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evidence of a "gender punishment gap": following an incident of misconduct, female advisers are 20%
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is inconsistent with a simple Bayesian model and suggests instead that managers are more forgiving
of missteps among members of their own gender/ethnic group.
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I Introduction

Labor markets compensate productive activities with higher wages and non-wage compensation such as promo-
tions and perks. Conversely, employees who engage in unproductive or even destructive activities are punished, for
example, through job loss and lack of employment opportunities in the market. The existing research on the differ-
ential treatment of men and women has generally focused on gender differences in the compensation of productive
activities. Firms pay female employees less than comparable male employees (Altonji and Blank, 1999). Firms
are also less likely to hire and promote female employees relative to male counterparts with similar credentials or
output (Goldin and Rouse, 2000). In this paper we explore whether the differential treatment of men and women
carries over to the punishment of undesirable activities as well. In other words, are labor markets more forgiv-
ing of missteps by men than women? Gender differences in punishment may be equally as important as gender
differences in hiring and compensation; roughly 60% of lawsuits alleging discrimination in the workplace concern
discriminatory firings (Siegelman 2016). This paper documents the “gender punishment gap”: gender differences in
the punishment of similar undesirable activities. We study the punishment gap in the context of financial adviser
misconduct and document that this punishment gap is not driven by gender differences in occupation (type of job,
firm, market, or financial products), productivity, misconduct, or recidivism. We then explore the mechanisms
driving the gap.

Gender differences in punishment speak to the broader idea that female employees are given less leniency for
missteps than their male counterparts. This aspect of gender differences has received little attention in academia
or in policy relative to differences in hiring and compensation. One possible reason is that a punishment gap is less
likely to draw attention than a wage gap. For instance, when we observe a financial adviser losing her job following
misconduct, the appeal that the termination was unfair or discriminatory may sound hollow. In fact, the firing
may be justified. It is only after observing that, on average, male advisers were not fired for similar transgressions
that one can detect a gender punishment gap. In such cases, gender differences may be a priori more difficult to
detect, both by the legal system and regulators, and possibly by the employers who themselves may be unaware of
their own biases (Bertrand et al., 2005).

A gender punishment gap also differs from gaps in hiring and wages in the information that the employer
has about the employee. One view is that the differential treatment between men and women in the workplace
mostly takes place before the employer has screened potential employees, at the CV evaluation stage. An extensive
literature using correspondence and audit studies has evaluated such differences (see Bertrand and Duflo, 2016),
examining differences in treatment across groups while reducing the potential employee to a bundle of characteris-
tics, which can be captured in a CV. During the hiring process and employment, the employer learns substantially
more about the employee, reducing the potential for “attention discrimination” (Bartos et al., 2016). One might
therefore imagine that discrimination disappears conditional on employment. In contrast, we observe the gender
punishment gap among employees with several years of tenure, suggesting a potentially different mechanism is at
play. Moreover, methodologically, studying these types of gender differences does not lend itself toward audit and
correspondence studies, which, by design, reduce an employee to characteristics captured in a CV.

Ours is the first study to investigate the gender punishment gap in an important setting, the financial adviser



industry. Undesirable outcomes are generally difficult to measure, especially across firms. We overcome this obstacle
by exploiting a novel panel data on all financial advisers (about 1.2 million) registered in the United States from
2005 to 2015, representing approximately 10% of total employment in the finance and insurance sector. Regulators
require that financial advisers disclose career events such as misconduct, including customer disputes, regulatory,
and criminal offenses. We also observe detailed information on the nature of misconduct{l] the monetary cost
of misconduct with settlements averaging several hundred thousand dollars; actions taken by the firm and the
regulator consequent to the misconduct; and employee movement across firms in the industryﬂ This is a highly
regulated industry with comprehensive licensing requirements, which determine adviser’s job tasks. These features
of the data allow us to account for differences across advisers in terms of job role, productivity, and misconduct,
and study gender differences in punishment at both the firm and industry level.

Researching gender differences in financial sector is also interesting per se. Finance is a large and highly com-
pensated industry, which consistently ranks among the bottom industries in terms of gender equality. Personal
financial advisers, for example, have among the largest gender earning gaps across occupations (Census, 2008).
Recent survey evidence found that nearly 88% of female financial service professionals believe that gender dis-
crimination exists within the financial services industry (Tuttle, 2013). Consequently, concerns about the lack of
diversity and discrimination in the financial industry have become an important policy issue. Our work speaks
to this issue since it suggests that harsher punishment of women, such as termination, for similar missteps, might
inherently contribute to the glass ceiling they faceEI

This paper has two goals. First, we document key differences in the punishment of similar misconduct across
male and female financial advisers at both the firm and industry level: the gender punishment gap. We show
that the gap is not driven by gender differences in occupation (type of job, firm, market, or financial products),
productivity, misconduct, or recidivism. This punishment gap is strongly correlated with the gender composition
of the managerial team. Female managers and executives help alleviate the gender punishment gap. Moreover, we
find evidence of a similar punishment gap and mitigating factors for ethnic minority men. Second, we examine
the rationale behind the gender punishment gap. We begin with a benchmark that the gap is simply a product of
firms’ Bayesian profit maximizing behavior, i.e. statistical discrimination (Phelps, 1972; Arrow, 1973). This model
has a difficult time reconciling the evidence we document. We then explore the alternative that the punishment
gap is driven by managers’ biased (incorrect) beliefs about the probability of repeat offenses about the members
of their own group. Such bias can be either taste-based (Becker, 1957) or because market participants hold
miscalibrated /incorrect beliefs about misconduct across the two groups (Bordalo et al., 2016; Arnold et al, 2017;
Sarsons 2017). This simple model is consistent with the facts we document.

We first document gender differences in the financial advisory industry. Male financial advisers make up 75%
of the financial advisory industry and are responsible for a disproportionately large amount of the misconduct

in the industry. Moreover, male advisers engage in more severe misconduct both in terms of allegations, and

LCommon misconduct allegations include activities such as unauthorized trading, churning accounts to generate excess commissions,
misrepresenting the risks associated with a financial product, and committing outright fraud

2Roughly 7% of financial advisers have a past record of misconduct and the average settlement is in excess of several hundred
thousand dollars.

3Consulting firm Oliver Wyman (2016) lists the glass ceiling it as the number one cause for concern for women in the industry.
Former FDIC chairwomen Sheila Bair (2016) writes that the glass ceiling in finance is “barely cracked” for women.



eventual monetary damages to the firm. These differences are partially a result of somewhat different allocations
to jobs and tasks—males are more likely to be managers with longer industry tenures, and hold more qualifications.
Nevertheless, they persist after comparing male and female advisers working at the same firm, in the same location,
at same point of time, and in the same job role, and even after accounting for a rich set of adviser characteristics
and productivity measuresﬂ The higher propensity of men to commit more nefarious activities has been found in
other contexts and is “universal” across violent and nonviolent criminal activity (Steffensmeier and Allen, 1996)E|

Next, we turn to our first main result. We find that, despite having a lower incidence of misconduct and engaging
in less severe misconduct, female advisers face more severe punishment in the labor market. Female advisers are
20% more likely to experience a job separation following misconduct relative to male advisers with similar offenses.
Conditional on separation, female advisers face longer unemployment spells, and are 30% less likely to find a new
position in the industry within one year, with very similar effects for longer horizons. The difference is particularly
striking because we find no gender differences in job turnover rates for advisers without misconduct. Our results
suggest that firms, and the industry as a whole, discipline female advisers more severely relative to male advisers
following misconduct. We term these differences in labor market outcomes the “gender punishment gap.”

