.024
(without county-level policies) (0.021)
State Jail Enforcement -0.029
(without county-level policies) (0.019)
287(qg) State-level Policies -0.001
(without county-level policies) (0.017)
N 72737 99300 99300

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. Each column in each panel is based on a separate regression. All coefficients are from difference-
in-difference estimates. See Table 2 for model specifications. The treatment group (treat) is treat 1 in Table 2 (foreign-born Hispanic with at least
1 non-citizen household member) in all models, and the comparison group is U.S. born Non-Hispanic white adults in all models. All samples of
analysis are adults aged 18-60 years. The analysis is restricted to counties with at least 20 Latino non-citizen observations across survey years. In
panel (1), we exclude states that have ever had state-level 287(g) enforcement policies. In panel (2), we additionally control for two dummy
variables, state-level TF and JE policies (where no county- or city-level policies was implemented), and their interactions with the treatment
status (treat 1). In panel (3), we additionally control for one dummy variable, state-level 287(g) policies (collapsing TF and JE policies; where no
county- or city-level policies was implemented) and its interaction with the treatment status (treat 1).
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Figure 1. Number of Counties Covered by Local Immigration Enforcement Policies
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Note: SC: Secure Communities Program, TF: Task Force Enforcement, and JE: Jail Enforcement. The TF bars and the JE bars include counties that had both TF

and JE agreements, “Both TF & JE” bars separately show the number of counties that had both. Counties began implementing Task Force Enforcement in 2002,
Jail Enforcement in 2005, and Secure Communities Program in 2008. The unit of analysis is county.
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Appendix Table A: Association between Pseudo Policy and Outcomes — Difference-in-difference

Models

Pseudo Policy Year Test 1: 2005 Test 2: 2007 Test 3: 2008

Years 2000-2012  2000-2010 2000-2012 2000-2010 2000-2012 2000-2010

Panel 1: Fair/Poor Health

Pseudo policy X treat 1 0.012 0.011 0.002 0.001 0.000 -0.003
(0.011) (0.012) (0.010) (0.011) (0.012) (0.012)

N 58887 54450 58887 54450 58887 54450

Panel 2: Excellent/VVery Good Health

Pseudo policy X treat 1 -0.016 -0.011 -0.001 0.008 0.009 0.021
(0.025) (0.024) (0.021) (0.020) (0.027) (0.028)

N 58887 54450 58887 54450 58887 54450

Panel 3: Mental Health Distress Scores

Pseudo policy X treat 1 -0.244 -0.237 -0.242 -0.278 -0.244 -0.333
(0.243) (0.251) (0.253) (0.263) (0.265) (0.281)

N 24687 22866 24687 22866 24687 22866

Panel 4: Some Mental Health Distress

Pseudo policy X treat 1 -0.021 -0.023 -0.014 -0.021 -0.004 -0.015
(0.021) (0.021) (0.021) (0.022) (0.022) (0.024)