The central concern is that the gender punishment gap is driven by is gender occupational segregation across
firms, markets, or job roles. Several pieces of evidence in the data suggest that this is not the case. First, we
compare the career outcomes of male and female advisers who are working at the same firm, in the same location,
and at the same point in time (firm X year x county fixed effect). These fixed effects allow us to control for
differences across firms and branches such as whether they deal with institutional investors, retail investors, and/or
investment banking activities. Second, because the market for financial advice is highly regulated, advisers are
legally required to hold a particular set of licenses to sell certain classes of products, and perform certain job
tasks. For example, a Series 6 License authorizes financial advisers to sell mutual funds and variable annuities.
Registered Sales Assistant License (Series 11) allows an individual to work as a sales assistant in the industry,
and Series 24 as a manager who oversees other associates. We account for 61 different professional licenses, and
include firm x year x county x license fixed effects. We effectively compare the career outcomes of male and female
advisers who are working for the same firm, in the same branch, at the same time, and in the same role. Finally,
we also measure an individual advisers’ assets under management (AUM), adviser’s productivity, and nature of
the misconduct allegations (e.g., related to mutual funds, variable annuities, bonds, options etc.). Accounting for
these dimensions also helps condition on other aspects of the job function of the adviser. After controlling for
these differences, the gender punishment gap remains virtually unchanged.

Our second main set of results finds dramatic differences in the gender punishment gap across firms. At firms
with no female representation at the executive/ownership level, the gender punishment gap is 32pp. There is no
gap in firms with an equal representation of male and female executives/owners. We find similar results when
exploiting within-firm variation in the share of female branch-level managers. Overall, our results suggest that the

gender punishment gap is related to the gender composition of executives and managers at financial advisory firms.

4In the specifications we include, Firm X year x county x license fixed effect.

5With the exception of prostitution, men are more likely to be arrested for all FBI offense categories, including violent, non-violent,
and small crimes (Steffensmeier and Allen, 1996). Steffensmeier and Allen (1996) write “Criminologists agree that the gender gap in
crime is universal: Women are always and everywhere less likely than men to commit criminal acts.”



Male executives and managers seem to be more forgiving of misconduct by men relative to women.

We extend our analysis to minority men and show that the punishment gap, and patterns of “in-group” tolerance
are not limited to gender. Males with names from traditionally discriminated minorities face a punishment gap
relative to non-minority men. The punishment gap is lower in firms with a larger share of managers from their
ethnic group. These results also suggest that the “in-group” tolerance we observe is not driven solely by gender
specific factors. In addition, we find no evidence that male minority managers decrease the gender punishment gap.
In other words, managers only alleviate the punishment gap within their gender and ethnic group. This evidence
is important because it rules out several potential alternatives, under which firms with female or minority male
executives attract a pool of individuals with selected misconduct propensities.

In the second half we examine the potential mechanisms generating the gender punishment gap. We explore
two potential mechanisms which we nest within the scope of a simple model. Under the first mechanism, firms
maximize profits and punish female advisers more severely because misconduct by female advisers is predictive of
more frequent misconduct or adviser skill. Moreover, firms have the correct beliefs about the propensity to engage
in misconduct across genders, and use Bayesian updating when forecasting misconduct. The second mechanism we
nest generates the punishment gap as a result of firm biases. The bias could be the result of either an inherent firm
prejudice against women or favoritism towards men (i.e. taste-based discrimination; Becker 1957) and/or could be
due to miscalibrated beliefs held by firms (i.e. stereotyping; Bordalo et al. 2016). We then contrast the model
predictions with the data.

We present several results, which are difficult to reconcile with a Bayesian updating by profit maximizing firms.
Under this benchmark, firms may find it optimal to discipline women more severely if women engage in more
costly misconduct or have higher rates of recidivism. The evidence we find suggests the exact opposite. Male
advisers engage in misconduct that is 20% more costly to settle for firms. We also experiment with a variety
of misconduct measures, and find robust results across those alternative measures. These results suggest that
the gender punishment gap does not arise because female advisers engage in different types, or more egregious
misconduct. Another alternative would be that female advisers are more likely to be repeat offenders conditional
on misconduct. Again, the opposite is true. Male advisers are more than twice as likely to be repeat offenders
in the future. These results suggest that, under this benchmark model, all else equal, firms should punish male
advisers more severely than female advisers. In other words, even if job separation rates following misconduct were
identical, these results would still suggest that punishment of misconduct is biased against women.

A more subtle prediction of this model concerns the joint distribution of ability and misconduct across genders
and firms’ Bayesian updating from observed misconduct across genders. The argument is as follows: female advisers
are on average less likely to engage in misconduct. Firms are therefore willing to hire less productive female than
comparable male advisers. Moreover, because female advisers have on average lower rates of misconduct, after
observing misconduct a Bayesian firm updates its beliefs about future misconduct more dramatically for female
advisers than for male advisers — and consequently punishes women more harshly. In other words, the gender
punishment gap could result from Bayesian updating of the firm. Two observations suggest this is not the case.

First, one advantage of the financial adviser setting is that the productivity of financial advisers can be broadly

encapsulated as the amount of assets they attract (i.e., assets under management, AUM). We observe AUM in



conjunction with other productivity measures for a subset of advisers. Controlling for AUM differences, as well as
other measures of productivity, has no effect on the gender punishment gap. We also control for other measures,
which may reveal expected productivity. For example, we find that the gender punishment gap persists across
different levels of experience. The gender punishment gap exists even for advisers whose abilities are well known to
the market (15+ years experience). Career interruptions, which explain a large part of the earnings gap in finance
(Bertrand et al, 2010) correlate with turnover, but not with the punishment gap. Lastly, if female advisers who
engage in misconduct have less desirable characteristics, we would expect these characteristics to also lead to higher
turnover prior to misconduct. We find no signs of elevated turnover for female advisers who engage in misconduct,
prior to their initial misconduct offense.

Second, Bayesian updating has important implications for the ethnic minority punishment gap we document.
The existence of the minority punishment gap and the fact that it diminishes in the presence of minority male
managers, suggests that it is driven by the same mechanism as the gender punishment gap. A key distinction
in the minority setting is that male minority advisers are more likely to engage in misconduct relative to male
non-minority advisers. Thus, following the Bayesian logic, the benchmark mechanism would suggest that firms
should hire more productive male minority advisers, and update less upon observing misconduct. In other words,
we should find the reverse punishment gap. The existence of male minority punishment gap suggests that updating
from low average misconduct rates is not driving the gender punishment gap.