N 24687 22866 24687 22866 24687 22866

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. Models in each column and each panel are based on separate regressions using NHIS for 2000-
2012 or 2000-2010, as specified in column sub-headings. The analysis is restricted to counties that have never requested or implemented an
enforcement policy before 2011 (never submitted any 287(g) request, implemented a 287(g) agreement or Secure Communities Program before
2011). In addition, the analysis is restricted to counties with at least 20 Latino non-citizen observations across survey years. The samples of
analyses are treat 1, foreign-born Hispanic with at least 1 non-citizen household member, and the comparison group, U.S. born Non-Hispanic
white adults. All samples are restricted to adults aged 18-60 years. For test 1: Pseudo policy is coded as 1 if the interview year was 2005 and after,
otherwise 0; for test 2: Pseudo policy is coded as 1 if the interview year was 2007 and after, otherwise 0; for test 3: Pseudo policy is coded as 1 if
the interview year was 2008 and after, otherwise 0. All models control for demographic variables [age ((omitted category 18-24), 25-29, 30-34,
35-39, 40-44, 45-49, 50-54, 55-60), gender (male), marital status (married), education level (less than 9 years, 9-12 years with no high school
degree, (omitted category: high school degree or GED), some colleges or more, unknown), household size dummy variables (1, 2, (omitted
category: 3-4), 5+), log family income, language of interview (not English)], state-specific time-varying factors [county unemployment rate,
county poverty rate, whether the county of residence is in a state has legislations related to undocumented immigrants (Secure Communities,
Dream Act, driver’s license, omnibus bills and E-Verify) in year t], treat 1 [years since immigration (0-5, 6-10, 11-15, (omitted category: 15+)),
cohort of arrival ((omitted category before 1987), 1987-1991, 1992-1996, 1997-2001, 2002-2012), citizenship status, country/region of origin
((omitted category: Central America), Mexico, South America)], interactions of treat 1 and state-specific time-varying factors, the interactions of
treat 1 with pseudo policy, and county and year fixed effects. Standard errors clustered on county of residence are in parenthesis.
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Appendix Table B: Estimated Models for Self-Rated Health and Mental Health Distress
with Alternative Comparison Groups in Difference-in-Difference Models (NHIS 2000-2012)

Comparison Groups U.S. born Hispanics kL)JI.aSc.kzom WA LS E?;S;gnqgo(r:?t?z%r:{s
Treatment Groups Treat 1 Treat 2 Treat 1 Treat 2 Treat 1 Treat 2
Panel 1: Fair/Poor Health
Secure Communities 0.015+ 0.014 -0.005 -0.003 0.004 0.013
(SC) (0.009) (0.012) (0.008) (0.012) (0.010) (0.013)
Task Force -0.002 0.005 0.012 0.014 0.011 0.021*
Enforcement (TF) (0.010) (0.012) (0.009) (0.011) (0.007) (0.008)
Jail Enforcement (JE) 0.012* 0.007 0.027** 0.023 0.009 0.006
(0.005) (0.010) (0.009) (0.015) (0.009) (0.014)
287(g) request -0.003 -0.006 -0.003 -0.006 0.004 -0.005
(0.008) (0.010) (0.009) (0.012) (0.009) (0.011)
N 121155 68862 124532 72239 95368 44055
Panel 2: Excellent/VVery Good Health
Secure Communities -0.017 0.008 -0.007 0.011 0.004 0.022
(SC) (0.016) (0.026) (0.018) (0.027) (0.021) (0.025)
Task Force -0.012 -0.028 -0.021 -0.030 0.006 -0.010
Enforcement (TF) (0.021) (0.028) (0.023) (0.036) (0.020) (0.028)
Jail Enforcement (JE) -0.049** -0.060** -0.072** -0.096** -0.037+ -0.061**
(0.011) (0.017) (0.014) (0.017) (0.019) (0.023)
287(g) request -0.013 0.004 -0.007 0.013 -0.021 0.000
(0.016) (0.023) (0.015) (0.021) (0.020) (0.028)
N 121155 68862 124532 72239 95368 44055
Panel 3: Mental Health Distress Scores (the higher the worse)
Secure Communities 0.185 0.352+ -0.252 -0.204 -0.006 0.125
(SC) (0.148) (0.210) (0.163) (0.210) (0.153) (0.203)
Task Force -0.066 -0.032 0.145 0.172 0.378** 0.297+
Enforcement (TF) (0.239) (0.327) (0.164) (0.238) (0.142) (0.170)
Jail Enforcement (JE) -0.118 -0.209 -0.121 -0.314 -0.030 -0.108
(0.100) (0.170) (0.257) (0.312) (0.187) (0.259)
287(g) request -0.303* -0.259 -0.118 -0.018 -0.018 0.055
(0.128) (0.228) (0.188) (0.281) (0.176) (0.245)
N 42188 25658 48463 31933 32973 16739
Panel 4: Some Mental Health Distress (Kessler 6 Scale > 6 points)
Secure Communities 0.026* 0.040* -0.003 0.005 -0.005 0.005
(SC) (0.013) (0.019) (0.015) (0.019) (0.014) (0.019)
Task Force 0.001 0.010 0.010 0.017 0.017 0.021
Enforcement (TF) (0.018) (0.026) (0.012) (0.019) (0.013) (0.017)
Jail Enforcement (JE) -0.012 -0.015 -0.017 -0.027 -0.014 -0.016
(0.010) (0.015) (0.018) (0.023) (0.015) (0.022)
287(g) request -0.026* -0.035+ -0.019 -0.026 -0.004 -0.013
(0.012) (0.020) (0.014) (0.021) (0.016) (0.022)
N 42188 25658 48463 31933 32973 16739