Lastly, the model in which Bayesian firms maximize profits has a difficult time explaining why the gender
punishment gap is larger in branches with more male managers. If male and female managers update from observed
behavior following Bayes rule, then the statistical discrimination model would require a very specific type of
sorting across genders into firms. Moreover, a similar sorting would have to take place among male advisers along
dimensions of ethnic minorities. Finally, since we find that male minority managers do not alleviate the gender
punishment gap, the sorting would have to be multi-dimensional. In sum, our benchmark model in which Bayesian
firms maximize profits has a difficult time explaining a wide range of facts about the gender punishment gap.

A simple model in which managers have biased (incorrect) beliefs about the probability of repeat offenses about
the members of their own group is consistent with the facts we document. It generates a gender punishment gap,
even if misconduct is not indicative of a gender gap in ability or recidivism. It also explains why female managers
decrease the gender punishment gap; why minority male managers decrease the minority male punishment gap;
and why male minority managers do not decrease the gender punishment gap. More broadly, we find in-group
favoritism in punishment of misconduct, both at the firm at which the misconduct took place, as well as at other
firms in the labor market. These findings contribute to the extensive literature on gender differences in the labor
market. One prominent difference with the literature is that we focus on gender differences in punishments, rather
than rewards. Since the literature is extensive, we discuss the specific connection and contribution to this literature,
as well as to literature on financial advisers, misconduct and fraud in greater detail in Section [[V.E]

The rest of the paper is structured as follows. Section [[I] describes the data, describes how we measure mis-
conduct, and presents the basic facts about gender differences among financial advisers. Section [[II] documents the
gender punishment gap in the labor market for financial advisers. Section [[V] explores the economic mechanisms

underlying the gap and discusses our results in context of the prior literature. Section [V] concludes.



Il Gender and Financial Advisers

II.A Data Set

Our data set contains the universe of financial services employees registered with the Financial Industry Regulatory
Authority (FINRA) from 2005 to 2015. The data comes from FINRA’s BrokerCheck database. Additional details
describing the data set are in Egan, Matvos, and Seru (2017) (also available at http://eganmatvosseru.com/).
Throughout the paper, we refer to a financial adviser as any individual who is registered with FINRA, but are
careful to make distinctions about additional registrations or qualifications a financial adviser may hold, such as
being a registered investment adviser or a general securities principal. A broker (or stockbroker) is registered with
FINRA and the SEC and is defined in the Securities and Exchange Act 1934 as “any person engaged in the business
of effecting transactions in securities for the account of others.” An investment adviser provides financial advice
rather than transaction services. Although both are often considered “financial advisers,” brokers and investment
advisers differ in terms of their registration, duties, and legal requirements. Throughout the paper, we will use
terminology consistent with FINRA and refer to both investment advisers and brokers as “financial advisers.” This
includes all brokers and the vast majority of investment advisers. The data set also contains additional information
on the universe of currently active financial firms.

Our sample contains a monthly panel of all registered advisers from 2005 to 2015. For each of the roughly 1.2
million advisers in the data set, we observe the adviser’s registrations, licenses, employment history, and whether or
not she has any disclosures on her record. We observe each adviser’s complete employment history in the industry
which often dates back substantially further than 2005.

We observe detailed data on the adviser’s complete employment history in the financial advisory industry
including the employer, location and tenure. We also observe information on each adviser’s role and job function
within their firm. Relative to many other industries, the financial advisory industry is highly regulated. Financial
advisers are legally required to hold regulatory licenses (i.e., pass specific exams called series exams) in order to
engage in particular activities and to hold certain positions within a firm. For example, the Investment Company
Products/Variable Life Contracts Representative License (Series 6 exam), authorizes an individual to sell mutual
funds and variable annuities. The National Commodities Futures Exam (Series 3) is required to sell managed
futures funds. The licenses also provide detail on the adviser’s specific job role. An Assistant Representative
(Series 11) License allows an individual to work as an assistant, while a General Securities Representative (Series
24) License is required to work as a manger. In Appendix A2 we list the 61 different types of licenses we observe
in the data. These detailed, specific, and granular occupational licensing requirements allow us to compare female

and male advisers with the same qualifications and engaged in the same job roles within a firm.

Measuring Misconduct The regulatory data also provides details on whether an adviser has ever engaged
in misconduct and the specific details of each offense. The regulator FINRA requires that financial advisers “dis-
close customer complaints and arbitrations, regulatory actions, employment terminations, bankruptcy filings, and
criminal or judicial proceedings.” We observe the full set of such disclosures for each financial adviser in our data.

A disclosure indicates any sort of dispute, disciplinary action, or other financial matters concerning the adviser.


http://eganmatvosseru.com/

Because not all disclosures are indicative of misconduct (i.e. personal bankruptcy), we classify only the disclosures
that are indicative of fraud or wrongdoing as misconduct. Specifically, following Egan, Matvos, and Seru (2017), we
restrict our classification of disclosures indicating misconduct to include only six of the twenty-three disclosure cate-
gories reported by FINRA: Customer Dispute-Settled, Regulatory-Final, Employment Separation After Allegations,
Customer Dispute - Award/Judgment, Criminal - Final Disposition, Civil-Final. To summarize, misconduct in-
cludes customer disputes, internal investigations, and regulatory/criminal events where that were resolved against
the adviser. Roughly 7% of the financial advisers in our dataset have a past record of misconduct.

An advantage of our data set is that we observe granular data of each misconduct disclosure, including the
specific allegations, products involved, and costs. Table displays the most commonly reported allegations
reported against financial advisers broken down by gender. The allegations vary in terms of their severity and
potential opacity/ambiguity. Several of the common allegations are relatively clear-cut in terms determining guilt
such as unauthorized trading, churning, misrepresentation, and outright fraud. Unauthorized trading, for instance,
involves trading in a client’s account without their consent. This type of activity is easily verifiable because account
activity, client activity, and legal consent are tracked and well documented. Other allegations are more vague. For
example, a common allegation is that the adviser made unsuitable investments. This is not surprising. By law,
brokers are required to only sell “suitable” investments to their clients. However, the exact dimension on which a
given product might be unsuitable for a given client is less clear. In our analysis we explicitly account for these
differences in the type and extent of misconduct.

Misconduct is costly for the advisory firm. Our dataset provides details on the dollar awards/settlements advisers
are forced to pay out to clients as a result of misconduct. The median settlement is $40,000, and the mean settlement
is approximately $550,000, suggesting substantial damages to the household. We use data on the associated

awards/settlements to examine the severity of misconduct by male and female advisers.

Gender Data The BrokerCheck data set does not provide information on the gender of the financial adviser.
We use data from GenderChecker to match the gender of each adviser based on the first name of the adviser.
GenderChecker uses data from the UK Census in conjunction with other proprietary data sources to match the
first names of individuals to gender. GenderChecker takes a conservative approach to assigning genders from names.
If a name appears in the census (or one of GenderChecker’s other data sources) as both male and female even once,
the name is classified as being unisex. We assign a specific gender to 82% of the advisers in our database: 62% of
the advisers in our data set are classified as male, 20% are classified as female. The remaining 15% are classified as
unisex leaving remaining 3% as unmatched in the GenderChecker database. In our main analysis, we restrict our
data set to those advisers we classify as either male or female, dropping all unisex and unmatched observations.
Females therefore comprise approximately 25% in the matched data. As an additional robustness check, we use
name/gender data from Meridian IQ’s database on financial advisers and find similar results as with the former
classification. We report these robustness tests in the Appendix (Table . Summary statistics for the complete
data set are reported in Table |1l Central to our purposes, 15% of male advisers and 8% of female advisers in our
data set have disclosures on their records. These statistics are in line with previous work (Egan, Matvos, Seru 2017

and cites therein).