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. See Table 2 for sample and model specifications. Treat 1 is foreign-born Hispanic with at least one
non-citizen household member, treat 2 is foreign-born Hispanic with only non-citizen household members, and the comparison groups are U.S.
born Hispanics and U.S. born Non-Hispanic black adults. The difference-in-difference estimates reported above are coefficients from the
interactions of policy variables with the treatment status variable.
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Appendix Table C: Estimated Models for Self-Rated Health and Mental Health Distress —
Logistic Regression (NHIS 2000-2012)

First Difference Difference-in-difference
Sample Treat 1 Treat 2 Comparison Treat 1 Treat 2
Panel 1 Fair/Poor Health
Secure Communities 0.148 0.301+ 0.004 0.114 0.145
(0.091) (0.163) (0.056) (0.080) (0.142)
Task Force Enforcement | 0.099 0.336+ -0.102+ 0.043 0.155
(0.120) (0.197) (0.062) (0.115) (0.148)
Jail Enforcement 0.018 0.138 -0.048 0.063 0.026
(0.088) (0.154) (0.078) (0.064) (0.113)
287(g) request 0.142 0.213 0.070 0.004 -0.097
(0.089) (0.179) (0.058) (0.081) (0.139)
N 70346 17834 172117 243426 191105
Panel 2 Excellent/Very Good Health
Secure Communities -0.069 0.050 -0.026 -0.071 0.025
(0.097) (0.155) (0.038) (0.078) (0.122)
Task Force Enforcement | -0.217 -0.319 0.009 -0.037 -0.097
(0.153) (0.206) (0.038) (0.103) (0.168)
Jail Enforcement -0.147+ -0.325%* 0.035 -0.195* -0.297*
(0.080) (0.108) (0.051) (0.087) (0.116)
287(g) requests -0.172* -0.168 -0.060 0.037 0.143
(0.067) (0.114) (0.040) (0.061) (0.100)
N 71241 18751 172185 243426 191133
Panel 3 Mental Health Distress (Kessler 6 Scale > 6 points)
Secure Communities 0.089 0.113 0.017 0.214* 0.299*
(0.123) (0.222) (0.054) (0.094) (0.145)
Task Force Enforcement | 0.316* 0.856** 0.040 0.191+ 0.327+
(0.153) (0.300) (0.072) (0.112) (0.188)
Jail Enforcement -0.278+ -0.281 -0.095 -0.186 -0.217
(0.154) (0.206) (0.069) (0.139) (0.190)
287(g) requests 0.060 -0.022 0.031 -0.001 -0.033
(0.115) (0.183) (0.056) (0.098) (0.166)
N 23677 7085 75037 99300 82740

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. Please see Table 2 for sample and model specifications. The difference-in-
difference estimates reported above (in the shaded area) are coefficients from the interactions of policy variables with the
treatment status variable.

44



Appendix Table D: Estimated Models for Physical Health Indicators (NHIS 2000-2012)

First Difference Difference in difference
Sample Treat 1 Treat 2 Comparison Treat 1 Treat 2
Panel 1 Had a cold in past 2 weeks
Secure Communities 0.019 0.013 0.007 0.010 0.005
(0.012) (0.022) (0.007) (0.010) (0.017)
Task Force Enforcement | -0.001 0.029* 0.006 0.006 0.019
(0.011) (0.013) (0.008) (0.011) (0.014)
Jail Enforcement -0.005 0.007 -0.012 -0.002 -0.007
(0.010) (0.013) (0.009) (0.010) (0.013)
Panel 2 Had sinusitis in the past 12 months (policy variables lagged by 1 year)
Secure Communities 0.014 -0.007 -0.006 0.011 0.006
(0.009) (0.020) (0.009) (0.009) (0.013)
Task Force Enforcement | 0.004 0.017 0.007 0.011 0.016
(0.009) (0.012) (0.010) (0.011) (0.010)
Jail Enforcement 0.005 0.023 0.013+ 0.004 0.020
(0.006) (0.014) (0.008) (0.009) (0.018)
Panel 3 Had back or neck pain in the past 3 months (policy variables lagged by 1 year)
Secure Communities -0.001 -0.060 0.001 0.012 -0.032
(0.020) (0.044) (0.011) (0.013) (0.023)
Task Force Enforcement | 0.028+ 0.023 -0.014 0.050** 0.041*
(0.014) (0.021) (0.012) (0.013) (0.016)
Jail Enforcement -0.002 0.004 0.006 -0.019 -0.008
(0.015) (0.024) (0.011) (0.013) (0.019)
Panel 4 Had headache in the past 3 months (policy variables lagged by 1 year)
Secure Communities -0.011 -0.040+ 0.000 -0.002 -0.003
(0.012) (0.022) (0.010) (0.010) (0.015)
Task Force Enforcement | 0.012 0.016 -0.009 0.019 0.025
(0.012) (0.015) (0.009) (0.012) (0.016)
Jail Enforcement 0.005 0.023 0.005 -0.008 0.001
(0.009) (0.015) (0.007) (0.009) (0.014)
Panel 5 Had asthma in the past 12 months (policy variables lagged by 1 year)
Secure Communities 0.004 -0.008 -0.003 0.003 -0.003
(0.005) (0.011) (0.004) (0.005) (0.006)
Task Force Enforcement | -0.003 0.003 0.002 0.002 0.004
(0.003) (0.005) (0.004) (0.004) (0.005)
Jail Enforcement -0.001 -0.001 0.002 -0.007 -0.008+
(0.004) (0.004) (0.004) (0.005) (0.005)
N 24530 7811 76010 100540 83821

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. See notes in Table 2 for sample and model specifications. The difference-in-
difference estimates reported above (in the shaded area) are coefficients from the interactions of policy variables with the

treatment status variable.
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Appendix Table E: Estimated Difference-in-Difference Models for Self-Rated Health and
Mental Health Distress — All Covariates (NHIS 2000-2012)