II.B Gender Composition of Advisers and Misconduct Across Genders
II.B.1 Gender Composition

The advisers in our data account for roughly 10% of employment in the Finance and Insurance sector (NAICS
52). 25% of financial advisers are female. Simple cuts of the data suggest that male financial advisers have more
experience, more extensive qualifications, and are more likely to be in managerial and supervisory positions than
their female counterparts. Figure [I] and Table [I] display some important differences between male and female
advisers. Male advisers are, on average, more experienced, with three additional years of experience relative to
female advisers. Similarly, male advisers have passed a somewhat larger number of qualification exams. Male
and female advisers also differ in the types of qualification exams they have passed. Figure [T] reports the share
of advisers who have passed any of the six most popular qualification exams taken by investment professionalsﬁ
Female advisers are more likely to have completed the Series 6 qualification exam, which allows an adviser to sell
open-end mutual funds and variable annuities, while male advisers are more likely to hold a Series 65 qualification,
which allows them to act in an investment adviser capacity. 54% of currently registered male advisers and 45% of
currently registered female advisers are also registered as investment advisers.

In addition to having more seniority, male advisers are more likely to be in managerial and supervisory positions
than their female counterparts. The Series 24 exam qualifies an individual to operate in a supervisory capacity.
Male advisers are 7pp more likely to have completed the Series 24 exam. Similarly, female advisers are under-
represented among executives/owners of the financial advisory firms. Figure [2] displays the distribution of female
owner/executives across active financial advisory firms. Female advisers represent 16% of the owners and executives
and 17% of managers, even though they account for 25% of all financial advisers. To summarize: male and female
financial advisers differ on observables, which might be related to job tasks or financial products and firms, which

employ them. It is therefore important to account for these differences when comparing advisers across genders.

II.B.2 Gender Differences in Misconduct Propensity

Approximately 7% of financial advisers have records of past misconduct (Egan, Matvos, and Seru, 2017). Here, we
examine how misconduct varies across male and female advisers. Similar to the literature on white collar crime,
and crime in general, we find that men are significantly more likely to engage in misconduct relative to women
(Daly 1989; Steffensmeier and Allen 1996; Holtfreter 2005; Steffensmeier et al. 2013). Table [Ip, columns (3)
and (4) display the share of advisers with at least one record of past misconduct at a given point in time. The
results indicate that 9% of male and 3% of female financial advisers have at least one misconduct on their record[7]
Columns (1) and (2) of Table[Ip show that the probability that an adviser engages in new misconduct during a year
is 0.72% for males and 0.29% for females. The incidence of misconduct among male advisers is more than twice
the rate among female advisers. Conditional on receiving a misconduct disclosure, the distribution of the types

of misconduct are comparable across male and female advisers, but there are some subtle differences. Customer

6Details of each qualification exam are available in the Appendix A2 and from FINRA online:
http://www.finra.org/industry /qualification-exams?bc=1

"Because many financial advisers have multiple disclosures pertaining to misconduct, the subcategories of disclosure that we classify
as misconduct in Table add up to more than 9% and 3%.



initiated misconduct, i.e., customer disputes, accounts for roughly half of all misconduct (57% for men and 48%
for women). Regulatory and criminal offenses account for 20% and 17% of misconduct disclosures received by men
and women. Lastly, firm initiated misconduct, accounts for 28% of misconduct disclosures received by men and
41% received by Womenﬂ

Beyond the type of disclosure, we also observe details on the nature of the misconduct. Tables[Ik and [Id display
the most commonly reported types of allegations and financial products in the misconduct disclosures. In general,
the distribution of the type of complaints received by male and female advisers is comparable, although there is
more variation in the complaints received by female advisers. These simple summary statistics suggest that male
and female advisers engage in similar types of misconduct even though the incidence of misconduct is higher among
male advisers.

One potential explanation for the differences in misconduct among the two genders is that the job functions of
male advisers are, on average, different from those of female advisers. For example, men may be more likely to work
in a client-facing role, where they give explicit investment and financial planning advice to consumers. Conversely,
women may be more likely to work in non-client facing positions, such as compliance or risk management. Customer
disputes account for about one-half of all misconduct (Table 1b), so occupational segregation along these lines could
well explain differences in misconduct across genders. To account for these concerns, we examine gender differences

in misconduct more systematically using the following linear probability model:
Misconduct;qjie = aFemale; + Xt + gjir + €igjit- (1)

Observations are at the adviser-by-year level; ¢ indexes an adviser with qualifications/occupational licenses ¢ who
worked for firm 7, at time ¢, and in county /. The dependent variable Misconduct;qji; is a dummy variable indicating
that adviser 7 received a misconduct disclosure at time ¢t. The independent variable of interest is the dummy variable
Female;, which indicates the gender of the adviser. Our full specification includes firm x year x county X license
fixed effects puq ;. In other words, we include a fixed effect for each set of possible licenses an adviser potentially
holds within a firm, location, and time. These sets of controls allow us to compare male and female advisers who
work for the same firm, in the same branch, at the same time, and in the same job role. The fixed effects also
account for aggregate shocks such as the financial crisis, variation in regulatory conditions (subsuming any state-
or county-level regulatory variation), and any differences in firm business models or types of clients serviced across
locations. We also account for other adviser level observables such as their experience in the industry in the vector
Xt

Table [2a] displays the results. In each specification, we estimate a negative and statistically significant rela-
tionship between the adviser’s gender and the probability that the adviser engages in misconduct at time ¢. The
estimates in column (3) indicate that the probability a female adviser engages in misconduct in a given year is

0.32pp lower than that of a male adviser. Therefore, relative to male advisers (0.72pp from Table 1b), female

8Firms must report whether or not adviser experienced an “Employment Separation after Allegations.” For these cases where the
firms report an “Employment Separation after Allegations,” firms report whether or not the adviser was fired /discharged, permitted to
resign, or if it was a voluntary separation. Among male advisers with this type of disclosure, 75% were discharged, 13% were permitted
to resign, and 11% left voluntarily. Among female advisers with this type of disclosure, 83% were discharged, 7% were permitted to
resign, and 9% left voluntarily.



advisers within the same firm at the same time in the same county (column 3) are roughly half as likely to engage
in misconduct. Most importantly, in the most stringent specification with the full set of fixed effects (column
4), we find that women are 27bps less likely to engage in misconduct. Overall, these results suggest that gender
differences in misconduct can be partially, but not fully explained by occupational segregation across genders in

terms an adviser’s job role and financial products, firm and market differences.

II.B.3 Gender Differences in Misconduct Severity

Female advisers engage in less misconduct than male advisers. However, it is possible that conditional on miscon-
duct, female advisers engage in more costly misconduct. We examine the settlements and awards firms paid to
investors as a result of misconduct. Figure [3|displays the distribution of settlements paid out as a result of miscon-
duct among male and female advisers. The distribution of settlements from male adviser misconduct stochastically
dominates the distribution of settlements resulting from female adviser misconduct. The median settlement is $40k
for male advisers and $31k for female advisers. Furthermore, the average settlement of male advisers is more than
double that of female advisers ($832k versus $320k).

We examine the differences in the settlements paid out on behalf of male and female advisers using the following

regression specification:
In(Settlement);jiy = aFemale; + BXi + pj + 1 + e + €411 (2)

The sample is restricted to instances of misconduct in which settlements were paid to the customer. The dependent
variable is In(Settlement);;;;, which measures the settlements paid out on behalf of advisers following an incident
of misconduct. The key independent variable of interest is the dummy variable Female;. We control for adviser
characteristics in X;; and firm (original firm at time t), year, and county fixed effects p;, ¢;, 1+. The results in
Table [2c| confirm that misconduct committed by male advisers is more costly than misconduct committed by female
advisers. On average, settlements associated with female adviser misconduct are 11 — 20% lower than settlements
associated with male adviser misconduct. Thus, male advisers engage in more misconduct, and, conditional on

engaging in misconduct, misconduct by male advisers is costlier for the firm.

IIT Labor Market Consequences of Misconduct: “The Gender Punish-
ment Gap”

Egan, Matvos, and Seru (2017) show that the financial industry punishes misconduct, both through employment
separations at the firm level and through worse employment opportunities at the industry level. Here we document
gender differences in the labor market consequences of misconduct — the gender punishment gap — at the firm and
industry level. We also establish that this gender punishment gap is not driven by gender differences in job role or

in types of firms, markets, or financial products handled by the adviser.
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IIT.A Gender Differences in Job Separation Following Misconduct

We first document that, relative to male advisers, female advisers face worse job separation prospects following
misconduct. We start with a simple cut of the data in Table Bal Both male and female advisers are likely
to experience job separations following misconduct, but female advisers face harsher consequences. While 46% of
male advisers experience job separations following misconduct, 55% of female advisers do so. In other words, female
advisers are 20% more likely to lose their jobs following misconduct than male advisers. For ease of terminology, we
call gender differences in job separation rates the “gender punishment gap.” The gap does not arise because female
advisers, on average, face larger job turnover. Turnover rates among male and female advisers are remarkably
similar. On average, 19% of male and 19% of female advisers leave their firm in a given year. Figure {4| plots
the average job turnover rates for male and female financial advisers over the past ten years. The turnover rates
among male and female advisers are nearly identical over the period 2005-2015, with a correlation of 0.98. However,
following misconduct, female advisers are substantially more likely to lose their jobs.

The nearly identical turnover rates among male and female advisers without misconduct suggests that the
gender punishment gap is not driven by the sorting of male and female advisers across different firms or locations.
Nevertheless, it may be possible that female advisers are matched with firms that punish misconduct more severely
or provide services in markets in which consumers or regulators are particularly sensitive to misconduct. To evaluate
this alternative, we compare female and male advisers working at the same firm, at the same location, and at the
same point in time, with the same qualifications, experience, and other observable characteristics, by estimating

the following linear probability model:

Separation;qjii+1 = frFemale; + BaMisc.igjir + BsMisc.iqjie X Female; + BaXir + pgjit + €igjit- (3)

Observations are at the adviser-by-year level; ¢ indexes an adviser with qualifications/occupational licenses ¢ who
worked for firm j at time ¢ in county . The dependent variable Separation;qjii+1 is a dummy variable indicating
that the adviser is not employed at firm j in year ¢ 4 1. The independent variable Misconduct;q;i:, is a dummy
variable indicating that the adviser received a misconduct disclosure in year ¢t. The independent variable of in-
terest is Misconduct;qjie X Female;, which measures the gender punishment gap. We control for other advisers’
characteristics such as experience in X;;. These capture the type of advising the adviser engages in. As before,
our full specification includes firm X year x county x license fixed effects pi4;1¢, i-e. a fixed effect for each set of
possible qualifications an adviser potentially holds within a firm, location, and time. These sets of controls allow
us to compare male and female advisers who work for the same firm, in the same branch, at the same time, and
in the same job role. Thus the effects we identify are not driven by firms’ product characteristics or its attitudes
towards misconduct or different turnover rates, demographics differences, local labor market conditions, types of
clients serviced across locations, or differences in job roles.

We present the estimates in Table In each specification we estimate a positive and statistically significant
relationship between misconduct in year ¢ and job separation in year t+1. The coefficient on misconduct measures
the probability that a male adviser experiences a job separation following misconduct. In the most stringent

specification with full set of fixed effects, male advisers are 26pp more likely to experience an employment separation
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following misconduct relative to male advisers without recent misconduct (column 4). More importantly, we find
evidence of a gender punishment gap. In each specification, we estimate a positive and statistically significant
coefficient on Misconduct;qjix X Female; between 8pp and 10pp. The estimated gender punishment gap changes
little as we include the firm x year x county fixed effects 1, or firm x year x county X license fixed effects pg;i.
In other words, the estimates in column (1) indicate that, following misconduct, male advisers have a 28pp higher
chance of a job separation, while female advisers have a 28pp+8pp=36pp higher chance of a job separation. Relative
to male advisers, female advisers are 20% more likely to lose their jobs following a misconduct disclosure. These
results suggest that firms are more tolerant of misconduct among male advisersEI In addition to the alternatives
ruled out in this section, we additionally show that this result is robust to different measures of misconduct as well

as possible omitted adviser characteristics, including productivity that we measure quite precisely, in Section [[V.B]

ITI.B Gender Differences in Reemployment Following Misconduct

In this section we document that the punishment gap extends to firms’ hiring decisions. In addition to being
more tolerant towards misconduct by their own male employees, firms are more tolerant of misconduct by males
committed at other firms. The is a distinction between the hiring and separation punishment gap. One reason why
the punishment gap may arise is because of differences in favoritism towards current employees, because they know
them from daily interactions. This is not the case with advisers from other firms. Therefore, the existence of the
punishment gap at reemployment suggests that favoritism towards existing employees is unlikely the sole driver of
the phenomenon.

Simple cuts of the data displayed in Table [3a]indicate that women face worse reemployment prospects following
misconduct. Almost one half (47%) of male advisers who lose their jobs following misconduct find new jobs in the
industry within a year. Only one third (33%) of female advisers are reemployed in the same period. This difference
in reemployment partially arises because female advisers are less likely to be reemployed, even if job separations are
not preceded by misconduct. To account for this difference, we compute the decrease in reemployment probabilities
due to misconduct across genders. For female advisers, the reemployment rate declines from 48% to 33% following
misconduct, or 15pp. For male advisers, the decline is substantially smaller, from 54% to 47%, or 7pp. Taking a
difference in differences approach, the turnover rates in Table [3a] indicate female advisers are 8pp less likely to find
new employment following misconduct relative to male advisers (—8% = (33 — 48%) — (47% — 54%)).