Fair/Poor Health

Excellent/Very

Mental Health

Mental Health

Good Health Distress Scores (the  Distress (Kessler 6
higher the worse) Scale > 6 points)
Treatment Group Treatl  Treat2  Treatl  Treat2  Treatl  Treat2  Treatl  Treat?2
Policy Variables
Secure Communities (SC) -0.002 -0.000 -0.000 -0.003 0.008 0.029 -0.003 0.000
(0.004)  (0.003)  (0.008)  (0.007)  (0.074)  (0.077)  (0.007)  (0.007)
Task Force Enforcement -0.004  -0.005  -0.008  -0.003  0.061 0.086 0.005 0.007
(0.004)  (0.004)  (0.008)  (0.007)  (0.096)  (0.099)  (0.008)  (0.008)
Jail Enforcement -0.003  -0.002  0.011 0.007 0134  -0122  -0013  -0.013
(0.005)  (0.004)  (0.014)  (0.011)  (0.122)  (0.120)  (0.009)  (0.008)
287(g) requests 0.005 0.005 -0.018+ -0.014+ 0.077 0.071 0.005 0.004
(0.004)  (0.004)  (0.009)  (0.008)  (0.076)  (0.077)  (0.007)  (0.007)
Treat X Secure Communities (SC) 0.013+ 0.015 -0.016 0.005 0.214+ 0.334+ 0.022* 0.032+
(0.007)  (0.012) (0.017)  (0.026)  (0.128)  (0.199)  (0.011)  (0.017)
Treat X Task Force Enforcement 0.007 0.015 0010  -0.023 0327+  0.436 0.020+  0.035+
(0.008)  (0.010)  (0.022)  (0.034)  (0.174)  (0.286)  (0.012)  (0.020)
Treat X Jail Enforcement 0.010*  0.007 -0.048*  -0.070** -0.194  -0.310  -0.019  -0.022
(0.005)  (0.010)  (0.020)  (0.026)  (0.177)  (0.234)  (0.015)  (0.020)
Treat X 287(g) requests 0.002 -0.006  0.004 0.027 0.028 0.117 -0.001  -0.004
(0.007)  (0.011)  (0.014)  (0.022)  (0.126)  (0.221)  (0.011)  (0.019)
County Control Variables
Poverty rate 0.002**  0.002**  -0.004** -0.003* 0.023 0.020 0.001 0.001
(0.001)  (0.001)  (0.001)  (0.001)  (0.016)  (0.016)  (0.001)  (0.001)
Unemployment rate -0.001 -0.001 -0.001 -0.001 -0.006 -0.010 -0.001 -0.002
(0.001)  (0.001)  (0.003)  (0.002)  (0.020)  (0.021)  (0.002)  (0.002)
Dream Act -0.001 0.004 0.002 -0.010 0.189* 0.234**  0.014* 0.018**
(0.004)  (0.003)  (0.009)  (0.007)  (0.080)  (0.083)  (0.007)  (0.007)
Driver's License 0.005 0.003 -0.014 -0.008 0.207 0.107 0.026+ 0.021
(0.009)  (0.008)  (0.021)  (0.024)  (0.198)  (0.204)  (0.015)  (0.016)
Omnibus bills 0.006 0.005 0.009 0.012 0.531* 0.552* 0.038+ 0.040*
(0.014)  (0.014)  (0.020)  (0.018)  (0.232)  (0.228)  (0.020)  (0.020)
E-Verify 0.006**  0.006**  -0.011* -0.008* 0.063+ 0.038 0.004 0.003
(0.002)  (0.002)  (0.004)  (0.004)  (0.038)  (0.040)  (0.003)  (0.004)
Treat X Poverty rate -0.001* -0.001 0.002 0.001 -0.012 -0.005 -0.001 -0.001
(0.001)  (0.001)  (0.002)  (0.002)  (0.009)  (0.014)  (0.001)  (0.001)
Treat X Unemployment rate 0.001 -0.000 0.000 -0.001 0.019 0.038 0.001 0.001
(0.001)  (0.002)  (0.002)  (0.003)  (0.015)  (0.028)  (0.001)  (0.002)
Treat X Dream Act 0.016**  0.028**  -0.065** -0.080** -0.001 -0.069 0.004 0.007
(0.005)  (0.008)  (0.014)  (0.025)  (0.128)  (0.216)  (0.010)  (0.017)
Treat X Driver's License -0.007 0.001 0.035 0.044 0.384 0.146 0.031 -0.003
(0.008)  (0.021)  (0.027)  (0.045)  (0.287)  (0.423)  (0.022)  (0.036)
Treat X Omnibus bills -0.019 0.013 0.091**  0.054 -0.145 -1.289+ -0.009 -0.064
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Treat X E-Verify

Individual/Household Control
Variables

Age (Reference: 18-24)

25-29

30-34

35-39

40-44

45-49

50-54

55-60

Gender (Reference: Female)
Male

Marital Status (Reference: Not
married)

Married

Education Level (Reference: HS
Degree or GED)

Less than 9 years of education

9-12 years of education (no degree)

Some colleges

Education level unknown

Household size (Reference: 3-4
people)
1 person

2 people

5 or more people

Log Family Income

(0.017)
-0.007*
(0.003)

0.026**
(0.002)
0.041%*
(0.003)
0.055%*
(0.003)
0.075%*
(0.003)
0.097**
(0.003)
0.124**
(0.003)
0.151%*
(0.004)

-0.015%*
(0.001)

-0.036**
(0.002)

0.070%*
(0.004)
0.041%*
(0.004)
-0.031**
(0.002)
-0.004
(0.005)