To ensure that the gender differences in reemployment following misconduct are not confounded by differences
in regulation and demographics across markets, in previous employment, or in activities advisers engaged in, we

estimate the following linear probability model:
New_ Employment;gjiz41 = 1 Female; + foMisc.igjie + BsMisc.igjie X Female; + BaXit + pgjit + Cigjie-  (4)

We restrict the sample to financial advisers who were separated from their jobs in the previous year. New_ Employment;q;is+1

is equal to one if the adviser ¢ with qualifications/occupational licenses ¢ who had been employed at firm j in lo-

9As an extension, in Tablein the Appendix, we show that female advisers are also less likely to be promoted following misconduct.
The economic magnitudes in the table suggest that a female adviser with a past record of misconduct is 25bps (40%) less likely to be
promoted in a given year relative to a male adviser with a past record of misconduct (column 1).

12



cation [ has found new employment in the industry between time ¢ and ¢ + 1. The independent variable of interest
is Misconduct;qj1: X Female;, which measures the differential reemployment prospects of male and female advisers
following misconduct. As before, our full specification includes firm (original firm at time ¢) x year X county
x license fixed effects pg;i¢, i.e. a fixed effect for each set of possible qualifications an adviser potentially holds
within a firm (original firm at time ¢) , location, and time. In effect, we compare the outcomes of male and female
financial advisers who had been previously employed at the same firm, at the same time, in the same county, who
are licensed to engage in same activities, and examine how their reemployment depends on whether they engaged
in misconduct.

The corresponding results are reported in Table We estimate a negative and significant relationship between
misconduct and new employment. The negative coefficient on the interaction term Misconduct;q;;x x Female;
indicates that female advisers face more severe punishment at the industry level; they are 3.5 — 7pp less likely
to find a new job than a male financial adviser who engaged in misconduct. Given that male advisers who are
disciplined at time ¢ are 7.5 — 12pp less likely to find a new job in the next year, this magnitude is substantial.
Relative to male advisers’, the decline in reemployment opportunities following misconduct is 30% larger for female
advisers.

Another way to measure differences in reemployment prospects across genders is through the time duration
they spend out of the industry. In the Appendix, we estimate a Cox proportional hazards model. As results in
Table [A4] reveal, a female adviser’s chances of finding reemployment are 8pp smaller than that of comparable male
advisers following misconduct (26pp-16pp). The results from this section suggest that firms are more tolerant of

misconduct by male financial advisers in their hiring decisions.

III.C Gender Punishment Gap Across and Within Firms

We now delve deeper into the source of the gender punishment gap by examining its relationship with the gender
composition of decision makers in firms. Recent survey evidence suggests that a large majority of women in
the financial sector believe that gender discrimination persists within their firms[f] If the source of the gender
punishment gap is indeed the firm, then it is plausible that there is heterogeneity in how firms treat male and
female advisers following misconduct. We first document that such firm differences exist. Then we illustrate that
the differences between firms, such as the gender composition of management, can explain differences in the gender
punishment gap across firms, and across branches within firms.

We first compute differences in the gender punishment gap across firms using the following specification:
Separationi+1 = Bjo + Bj1Female; + BjaMisc.y + BjsMisc.y x Female; + B4 Xt + €5t (5)

The firm-specific coefficients of interest 3;3 measure the difference between the probability a female adviser experi-
ences an employment separation following misconduct relative to male advisers in a given firm. Note that we also

allow the turnover rates for male advisers, female advisers, and advisers with misconduct to vary across firms by

10Nearly 88% of female financial service professionals in a recent survey said that they believe that gender discrimination exists
within the financial services industry, 46% believe gender discrimination exists in their firm, and 31% said they have personally been
discriminated against based on gender (Tuttle, 2013).
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including firm specific coefficients 3,1, 5;2, and B;s. Figuredisplays the dispersion in the gender punishment gap
(Bj3) across firms, and Figure the firms with the highest gap. |E| To improve statistical power, we restrict our
analysis to firms in which at least twenty female advisers receive misconduct disclosures. The estimated distribu-
tion of firm coefficients (f3) are jointly significantly different from each other, confirming differences in the gender
punishment gap across firms. In terms of magnitudes, for example, the gender gap at Wells Fargo Advisers{E is 18pp
higher than the average gapE Overall, the results suggest that the gender punishment gap varies substantially

across firms.

III.C.1 Female Managers Alleviate the Gender Punishment Gap at Job Separation

If the gender punishment gap arises because of employer bias, it is probably driven by the bias of the decision
makers in the firm. One proposal to limit discrimination in firms is to increase the share of women in positions
of power. The idea is that decision makers in organizations can directly affect policies leading to discrimination.
The members from the discriminated group, i.e., women, are more likely to recognize discrimination and less likely
to support discriminatory practices. Figure [2a]illustrates the substantial differences in gender composition of firm
executives in our sample as of 2015. We first show that the differences in the gender composition of executive
teams across firms can explain across-firm differences in the gender punishment gap. We then look within firms
and illustrate that the gender composition of branch managers can also explain differences in the punishment gap
across branches, within the same firm.

We start by examining whether the gender punishment gap is smaller in firms with more female executives

using the following linear probability model:

Separationigjir1 = PiMisc.igji + BaFemale; + B3 Pct Female Execy + ByMisc.iqjie X Female;
+BsMisc.iqjie X Pct Female Exec; + BsFemale; x Pct Female Exec;
+B7Misc.igjie X Female; x Pct Female Exec;

+Bs Xt + pgjit + Eigjit- (6)

Observations are at the adviser-by-year level; ¢ indexes an adviser with qualifications/occupational licenses ¢ who
worked for firm j at time ¢ in county . The dependent variable Separation;qjii+1 is a dummy variable indicating
that the adviser is not employed at firm j in year ¢4 1. The variable Pct Female Exec; measures the percentage of
females in executive management as of 2015; the level effect (83) is absorbed by the fixed effect p,;;,. The indepen-
dent variable of interest is Misconduct;qjiz X Female; x Pct Female Exec;, which measures how the differences in

punishment across genders depends on the share of female executives. As before, our most stringent specification

1 The distribution of gender differences (Bj3) reported in Figureincludes measurement error. To account for measurement error,
we construct an empirical Bayes estimate of firm gender differences by shrinking @\3 . Under the assumption that the variance of
the estimation error is homoskedastic (Cassella, 1992) the estimated scaling factor suggests that underlying differences across firms
accounts for 78% of the variation in the distribution of the OLS estimated coefficients EE

I2Firms are defined by the corresponding CRD identification number. Firms with distinct CRD numbers can share a same parent
company. For instance, Wells Fargo, operates several financial services businesses under separate numbers. In particular, Wells Fargo
has several operations such as Wells Fargo Advisors Financial Network (CRD# 11025), Wells Fargo Advisors (CRD# 19616), and Wells
Fargo Securities (CRD# 126292).

13The results Table find a gender gap of 9pp, which is 27pp at Wells Fargo Advisers.
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accounts for differences in firms’ attitudes towards misconduct or turnover rates, demographics differences, local
labor market conditions as well as activities advisers engage in by including firm x year x county x license fixed
effects f1451:. We also control for advisers’ characteristics such as experience in Xj;.

Table Ma] displays the corresponding estimates. Firms with a greater share of female executives exhibit a smaller
gender punishment gap. In firms in which females comprise one-third of the executive team, there is almost no
differential punishment for misconduct between gendersE In firms without any female executives, on the other
hand, female advisers are 17pp more likely to experience employment separations relative to their male counterparts
following misconduct (Table column 3).

We next exploit within-firm variation, by focusing on female representation in branch-level management. Female
executives at the branch level may also be able to attenuate the gender punishment gap. We examine the effects
of female representation in management at the branch level by constructing the variable Pct Female Mgmt;,
which measures the percentage of managers that are female at the firm x county x year leveIEWe also examine
the effects of female representation at the branch level more generally by constructing the variable Pct Femalej,
which reflects the percentage of advisers (weighted by experience) that are female at the firm X county X year level.
Figures and display the variation in the variables Pct Female M gmt;;; and Pct Femalej;;. We re-estimate
specification eq. @, and separately include and interact the branch-level characteristics Pct Female M gmt;;; and
Pct Femalej.

Tablesanddisplay the estimation results corresponding to eq. @ The results indicate that female advisers
are more likely to experience employment separations after receiving misconduct disclosures relative to male advisers
at branches with more male management. At branches with no female representation at the management level,
female advisers are 10-13pp more likely to experience an employment separation following misconduct relative to
their male counterparts. In addition, female advisers also experience less differential treatment following misconduct
at branches with more female advisers. The results displayed in column (2) of Table [4c| indicate that female and
male advisers experience similar outcomes following misconduct when male and female advisers are roughly equally

represented at the firm branchE

III.C.2 Female Advisers Alleviate the Punishment Gap at Reemployment

Female managers reduce the gender punishment gap for misconduct committed at their own firm. A part of the
reason could be personal attachment or favoritism to those specific financial advisers. We now illustrate that
female managers are also more tolerant of misconduct by female advisers from other firms. Recall that, on average,
misconduct differentially decreases female advisers’ chances of reemployment relative to male counterparts’. To

assess how the reemployment prospects change based on share of women in positions of power in hiring firms, we

14The results in column (2) of Table indicate that estimated coefficient on the interaction term Misconduct x Female X
Pct_Female FEwxec is -41.4 and estimated coefficient on the term Misconduct x Female is 14.0. There is no differential in job
separation probabilities for male and female advisers following misconduct if Pct_ Female_Exec = ﬁ = 0.34.

15We classify those advisers holding a Series 24 License as managers. A Series 24 License is required to act in a supervisory role in
financial advisory firm.

16The coefficient on the interaction term Misconduct x Female x Pct Female is -16.3 and estimated coefficient on the term
Misconduct x Pct Female is 10.3 (column (2), Table [4d). Thus, there is no differential in job separation probabilities for male

and female advisers following misconduct if Pct Female = % = 0.63.
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estimate the following specification:
Female Hires Disciplinedji1 = pi1Female Mgmtj, + B2 X + BzsFemale Hiresjii1 + pus + e + €56 (7)

Observations are at the firm x year level. The dependent variable reflects the share of new employees that were
hired by firm j at time ¢+1 that are female and have a past record of misconduct. The independent variable
of interest is again the percentage of executives/owners in the firm that are female. We also control for firm
characteristics such as the formation type, size, business, etc., and include state and year fixed effects, as well as
the share of female advisers hired by the firm

The estimation results are reported in Table [@d. Firms with a greater percentage of female executives hire a
larger share of female advisers at time t+1 who were disciplined for misconduct at time ¢. The estimate in column
(3) indicates that a 10pp increase in the percentage of female executives is associated with a 9.3bp increase in the
share of new employees that are both female and have a record of misconduct. To put these numbers in perspective,
moving from the 50th to the 75th percentile in terms of female executives (28%) is correlated with an 50% higher
share of new employees that are female and have a record of misconduct. These results suggest that firms with
a greater percentage of male executives are less willing to hire female advisers with past offenses. Moreover, it
illustrates that the tolerance of female managers extends to female advisers who engaged in misconduct at other

firms, and is not limited to their existing employees.

ITI.D 1Is Punishment Gap Gender Specific? Punishment Gap for Minority Men

In this section we show that the punishment gap extends to minority men, who have also have traditionally faced
discrimination in the labor market. Several theories explaining gender differences in labor outcomes are gender
specific. For example, genders exhibit differences in the value of home production, and risk aversion, which can
explain several important phenomena that might look like discrimination across gender (Bertrand et al. 2010)@
Gender identity norms (Bertrand and Kamenica, 2015) could also drive this behavior. The results of this section
reveal that the punishment gap extends beyond gender. Consequently, it is unlikely that the mechanism behind it
is gender specific. Instead, the results in the section are more consistent with a pattern of “in-group” tolerance or
favoritism towards the members of one’s own group.

We examine the labor market consequences following misconduct for male advisers of African or Hispanic ethic
origin. To ensure that our results are not driven by gender differences, we limit our sample to men. We determine
the ethnicity of each adviser using the name-ethnicity classifier developed in Ambekar et al. (2009) and used in
the literature (Dimmock et al. 2015; Pool et al 2014)@ We are able to classify the ethnicity of 99% of the male
advisers in our sample. Roughly 4% of male advisers are classified as having Hispanic ethnic origins and 2% are
classified as having African ethnic origins.

We measure the punishment gap of minority men by reestimating eq. but replacing female advisers with

minority men. We include additional controls for the adviser’s ethnicity (African or Hispanic) and the interaction

17See Croson and Gneezy (2009) for a review on the literature documenting differences in risk tolerance among males and females.
Croson and Gneezy find robust differences in risk preference among men and women, with women being more risk averse than men.
18The name-ethnicity classifier developed by Ambekar et al. (2009) is available online at http://www.textmap.org/ethnicity.
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of misconduct and the adviser’s ethnicity. We report the corresponding estimates in the columns (1)-(4) of Table
In each specification, the estimated coefficients on the interaction terms Misconduct x African Origins
and Misconduct x Hispanic Origins are positive and significant, suggesting African origin and Hispanic advisers
are more likely to experience job separations following misconduct. In other words, minority men experience a
punishment gap similar to female advisers. We find similar results for reemployment following misconduct (Table
columuns 5-8). These results suggest that Hispanic advisers face relatively worse employment prospects following
misconduct relative to non-African and non-Hispanic advisers. We do not find any evidence suggesting that African
advisers face worse reemployment prospects following misconduct relative to non-African origin and -Hispanic
advisers. Overall, the results suggest that following misconduct, African advisers face more severe punishment at
the firm level but not at the industry level while Hispanic advisers face more severe punishment at both the firm
and industry level.

The existence of a punishment gap for minority men suggests a similar mechanism generates the gender and
minority (male) punishment gap. There is one difference between the groups, which speaks to the potential
mechanism. Female and minority male advisers differ in the average rate of misconduct. Female advisers engage in
substantially less misconduct than their male counterparts. African and Hispanic advisers, on the other hand, are
9bp more likely to receive misconduct disclosures in a given year relative to other male advisers (Table . One
potential reason why female advisers could be treated more harshly following misconduct is precisely because of
their low average rates of misconduct: firms would either trade-off lower average misconduct for lower productivity,
or update more severely about specific female misconduct propensities after observing misconduct. If such a
mechanism were at play for minority men, it would suggest milder punishment, because their average rates of
misconduct are higher than non-minority men. In other words, the existence of male minority punishment gap
suggests that updating from low average misconduct rates is not driving the gender punishment gap. We discuss

this mechanism in more detail in Section [[V]

ITI.D.1 Minority Male Managers Alleviate the Minority Punishment Gap

We find that firms with a larger share of female managers have a smaller gender punishment gap. Here, we
document that minority male managers mitigate the minority punishment gap among male advisers.