-0.018**
(0.002)
-0.003+
(0.002)
0.007**
(0.002)
-0.028**

(0.031)
-0.011*
(0.005)

0.033**
(0.002)
0.052%*
(0.003)
0.065%*
(0.003)
0.082%*
(0.003)
0.100%*
(0.003)
0.122%*
(0.003)
0.148**
(0.004)

-0.013**
(0.001)

-0.038**
(0.002)

0.102**
(0.008)
0.060%*
(0.004)
-0.032%*
(0.002)
-0.009+
(0.005)

-0.022%*
(0.002)
-0.003*
(0.001)
0.006**
(0.002)
-0.030**

(0.032)
0.012
(0.009)

-0.058**
(0.005)
-0.088**
(0.005)
-0.119%*
(0.006)
-0.154%*
(0.005)
-0.196%*
(0.005)
-0.242%*
(0.005)
-0.282%*
(0.006)

0.024**
(0.002)

0.071**
(0.003)

-0.073**
(0.006)
-0.057**
(0.006)
0.101**
(0.004)
-0.017
(0.011)

0.046%*
(0.004)
0.005
(0.003)
-0.027%*
(0.005)
0.046**

(0.063)
0.026+
(0.014)

-0.069**
(0.005)
-0.105%*
(0.005)
-0.137%*
(0.005)
-0.168**
(0.005)
-0.209%*
(0.005)
-0.252%*
(0.005)
-0.292%*
(0.005)

0.019%*
(0.002)

0.082**
(0.003)

-0.093**
(0.010)
-0.081**
(0.006)
0.107**
(0.003)
-0.009
(0.012)

0.054**
(0.004)
0.004
(0.003)
-0.017%*
(0.004)
0.048**

(0.391)
-0.140%*
(0.053)

0.244%*
(0.049)
0.393**
(0.060)
0.502%*
(0.052)
0.501**
(0.053)
0.592%*
(0.058)
0.661**
(0.060)
0.486**
(0.061)

-0.591%*
(0.028)

-0.774%*
(0.041)

0.474%*
(0.096)
0.631%*
(0.063)
-0.356**
(0.035)
-0.262+
(0.146)

-0.226%*
(0.044)
-0.020
(0.028)
-0.003
(0.035)
-0.346%*

(0.697)
-0.217*
(0.086)

0.323%*
(0.055)
0.524%*
(0.057)
0.590%*
(0.058)
0.556%*
(0.060)
0.634%*
(0.059)
0.716%*
(0.060)
0.536%*
(0.062)

-0.546%*
(0.028)

-0.838**
(0.039)

0.936**
(0.133)
0.896**
(0.076)
-0.364%*
(0.039)
-0.413*
(0.181)

-0.270%*
(0.045)
-0.031
(0.030)
-0.007
(0.051)
-0.358**

(0.027)
-0.010+
(0.005)

0.021**
(0.005)
0.030%*
(0.006)
0.041**
(0.005)
0.043**
(0.005)
0.049%*
(0.005)
0.053**
(0.006)
0.038**
(0.005)

-0.042%*
(0.002)

-0.065**
(0.004)

0.034**
(0.008)
0.049%*
(0.005)
-0.037**
(0.003)
-0.025+
(0.013)

-0.024%*
(0.004)
-0.003
(0.003)
0.002
(0.004)
-0.029%*

(0.056)
-0.015*
(0.007)

0.028**
(0.005)
0.041%*
(0.005)
0.048**
(0.005)
0.048**
(0.005)
0.053**
(0.006)
0.059%*
(0.005)
0.044**
(0.005)

-0.038**
(0.002)

-0.071%*
(0.004)

0.068**
(0.011)
0.074%*
(0.006)
-0.039**
(0.004)
-0.042%*
(0.015)