Specifically, we re-estimate the analog of eq. @ where we separately control for the branch level com-
position of manager ethnicity (Pct African Mgmt and Pct Hispanic Mgmt). The variable Pct African Mgmt
(Pct Hispanic_ M gmt) measures the percentage of managers that are African (Hispanic) origin at the firm in a
county in a given year. In each specification, we estimate a negative and significant coefficient on the minority triple
interaction terms. The results in column (1) of Table suggest that minority advisers working at a branch with no
African origin branch managers are 10pp more likely to experience employment separations following misconduct.
However, the estimates also imply that there would be no punishment gap in branches where 50% (=10.2/20.3) of
the branch managers are of the same minority as the adviser (Table column 1). Overall, our results are most
consistent with in-group tolerance of executives of financial advisory firms. Male executives seem to be more forgiv-
ing of misconduct by men rather than by women, and minority (male) managers are more forgiving of misconduct

from (male) members in their own minority group.
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III.D.2 Minority Male Managers do not Alleviate the Gender Punishment Gap

Given that female managers alleviate the gender punishment gap and ethnic minority male managers alleviate
the minority punishment gap, we now ask whether managers from disadvantaged groups lower the punishment
gap in general. This test allows us to distinguish between two alternative reasons for why minority managers —
gender or ethnic — matter. One alternative is that minority managers better understand that there is a punishment
gap and seek to avoid it. If so, we would expect minority male managers to reduce the gender punishment gap.
Alternatively, the mechanism may be related to more specific group membership. For example, managers of a group
only understand that the stereotypes about their own group are incorrect but share stereotypes about other groups,
or because of simple in-group favoritism. Under this alternative, we would find that minority male managers do not
alleviate gender gap. More formally, we examine how the gender punishment gap varies with the ethnic composition

of branch management using the following specification:

Separationijiy1 = Pr1Misc.jie + BoFemale; + B3 Pct African Mgmtjy + BaMisc.yy X Female;
+BsMisc.ijie X Pct African M gmtj, + BsFemale; x Pct African Mgmt; i,
+B7Misc.ijie X Female; x Pct African Mgmt;;,

+Bs Xit + pjie + €ajut- (8)

The estimates in Table [6c| indicate that female advisers with recent misconduct are 8-10pp more likely to expe-
rience employment separations relative to male advisers with recent misconduct. The estimates suggest that the
gender punishment gap does not vary with the ethnic composition of the firm’s branch management. The esti-
mated coefficient on the triple interaction term Misc.;;;: X Female; x Pct African M gmtj;, is insignificant in each
specification, and is positive and small when we include the fixed effects. We find similar inferences when we use
Pct Hispanic M gmt instead of Pct A frican M gmt (Table |§|d) Thus, minority male managers do not alleviate the
gender punishment gap. These results suggest that while managers in power can potentially alleviate punishment
gap among any group, they do so only within their gender or ethnic group. Group membership seems to play an

important role in understanding the punishment gap of advisers across different genders and ethnicities.

IV  What explains the Punishment Gap?

We find a punishment gap for female and minority male advisers. This gap is smaller in firms with a larger share
of managers from the specific minority group. We now model two alternative explanations of why this gap exists
to more formally map their predictions into our empirical results. Broadly, the benchmark is that the punishment
gap is an outcome of firms’ using Bayesian updating following misconduct and making profit maximizing decisions:
firms punish female advisers more severely because misconduct by female advisers is predictive of worse outcomes or
more frequent misconduct. In other words, the punishment gap is a function of statistical discrimination (Phelps,
1972; Arrow, 1973). The other alternative we explore is that the punishment gap is due to biases of market

participants. Managers either systematically over-estimate the rate of recidivism among female advisers due to
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miscalibrated beliefs (i.e. stereotyping; Bordalo et al. 2016) or due to inherent prejudice against female managers

(Becker 1957).

IV.A Framework

We consider a simple model of a financial advisory firm’s hiring and firing decisions to help understand the features
of the data. Advisers, indexed by ¢, differ along three dimensions: gender, productivity n, and propensity to
engage in misconduct v. Managers, who differ in gender, wish to employ advisers who are productive but have
low propensities to engage in misconduct. Whether or not a manager hires an adviser ¢ depends on expectations
about the net productivity of the adviser h; = n; — v;. For convenience, we also assume that adviser productivity
7; is perfectly observable by managers but misconduct propensity v; is not. Managers only observe the gender of
an individual and know the distributions vp ~ Fr(-) and vy ~ Fy(+). Each period, t = 1,2, ..., the firm observes
whether or not the adviser received a misconduct disclosure d;; in period ¢, and then elects to fire or retain the
adviser.

We next consider a manager’s decision to fire an adviser following his/her first misconduct disclosure. We model
a misconduct disclosure as a noisy signal about an adviser’s true propensity to engage in misconduct. At the end

of the each period, a firm observes a noisy signal d;;:
dit = Vi + €it,

where v; reflects an adviser’s misconduct propensity and ¢;; is some idiosyncratic misconduct shock. Managers only
observe disclosure signals d;; if misconduct was sufficiently large and is detected, such that d;; > D*. Managers
use this information to update their beliefs regarding an adviser’s propensity to engage in misconduct, which we
denote g, 4, (d:-t, n;), where d;t is a vector of the adviser’s disclosure history and g, indicates gender of the manager
(M or F), and g, the gender of the adviser (M or F). A manager’s beliefs over an adviser’s propensity to engage
in misconduct could be unbiased (derived using Bayesian updating and consistent with the actual distribution of
misconduct and ability) such that 7,4, (di¢, 7;) = E[v|dit, ga i, ni], or systematically biased such that the bias could
vary across genders of managers or advisers.

Consider an adviser who received a misconduct disclosure at time ¢. A manager elects to fire the employee if

the firm believes his/her net productivity is below some threshold S, 4. where g, and g,, indicates the manager’s

and adviser’s gender. An adviser with disclosure history dy and productivity 7 is fired if:

-

ngga > i — lN/gmga (dita 771) (9)

where S, 4. is the threshold which potentially varies across gender of the adviser and manager, n; is the adviser’s
productivity and 7y, 4, is the updated belief of manager of gender g,, about the propensity of adviser of gender g,

to engage in misconduct.
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IV.B Alternative 1: Bayesian Updating and Profit Maximization

We first consider the case in managers hold male and female advisers are held to the same standard (Sq,, p = Sg,.F =
S*), and managers’ have unbiased beliefs about future misconduct across genders 7, g, (diz, ;) = Blv|dy, Gais 1))
This implies that male and female managers hold the same beliefs about misconduct for a given adviser with
observable characteristics J;t, Ja,; and n;. In other words, since managers are fully Bayesian and have the same
information set, male and female managers update about misconduct in the same way. The firm firing condition

can be rewritten more simply as

S*>mn; — E[V\Cﬁt,ga,i»m]

We next discuss the implications of this alternative for misconduct propensity, productivity and manager’s

gender co