-0.028**
(0.004)
-0.004
(0.003)
0.003
(0.005)
-0.030%*
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(0.001) (0.001) (0.002) (0.002) (0.021) (0.024) (0.002) (0.002)
Interview Language — Not English 0.019**  0.018**  -0.061** -0.063** 0.142+ 0.227* 0.011+ 0.017+
(0.004) (0.006) (0.009) (0.013) (0.074) (0.106) (0.007) (0.010)
Years Since Arrival (Reference: US-
born)
0-5 Years 0.021+ -0.030 -0.034 0.072* -0.204 -0.663*  -0.011 -0.026
(0.010) (0.021) (0.024) (0.035) (0.195) (0.285) (0.018) (0.025)
6-10 Years 0.022* -0.024 -0.054**  0.043 -0.106 -0.493+  -0.002 -0.011
(0.009) (0.019) (0.021) (0.033) (0.178) (0.290) (0.016) (0.025)
11-15 Years 0.017* -0.023 -0.052*  0.041 -0.254 -0.749*  -0.015 -0.027
(0.008) (0.018) (0.020) (0.031) (0.178) (0.294) (0.015) (0.026)
15+ Years 0.032**  0.006 -0.065**  0.027 -0.192 -0.975** -0.011 -0.044+
(0.008) (0.015) (0.019) (0.026) (0.155) (0.261) (0.014) (0.024)
YSI Unknown 0.010 -0.026 -0.067** 0.015 -0.313 -0.982*  -0.020 -0.035
(0.009) (0.023) (0.024) (0.042) (0.244) (0.425) (0.022) (0.037)
Cohort of Arrival (Reference: Before
1987)
1987-1991 -0.033**  -0.022+  0.020**  -0.027 -0.225**  -0.301 -0.027**  -0.048*
(0.004) (0.013) (0.007) (0.017) (0.073) (0.198) (0.008) (0.018)
1992-1996 -0.033** -0.014 0.021* -0.019 -0.331**  -0.336 -0.033**  -0.045*
(0.006) (0.016) (0.010) (0.022) (0.100) (0.212) (0.009) (0.020)
1997-2001 -0.043** -0.024 0.030* -0.002 -0.551**  -0.632** -0.053** -0.061**
(0.008) (0.018) (0.012) (0.027) (0.124) (0.217) (0.012) (0.020)
2002-2013 -0.056**  -0.034+  0.029+ -0.020 -0.659** -0.803** -0.067** -0.085**
(0.010) (0.019) (0.017) (0.031) (0.144) (0.275) (0.015) (0.024)
Cohort unknown -0.030** -0.039*  0.009 -0.010 -0.581** -0.688*  -0.045** -0.065*
(0.007) (0.019) (0.013) (0.029) (0.134) (0.337) (0.011) (0.027)
Citizenship (Reference: NonCitizen)
Citizen 0.016** -0.025** 0.302** 0.015*
(0.004) (0.006) (0.075) (0.007)
Sending regions (Reference: Non-
Mexican Central American)
South American -0.014** -0.015+ 0.016 0.035 0.268* 0.178 0.026* 0.017
(0.005) (0.008) (0.015) (0.024) (0.134) (0.240) (0.012) (0.019)
Mexican -0.027**  -0.035** 0.014 0.022 -0.429**  -0.685** -0.032** -0.049**
(0.005) (0.006) (0.013) (0.017) (0.108) (0.167) (0.008) (0.012)
Constant 0.301**  0.335** 0.315** 0.259** 5.979**  6.418** 0.463**  0.489**
(0.014) (0.015) (0.026) (0.029) (0.299) (0.310) (0.025) (0.026)
N 243426 191133 243426 191133 99300 82770 99300 82770

Note: +0.1>p>0.05, *0.05>p>0.01, **p<0.01. Each column for each outcome is based on a separate regression. The analysis is restricted to

counties with at least 20 Latino non-citizen observations across survey years. The samples of analyses are adults aged 18-60 years. Treat 1 is
foreign-born Hispanic with at least 1 non-citizen household member, treat 2 is foreign-born Hispanic with only non-citizen household members,
and the comparison group is U.S. born Non-Hispanic white adults. In addition to the coefficients reported above, all models control for county
and year fixed effects. Standard errors clustered on county of residence are in parenthesis. Shaded areas are results presented in Table 2.
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